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ABSTRACT

Cryptocurrency adoption has expanded rapidly across the globe; however,
the behavioral mechanisms driving crypto trading in emerging markets remain
underexplored, particularly in environments marked by regulatory ambiguity and
accelerated digital transformation. Vietnam exemplifies such a context, where
retail participation in cryptocurrency trading continues to grow despite the
absence of a clearly defined legal framework. This paradox raises an important
question: how do individuals form trading intentions when institutional
safeguards are weak or evolving?

To address this question, this study develops and empirically tests an
integrated behavioral framework that combines the Technology Acceptance
Model (TAM), the Theory of Planned Behavior (TPB), Social Cognitive Theory
(SCT), Digital Trust Theory (DTT), and institutional perspectives to explain
Cryptocurrency Trading Intention (CI). Using survey data collected from 397
respondents, including students in finance, economics, cybersecurity, and
blockchain-related programs, as well as active individual traders, the model is
analyzed using Partial Least Squares Structural Equation Modeling (PLS-SEM).

The results demonstrate moderate to substantial explanatory power, with
R? values of 0.573 for Attitude (AT), 0.528 for Crypto Trust (CT), 0.713 for
Behavioral Control (BC), and 0.658 for Crypto Trading Intention (CI). Predictive
relevance (Q?) assessments further indicate strong out-of-sample predictive
accuracy across key constructs. The findings reveal that Crypto Usefulness (CU)
is the most influential determinant of Attitude, while Financial Literacy (FL)
exerts a substantial effect on Behavioral Control. Technological Characteristics
(TC) and perceived Government Support (GS) emerge as primary drivers of
Crypto Trust. Notably, Crypto Trust does not directly influence trading intention
but operates entirely through Attitude, indicating a full mediation effect. In
contrast, Perceived Risk (PR) and Subjective Norms (SN) exhibit negligible
influence on CI, diverging from conventional technology and financial adoption
models.

By conceptualizing cryptocurrency as a tradable crypto-asset rather than
legal tender, this study advances theoretical understanding of digital finance
behavior in emerging markets characterized by institutional uncertainty. The
findings offer actionable insights for policymakers, educators, and industry
practitioners seeking to strengthen digital financial literacy, improve institutional
communication, and support more informed and responsible participation in
cryptocurrency markets in Vietnam.



ABSTRAKT

Adopce kryptomén se celosvétové rychle rozSifuje, avSak behavioralni
mechanismy, které stoji za obchodovanim s kryptoménami na rozvijejicich se
trzich, zlstavaji dosud nedostatetné prozkoumény, zejména v prostiedich
charakterizovanych regulatorni nejistotou a zrychlenou digitalni transformaci.
Vietnam piedstavuje typicky piiklad takového kontextu, kde ucast drobnych
investori na kryptoménovych trzich naddle roste navzdory absenci jasné
vymezen¢ho pravniho rdmce. Tento paradox vyvoldva zasadni otazku: jak
jednotlivei formuji své obchodni zdméry v situaci, kdy jsou institucionalni zaruky
slabé nebo se teprve vyvijeji?

Za ucelem zodpovézeni této otazky tato studie vytvari a empiricky testuje
integrovany behaviordlni ramec, ktery kombinuje Model pfijimani technologii
(TAM), Teorii planované¢ho chovani (TPB), Socidlné-kognitivni teorii (SCT),
Teorii digitalni divéry (DTT) a institucionalni perspektivy k vysvétleni zaméru
obchodovat s kryptoménami (Cryptocurrency Trading Intention, CI). Model je
analyzovan pomoci metody Partial Least Squares Structural Equation Modeling
(PLS-SEM) na zaklad¢ dotaznikovych dat ziskanych od 397 respondentli, mezi
nimiZ jsou studenti financi, ekonomie, kybernetické bezpecnosti a
blockchainovych programil, stejné jako aktivni individualni obchodnici.

Vysledky prokazuji stiedni az vysokou vysvétlujici schopnost modelu, pficemz
hodnoty R? dosahuji 0,573 pro postoj (Attitude, AT), 0,528 pro kryptodivéru
(Crypto Trust, CT), 0,713 pro behavioralni kontrolu (Behavioral Control, BC) a
0,658 pro zamér obchodovat s kryptoménami (CI). Hodnoceni prediktivni
relevance (Q?) dale potvrzuje silnou prediktivni presnost modelu napfic
kliCovymi konstrukty. ZjiSténi ukazuji, Ze uZziteCnost kryptomén (Crypto
Usefulness, CU) je nejsilnéjsSim determinantem postoje, zatimco financ¢ni
gramotnost (Financial Literacy, FL) ma vyrazny vliv na behavioralni kontrolu.
Technologické charakteristiky (Technological Characteristics, TC) a vnimana
vladni podpora (Government Support, GS) se ukazuji jako hlavni faktory
formujici kryptodavéru. Pozoruhodné je, ze kryptodivéra neovliviiuje obchodni
zdm¢r piimo, ale pasobi vyhradné prostfednictvim postoje, coz potvrzuje plny
mediacni efekt. Naproti tomu vnimané riziko (Perceived Risk, PR) a subjektivni
normy (Subjective Norms, SN) vykazuji zanedbatelny vliv na CI, ¢imz se odliSuji
od tradi¢nich modelll adopce technologii a finan¢nich inovaci.

Konceptualizaci kryptomény jako obchodovatelného kryptoaktiva, nikoli jako
zékonného platidla, tato studie pifispivd k hlubSimu teoretickému porozumeéni
chovani v oblasti digitalnich financi na rozvijejicich se trzich charakterizovanych
instituciondlni nejistotou. Zjisténi zaroven poskytuji prakticky vyuzitelné
poznatky pro tviirce politik, vzdélavaci instituce 1 odborniky z praxe, kteti usiluji
o posileni digitalni finan¢ni gramotnosti, zlepSeni institucionalni komunikace a
podporu informovanéj$i a odpovédnéj§i ucasti na kryptoménovych trzich ve
Vietnamu.
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1. INTRODUCTION

Financial behavior has been a subject of extensive research over the past few
decades, with scholars examining the factors that drive individuals and
institutions in their financial decision-making processes (Arianti, 2018; Duxbury,
2015; Nga & Ken Yien, 2013; Ritter, 2003). According to these authors,
traditional financial behavior theory has provided deep insights into how
psychological, social, and economic factors influence financial choices.

Over time, as technology of Al (Artificial Intelligent), Machine Learning, and
quantum computing in financial market have advanced, numerous studies
(Atadoga et al., 2024; Farida et al., 2021; Iyer & Bakshi, 2024) have demonstrated
that technological developments significantly influence the financial market,
leading to innovative financial products and services, most notably
cryptocurrencies powered by blockchain technology. The unique features of
cryptocurrencies such as decentralization, liability, and transparency have
attracted a diverse group of users ranging from tech enthusiasts, institutional
investors to policy regulators in the financial system.

Since Bitcoin's inception in 2009, cryptocurrencies have emerged as a global
phenomenon, disrupting traditional financial systems and creating new paradigms
in financial behavior (Jovi¢ & Kunjadi¢, 2018; Watorek et al., 2023).

As cryptocurrencies continue to gain momentum, understanding technology
adoption driving financial behaviors has become increasingly vital and necessary
in the modern landscape. The convergence of rapid technological growth and
financial behavior in the modern context opens a new research frontier, includes
the complex interaction of technology beliefs, financial behavior and
cryptocurrency literacy.

Among the countries adopting cryptocurrencies, Vietnam, a developing
country with a rapidly growing economy, has emerged as a significant player in
the global cryptocurrency landscape (Figure 1.1). According to the 2023
Geography of Cryptocurrency Report (Chainalysis, 2023), Vietnam ranks top
three countries in the world in terms of cryptocurrency adoption index. This high
rate of adoption with the unique socio-economic environment in Vietnam,
combined with its technological integration, makes Vietnam an ideal case study
for exploring the dynamics of cryptocurrency adoption in analysis of financial
behavior.

12
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Figure 1.1.1: Countries with positive growth in crypto transaction volume (2021 —
2023) (Source: Chainalysis, 2023)

Despite Vietnam's prominence presence in the global cryptocurrency market,
there remains a shortage of comprehensive academic research dedicated to
understanding the specific financial behaviors driving cryptocurrency adoption in
developing countries. This dissertation aims to explore the financial behavior
associated with cryptocurrency adoption in Vietnam, focusing on the role of
technology trust, and trying to expand the original theories of consumer behavior
in finance market such as Technology Acceptance Model (TAM), Theory of
Reasoned Action TRA, Social Cognitive Theory (SCT). By examining these
theories, this research will add to the expanding literature on financial behavior
in the digital age, while also offering targeted insights into one of the world’s
most dynamic cryptocurrency markets.

This chapter introduces the dissertation “Crypto Trading Intention in
Emerging Market: Integrating TPB, TAM, SCT and Digital Trust Theory”
including six sections. Section 1.1 is the background of the study. Section 1.2
explains the research problem. Section 1.3 states the research questions. Sections
1.4 shows the objectives of the research. Section 1.5 presents the significance of

the dissertation. Finally, the structure of this dissertation is included in section
1.6.

Justification for Focusing on Crypto Trading Intention (CI)

A key contribution of this dissertation is its explicit focus on Crypto Trading
Intention (CI) rather than the broader concept of cryptocurrency adoption. In
developed financial systems, cryptocurrency adoption may involve diverse
activities, such as digital payments, stablecoin use, decentralized finance (DeFi)
participation, remittances, or blockchain based utility applications. However, in
unregulated emerging markets like Vietnam, cryptocurrency is overwhelmingly
viewed and used as a speculative trading instrument, not as a medium of exchange
or a technological solution. Market surveys and industry reports consistently
indicate that most Vietnamese retail participants approach cryptocurrency with

13



the mindset of short-term investors, motivated by price volatility, investment
returns, and trading opportunities, rather than by technological utility or payment
functionality (Chainalysis, 2023; Kumar & Rani, 2024).

Furthermore, the absence of a legal framework governing digital asset
transactions means that cryptocurrency does not operate as an officially
recognized financial product. As a result, the behaviors exhibited by market
participants are best conceptualized through trading intention, which aligns with
observable activities such as exchange use, price speculation, and portfolio
diversification. Focusing on CI therefore ensures contextual accuracy, enhances
theoretical alignment with behavioral finance principles, and reflects the actual
decision-making processes occurring within Vietnam’s digital asset ecosystem.
This targeted approach allows the study to capture the specific psychological,
technological, and institutional factors that drive participation in an emerging,
high uncertainty trading environment.

1.1 Research background

Globally, cryptocurrencies have become an integral component of digital
finance, reshaping investment behavior, market structures, and technological
innovation. Since the emergence of Bitcoin in 2009, cryptocurrencies have
evolved into a major speculative asset class supported by advances in blockchain
technology, decentralized finance, and automated trading systems. Despite rapid
growth in global trading volumes, regulators continue to express concern over
volatility, cybersecurity risks, market manipulation, and the lack of unified
governance, creating persistent tension between innovation and financial stability.

At the regional level, emerging Asian economies—including Thailand,
Indonesia, the Philippines, and Vietnam—exhibit high levels of cryptocurrency
adoption. This trend is driven by young populations, widespread mobile internet
access, and expanding fintech ecosystems, alongside limitations in traditional
financial systems. However, regulatory approaches across ASEAN remain
fragmented, resulting in divergent market behaviors and investor responses.

In Vietnam, cryptocurrency trading has expanded rapidly through retail
participation and online communities despite the prohibition of cryptocurrencies
as a legal means of payment. Trading and holding activities remain largely
unregulated, placing investors in a regulatory grey zone and exposing them to
fraud, misinformation, and market manipulation. Simultaneously, Vietnam’s
young, technologically literate population and growing interest in alternative
investments have fostered a dynamic crypto-trading culture. These conditions
make Vietnam a timely and relevant context for examining cryptocurrency
trading intention under high uncertainty.

1.2 Research Problems

The dissertation finds the four following problem:s:

14



Problem 1: Theory of financial behavior needs to be updated in the digital age
due to technological development, new financial instruments, high demand of
investors, complicated psychological investors.

Technological innovation and the emergence of cryptocurrencies have
fundamentally altered financial instruments and investor psychology. Traditional
behavioral finance theories struggle to capture the complexity of modern crypto-
related decision-making, necessitating theoretical refinement.

Problem 2: Gap between theory of financial behavior and technology trust in
understanding investor acceptance of cryptocurrencies.

In a systematic literature review from 2013 to 2019, Sousa et al. (2022) finds
the critical gap between traditional financial behavior theories and technology
trust theory in understanding consumer acceptance of cryptocurrencies. The
concept of technology trust in these traditional theories mainly focuses on general
platform, tools in payment, the field of ecommerce (Benamati et al., 2010; Shin,
2019), or separate technology trust and financial behavior (Lee et al., 2021;
Marella et al., 2020). Whereas technology trust in cryptocurrencies requires
insight knowledge of the cryptocurrency, external environment, and its
complicated features (Arli et al., 2021) as a key determinant in the adoption of
digital financial instruments in the new context of financial behavior. The extent
to original financial behavior theories is under-discovered and is essential for
developing a comprehensive understanding of financial behavior in the digital
age.

Problem 3: Cryptocurrency is illegal in developing countries like Vietnam as
the growth rate of holding cryptocurrencies is increasing yearly. It is hard for the
government to control the flow of money actively.

Despite legal ambiguity, Vietnam ranks among the world’s leading countries
in crypto adoption (Chainalysis, 2023). This disconnect complicates
governmental oversight, capital flow management, and financial regulation,
underscoring the need to understand investor behavior in unregulated markets.

Problem 4: Government loses tax revenue from trading cryptocurrency when
government is not giving direction, guidance, policies to regulate cryptocurrency
on time.

The consequence of illegal cryptocurrency trading without clear direction,
guidance, regulation, and policies from the Vietnamese government could lead to
potential loss of tax revenue. This issue is found in some countries such as China,
India, the United States even it is accepted legally (Yereli and Bayram 2018),
(Wang and Hausken 2021), (Cong et al. 2023). At the same time, an
underdeveloped legal framework and lack of regulation risk the government
missing out on substantial revenue streams that could otherwise be used to support
economic development and maintain financial stability. That is why the analysis
of understanding financial behavior and cryptocurrency adoption in Vietnam is
urgent to establish clear policies, the greater the potential losses in tax revenue
and economic developed opportunity.
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In summary, if these problems are not addressed, Vietnamese government
could miss opportunities for financial innovation without a deep understanding of
the financial behaviors at play and face the risk of perpetuating inequalities and
misunderstandings about the role of cryptocurrencies in the economy
consequently. By solving these issues, the dissertation seeks to enhance our
understanding of how cryptocurrencies are being integrated into the financial
practices of Vietnam, providing both theoretical and practical insights that could
guide future developments in the digital finance

1.3 Research Questions

Building on the identified research gaps, this dissertation investigates the
behavioral, technological, and institutional determinants of cryptocurrency
trading intention in emerging markets. Drawing on the integration of the Theory
of Planned Behavior (TPB), the Technology Acceptance Model (TAM), and
Digital Trust Theory (DTT), the study addresses the following research questions:

RQ1: What integrated theoretical model best explains cryptocurrency trading
intention in emerging markets based on TPB, TAM, and DTT?

This question aims to develop and empirically validate a unified behavioral
framework that incorporates attitudes, perceived usefulness, behavioral control,
and digital trust within a decentralized financial context.

RQ2: How does trust in blockchain technology influence investors’
willingness to trade cryptocurrencies?

This question examines digital trust as a core mechanism that substitutes for
institutional safeguards, particularly in emerging economies with regulatory
uncertainty.

RQ3: How do government support and regulatory signals affect
cryptocurrency trading intention in unregulated or partially regulated markets?

This question explores how perceived regulatory legitimacy and state signals
shape investor confidence and interact with trust and technological perceptions.

RQ4: What policy implications arise for investor protection, financial stability,
and responsible innovation in emerging markets?

This question translates empirical findings into policy-relevant insights aimed
at enhancing regulation, financial literacy, and consumer protection.

Together, these research questions establish the analytical direction of the
dissertation and guide the development of the integrated conceptual model
presented in Chapter 3. Each question corresponds to a specific theoretical
dimension: behavioral, technological, institutional, or capability-based, ensuring
that the model captures the multifaceted nature of cryptocurrency trading
intention in an emerging market environment. These questions also inform the
selection of a quantitative research strategy and the use of Partial Least Squares
Structural Equation Modeling (PLS-SEM), which offers an appropriate
methodological framework for testing complex relationships among latent
constructs. By structuring the inquiry around these four questions, the study
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maintains conceptual coherence and methodological alignment, creating a clear
foundation for the literature review in Chapter 2 and the empirical analysis in
Chapters 4 and 5.

1.4 Research Objectives

The overarching aim of this dissertation is to develop and empirically validate
a comprehensive behavioral framework explaining cryptocurrency trading
intention in an emerging market context. Grounded in established behavioral,
technological, and institutional theories, the study pursues the following specific
objectives:

Objective 1: To construct an integrated conceptual model of crypto trading
intention by synthesizing the Theory of Planned Behavior (TPB), the Technology
Acceptance Model (TAM), Social Cognitive Theory (SCT), and Digital Trust
Theory (DTT).

Objective 2: To examine the influence of technological, psychological,
institutional, and capability-based factors, including technological characteristics,
trading traits, facilitating conditions, government support, and financial literacy,
on key mediating variables such as trust, attitude, and perceived behavioral
control.

Objective 3: To investigate the indirect pathways shaping trading intention,
particularly the mediating role of attitude in the relationship between crypto trust
and trading intention.

Objective 4: To quantify the relative contribution of each determinant through
effect sizes, explained variance (R?), and predictive relevance (Q?) to capture the
strength and structure of behavioral influences.

Objective 5: To derive theoretically grounded and context specific
implications that enhance understanding of cryptocurrency trading behavior in
unregulated emerging markets.

Together, these objectives guide the development of the conceptual model in
Chapter 3 and inform the methodological choices and empirical testing presented
in Chapters 4 and 5.

1.5 Significance of The Thesis

This study offers several important contributions to academic understanding of
cryptocurrency behavior, particularly within the context of emerging markets.
First, it advances theoretical development by integrating multiple behavioral and
technological frameworks, namely the Theory of Planned Behavior (TPB), the
Technology Acceptance Model (TAM), Social Cognitive Theory (SCT), and
Digital Trust Theory (DTT), into a unified model explaining cryptocurrency
trading intention. By synthesizing these perspectives, the study provides a more
comprehensive explanation of how technological perceptions, psychological
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traits, institutional cues, financial capability, and trust mechanisms interact to
shape trading behavior in high-uncertainty environments.

Second, the study contributes to the literature on digital finance by focusing
specifically on cryptocurrency trading intention rather than broader usage
behaviors. This targeted approach aligns with the realities of unregulated
emerging markets such as Vietnam, where cryptocurrency primarily functions as
a speculative trading instrument rather than a payment method or technological
utility. The findings therefore offer a contextually grounded and theoretically
relevant perspective that extends current understanding beyond research
conducted in regulated or mature financial systems.

Third, the study enriches the empirical literature by providing evidence from
Vietnam, an understudied but highly active digital asset market. The results
illuminate how individuals interpret technological benefits, assess risk, form trust,
and develop confidence under conditions of regulatory ambiguity. This
contributes valuable insights to comparative studies of cryptocurrency behavior
across different institutional and cultural settings.

Taken together, the study’s significance lies in its theoretical integration,
contextual specificity, and emphasis on trading intention as the central behavioral
outcome. These contributions lay the foundation for the conceptual model
introduced in Chapter 3 and inform the empirical investigation presented in later
chapters.

1.6 Structure of The Thesis

This dissertation is organized into seven chapters, each designed to build a
coherent narrative that progresses from theoretical foundations to empirical
analysis and final conclusions.

Chapter 1 introduces the research context by outlining the background,
research problems, questions, objectives, and significance of the study. It also
positions Vietnam as a distinctive emerging market setting for examining
cryptocurrency trading intention.

Chapter 2 provides an extensive literature review and develops the theoretical
grounding of the study. It synthesizes behavioral, technological, cognitive, and
institutional theories, including TPB, TAM, SCT, and Digital Trust Theory,
identifies critical research gaps, and presents the integrated conceptual framework
that informs subsequent empirical investigation.

Chapter 3 translates the theoretical framework into a testable empirical model
and develops sixteen hypotheses based on technological perceptions, individual
traits, institutional conditions, attitudinal and cognitive factors, and mediating
mechanisms. Each hypothesis is justified through rigorous theoretical and
empirical evidence.

Chapter 4 details the research methodology, including the research paradigm,
sampling strategy, data collection procedures, instrument development, and
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analytical techniques. It also explains the justification for using Partial Least
Squares Structural Equation Modeling (PLS-SEM) to test the conceptual model.

Chapter 5 reports the empirical results, beginning with respondent
characteristics and followed by the assessment of the measurement and structural
models. It presents findings on reliability, validity, model fit, effect sizes,
explained variance (R?), predictive relevance (Q?), and hypothesis testing.

Chapter 6 discusses these findings in relation to existing theories and research,
highlighting the theoretical contributions, practical and policy implications, and
comparative insights relevant to emerging markets.

Finally, Chapter 7 concludes the dissertation by summarizing key
contributions, acknowledging research limitations, and proposing future research
directions.

This structured progression ensures conceptual clarity, methodological rigor,
and a coherent connection between theoretical development and empirical
evidence throughout the dissertation.

2. LITERATURE REVIEW AND THEORETICAL
FRAMEWORK

2.1 Cryptoasset Ecosystem and Key Definitions

The rapid evolution of the digital financial market has produced a diverse and
complex cryptoasset ecosystem that now plays a central role in debates on
financial stability, regulation, and investor behavior. According to the Basel
Committee on Banking Supervision (BIS, 2022), cryptoassets are private digital
instruments that rely on cryptography and distributed ledger technology but lack
the status of legal tender. To provide regulatory clarity, BCBS distinguishes
between two categories: Group 1 cryptoassets, which include tokenised traditional
assets (Group la) and stablecoins with effective stabilisation and redemption
mechanisms (Group 1b), and Group 2 cryptoassets, comprising all other assets
that fail to meet classification criteria, such as unbacked cryptocurrencies like
Bitcoin and Ether and algorithmic stablecoins. Group 2 assets attract the most
restrictive prudential treatment, including a 1% Tier 1 capital exposure cap for
banks and strict measurement rules (BIS, 2022, 2024). This taxonomy underscores
that cryptoassets exhibit heterogeneous risk profiles with significant implications
for liquidity treatment, leverage ratios, and disclosure requirements (BIS, 2024).
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Crypto-assets

Group 1: Regulated/ Eligible

1a — Tokenised
Traditional Assets
*Tokenised bonds,
equities, deposits

Group 2:
Conservative Treatment/ High Risk

1b — Stablecoins with Effective
Stabilisation Mechanisms

ofiat-backed stablecoins
USDT, etc) if
supervision.
scommodity-backed
(gold-backed).
*Must have redemption mechanisms
& supervision

(USDC,
subject to

stablecoins

Unbacked Cryptoassets
e.g., Bitcoin, Ether, Litecoin.
Algorithmic Stablecoins
rely on algorithms or protocols, not
fully collateralised. For ex:
Terra/LUNA-type structures
Other Complex / Illiquid Tokens
DeFi tokens, governance tokens,
NFTs (when speculative/illiquid).
Utility tokens with no stabilisation or

regulatory framework.

Figure 2.1.1 Classification of Crypto assets (author summarized from Basel
Committee on Bank Supervision — BCBS & IMF framework)

This diagram illustrates the taxonomy of cryptoassets as outlined by the Basel
Committee on Banking Supervision (BIS, 2022, 2024). In this framework,
cryptoassets are broadly divided into two categories. On the one hand, Group 1
includes tokenised traditional assets and stable coins that operate with effective
stabilisation and redemption mechanisms. When these assets are subject to proper
regulation and supervision, they can be treated in a manner similar to conventional
financial exposures. On the other hand, Group 2 comprises all remaining
cryptoassets, such as unbacked cryptocurrencies like Bitcoin and Ether, as well
as algorithmic stablecoins. Because these instruments lack intrinsic backing and
carry higher volatility, they are assigned the most conservative prudential
treatment. Consequently, this classification provides an important conceptual
basis for the present thesis, as it allows a clear distinction between the speculative
trading of unbacked cryptocurrencies and the more investment-oriented use of
tokenised financial instruments.

For this thesis, the term cryptocurrency is understood as a subset of Group 2
cryptoassets, not as currency, but as speculative digital assets actively traded in
financial markets. This framing aligns with International Monetary Fund
standards (BIS, 2022; Clemens M. Graf von Luckner, 2024); and allows a more
precise analysis of the factors driving crypto trading intention in emerging
markets.

2.1.1 Definition of Cryptocurrency

For the purpose of this study, the term cryptocurrency is treated from the
perspective of crypto assets rather than legal tender. According to the
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International Monetary Fund Clemens M. Graf von Luckner (2024) and the Bank
for International Settlements BIS (2022), crypto assets are defined as digital
representations of value that rely on cryptography and distributed ledger
technology (DLT) but do not hold the status of legal currency. Unlike fiat
currencies issued by central banks, crypto assets such as Bitcoin and Ethereum
are primarily used as speculative investments and alternative stores of value,
while their role as a medium of exchange remains limited (Corbet et al., 2021). In
emerging markets, this speculative role is even more pronounced in trading
activities, where high volatility and speculative opportunities attract both retail
and institutional participants (Kumar & Rani, 2024; Yermack, 2017). Hence,
throughout this thesis, the concept of cryptocurrency is consistently framed as a
crypto asset class, aligning with international financial governance standards.

2.1.2 Definition of Crypto Trading Intention (CI)

In this dissertation, Crypto Trading Intention (CI) refers to an individual’s
willingness, likelihood, or planned behavior to engage in trading crypto assets
within a specified time horizon. Unlike the broader construct of “cryptocurrency
adoption” employed in earlier studies (Albayati et al., 2020; Schaupp & Festa,
2018), CI focuses exclusively on trading activity. This narrower perspective is
particularly relevant in emerging markets, such as Vietnam, where the regulatory
framework for crypto is absent and most participants perceive crypto primarily as
a speculative instrument comparable to stocks. Consequently, investors and
traders rarely distinguish between different categories of cryptoassets; instead,
they are motivated by short-term price movements and profit opportunities.
Within this context, CI captures the behavioral intention to participate in buying
and selling crypto assets for speculative purposes, offering a more precise
construct for analyzing financial behavior in unregulated markets.

2.2 Behavioural Theories in Financial Decision-Making

"Behavioral potential," originally introduced by Rotter (1960), has been
expanded over the years to explain a wide range of behaviors. In 1979,
(Kahneman) proposed prospect theory, which had a profound impact on both
economic and social sciences and was later refined into "behavioral economics"
by Thaler (2016). Subsequently, theories of behavior have been examined through
key themes such as maintenance motives, self-regulation, resources, habits, and
environmental and social influences to better understand human behavior
(Kwasnicka et al., 2016).

If traditional behavioral theory outlines what individuals should ideally do,
behavioral finance focuses on understanding what people do in practice.
Additionally, the traditional theory has also been applied to behavioral finance
which identified cognitive psychology and the limits to arbitrage as the two
foundational blocks of the field (Ritter, 2003). Meanwhile, Redawati et al. (2023)
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states two other reasons for investors' irrational behavior included their unique
experiences, emotional responses and external factors like news, social media.
Although the outcomes from traditional behavior theory and financial behavior
theory are different, they have two common factors: human psychology and
external factors to control behavior. Therefore, this section will focus on the
psychological and behavioral factors that shape individuals' financial behaviors,
exploring how key behavioral theories, such as the Theory of Reasoned Action
(TRA), the Theory of Planned Behavior (TPB), and Social Cognitive Theory
(SCT), intersect and contribute to our understanding.

In the realm of digital financial technology (Fintech) (Risman et al., 2023),
rapid technological advancements forms cryptocurrency as a new financial
instrument which has significantly impacted financial behaviors, particularly in
the context of cryptocurrency adoption. As the financial landscape evolves,
traditional behavioral theories are not enough to understand the motivations
behind cryptocurrency intention. Moreover, the emerging blockchain technology
of digital trust is found to affect behavior intention (Shin, 2019). As a result, the
approach of the digital trust theory 1s added in this section to understand financial
intention in digital financial market.

Here are key theories and models in this domain.

2.2.1 Theory of Reasoned Action (TRA)

The Theory of Reasoned Action (TRA) developed by Ajzen (1991), suggests
that a person's intention to perform a behavior is the main predictor of whether
they will do it. This intention is influenced by the individual's attitude toward the
behavior and subjective norms (Ajzen, 2012; Bamberg et al., 2003). According to
the theory, behavioral intention is the direct precursor to actual behavior,
particularly for behaviors under volitional control. The relationship between
intention and behavior is influenced by the stability of intention and the alignment
between the measure of intention and the behavioral criterion (action, target,
context, and time). This model is insightful in explaining behavior by
emphasizing the role of intention as a predictor of behavior, as long as external
factors do not alter the intention before the behavior is observed. The theory is
illustrated in the model presented in Figure 2.2.1 below.

Attitude \

Subject Norms

BehavioralIntention | — | Behavior

Figure 2.2.1: The theory of reasoned action (TRA) (Source: Ajen, 2012)
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From TRA theory, the “Attitude” towards the behavior could be negative or
positive feelings about performing a specific behavior to decide intention of doing
something. While “Subjects Norms” is the perceived social pressure to perform
or not perform the behavior. TRA has been applied in various contexts, such as
predicting internet banking adoption (Rouibah et al., 2009), learning at
universities (Tavallaee et al., 2017), and recently in cryptocurrency adoption
(Pandurugan & Al Shammakhi, 2024; Schaupp & Festa, 2018; Zamzami, 2020).

This theory is relevant to cryptocurrency because trading decisions frequently
rely on investors’ underlying behavioural beliefs regarding outcomes such as
profit potential, perceived legitimacy, and technological benefits.

2.2.2 Theory of Planned Behaviour (TPB)

Theory of Planned Behavior (TPB) developed by Ajzen and Madden (1986)
and further refined by Conner and Armitage (1998), Bosnjak et al. (2020), Ajzen
(2020), extends TRA by introducing the concept of “Perceived Behavioral
Control” to fix the limitation of TRA. This new added variable reflects the
individual's perception of their ability to perform the behavior, and accounts for
situations where individuals may have the intention to engage in a behavior but
lack the necessary control to execute it. As a result, the TRA, originally two
variables, now evolves into TPB with three variables, as illustrated in figure 2.2.2.

Behavioral

beliefs Attitude

—

/

Intention 7 Behavior
Normative |—,  Subject )
reliefs Norms K
Control Perceived - Actual
beliefs —1{ Behavioral ¥____ - )
Control ——— behavioral
ontro control

Figure 2.2.2: The theory of Planned Behaviour (TPB) (Source: Ajen, 2020)

TPB with the role of past behavior, habit, and reasoned action is applied to
predict the choice of travel mode (Bamberg et al., 2003), acceptance of internet
banking (Rouibah et al., 2009), stock investment (Mahardhika & Zakiyah, 2020),
and cryptocurrency investment (Norisnita & Indriati, 2022; Pandurugan & Al
Shammakhi, 2024; Schaupp & Festa, 2018; Zamzami, 2020).

TPB is important for understanding cryptocurrency trading because perceived
behavioural control and subjective norms are central to how investors interpret
uncertainty and evaluate speculative financial actions.
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2.2.3 Technology Acceptance Model (TAM)

The primary goal of TAM is trying to examine why people accept various
technologies by exploring external factors influencing their internal attitude
(Davis et al., 1989). In Technology Acceptance Model (TAM) negative or
positive attitude towards technology is explained by two primary factors
“Perceived Usefulness” and “Perceived Ease of Use” before using technology.
“Perceived Usefulness” is the degree of belief that a person uses the technology
to enhance their performance while “Perceived Ease of Use” is the degree of
belief during using technology with free effort.

Due to the connection between the above variables with the ‘“Attitude”
mentioned in TPB, S. Taylor and P. A. Todd (1995) combines TPB, TRA, and
TAM in provision a framework to comprehend the complexities of human
behavior concerning technology use, as illustrated in Figure 2.2.3

Perceived

Usefulness \
Attitude

Perceived Ease / \
of Use BehavioralIntention |——— Actual
/ Behavior
Subject Norms

Perceived
Behavioral
Control

Figure 2.2.3 Technology Acceptance Model (TAM)(Source: Taylor & Todd, 1995)

TAM and some other extended TAM have been adapted to study the adoption
of various financial technologies and different fields, such as internet acceptance
(Shih & Fang, 2004), job application online (Parikh et al., 2021), e-commerce (El
Ashfahany et al., 2023), acceptance payment in hospitality sector (Pillai et al.,
2025), and cryptocurrency (Almajali et al., 2022; Sagheer et al., 2022).

In summary, this study applies three theories TRA, TPB and TAM into one
model to understand behavioral finance in cryptocurrency market. Because of the
complexity of blockchain technology applied for cryptocurrency, the model will
skip the variable “Actual Behavior” and focus on Crypto Trading or Behavioral
Intention as dependent variable. As defined earlier, CI reflects an individual’s
intention to trade crypto assets; according to TPB/TAM, intention is the key
determinant of behavior.
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Figure 2.2.4: Technology Acceptance Model (TAM)
(Source: Author inherit from Taylor & Todd, 1995)

TAM contributes to cryptocurrency trading research by explaining how
technological usefulness and ease of use shape investor perceptions of trading
platforms, wallets, and blockchain systems.

While TPB emphasizes perceived behavioral control as a predictor of intention,
Social Cognitive Theory expands this perspective by explaining how
environmental conditions and personal efficacy beliefs jointly shape behavioral
tendencies. The following section builds on this broader cognitive foundation.

2.3 Theory of Social Cognitive (SCT) and Financial Behavior

Social Cognitive Theory (SCT) proposed by Bandura (1986) identifies the
interaction between behavior, personal factors, and environment factors to
explain human behavior (Figure 2.3.1). According to Nabavi (2012), Social
Cognitive Learning Theory (SCLT) delves into this interaction in detail,
highlighting that Personal Factors or Cognitive features include vicarious
experiences, expectation of future consequences and responses, and responses
shaped by current situations. The theory also connects to self-efficacy and self-
regulation, as an individual form their own perception of what is appropriate or
inappropriate behavior and choose actions accordingly (Fan & Williams, 2009).
Building from these components of personal factors and environment factors,
researchers like Turan et al. (2015), Abrahao et al. (2016) validate extended SCT
by adding the following variables such as outcome expectation or performance,
self-efficacy, social influence, perceived risk, financial literacy. Moreover,
Kimiagari and Baei (2022) incorporates additional variables related to human
factors based on SCT included: innovativeness, various experience, cognitive,
compatible cognition, hedonic, technophobia.

25



Behavior

Personalfactors
(Cognitive, affective, &
biological events)

Environmentfactors

Figure 2.3.1: Social Cognitive Theory (SCT) (Source: Bandura A., 1986)

Although there are three important groups in SCT, many factors are not

analyzed in groups to research financial behavior in cryptocurrency market
(Albayati et al., 2020; Arias-Oliva et al., 2019; Gillies et al., 2020). Therefore,
this study applies variables in SCT to explore cryptocurrency adoption.
In terms of financial behavior, according to Mangala and Sharma (2014) investors
characteristics or user characteristics include attitude, emotions, feelings,
investment objectives, heuristics, motivation, personality & demographics,
perception, risk tolerance, time horizon. However, Toufaily (2022) states that
investors characteristics include level of technical knowledge, experience and
education, propensity to trust, perceived benefits. By integrating insights from
Social Cognitive Theory (SCT) and financial behavior, this thesis will identify
the variables categorized under Trading Traits (TT) as Personal factors and
Government Support (GS) as Environment Factors through an analysis of digital
trust theory related to cryptocurrency in section 2.4.

SCT aligns with cryptocurrency trading contexts by highlighting the role of
self-efficacy, social learning, and environmental cues in shaping risk-taking and
trading confidence.

2.4 Theory related to Trust in Technology

Trust in technology, as explored in Miiller (1996)’s research, encompasses
three aspects: legal regulation, knowledge improvement, and institutional trust
centers, all of which contribute to broader social acceptance. While these aspects
are not directly measured in this paper, they highlight the crucial role of
established laws, regulations, and the knowledge dissemination in enhancing
society’s understanding of new technologies. In a related study by Benamati et al.
(2010), technology trust serves as a mediator between Attitude and the concepts
of Perceived Ease of Use (PEU), Perceived Usefulness (PU), as outlined in TAM
in section 2.2.3. Other literature, including works by Folkinshteyn and Lennon
(2017); Guych et al. (2018); Mendoza-Tello et al. (2018); Shahzad et al. (2024)
further emphasizes that PEU and PU act as mediators between Trust and Behavior
Intention. This suggests a connection between Technology Trust and Attitude,
facilitated by the mediating variable of PEU and PU.

Whether or not Perceived Ease of Use (PEU) and Perceived Usefulness (PU)
are considered, numerous scholars have identified a direct relationship between
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Trust in Technology and Cryptocurrency Adoption, including Esmaeilzadeh et al.
(2019); Julio C. Mendoza-Tello et al. (2019); Gil-Cordero et al. (2020); Shin
(2021); Mashatan et al. (2022); Koroma et al. (2022); Rahardja et al. (2023).

Technology Trust/ Attitude - .
Cryptocurrency Trust | —— — BehavioralIntention

(CT)

Figure 2.4.1 Relationship between technology trust, attitude and Behavioral intention
(Source: Benamati et al., 2010)

In this context, “Technology Trust” refers specifically to trust in Blockchain
Technology or Cryptocurrency Trust (CT), which influences Cryptocurrency
Adoption (CA) or the intention to adopt. Most cryptocurrencies, like Bitcoin,
Ether, and other cryptocurrencies utilize blockchain technology, which can be
complex and challenging for users to fully understand and trust in
cryptocurrencies (Marella et al., 2020). According to this author, the creation of
cryptocurrency trust is influenced by various factors, including decentralization,
regulation, knowledge, stability, security, investment, alternative currency,
profitability, openness, immutability, and ease of transfer. Additionally, Arli et al.
(2021) highlights three key variables affecting trust in cryptocurrencies:
knowledge of cryptocurrency, trust in government, and transaction speed. In
another research of Chen et al. (2024), cryptocurrency trust is related to social
influence, transparency, price value, traceability. While Mashatan et al. (2022)
identifies other determinants, including perceived information privacy risk,
perceived anonymity, perceived information security fraud risk, and perceived
traceability.

Furthermore, other studies have considered factors like technology awareness
and government support (Sagheer et al., 2022); technology attachment and
blockchain transparency (Koroma et al., 2022); information technology
mindfulness and technology readiness (Rahardja et al., 2023). Recently, the
research of Norbu et al. (2024) provides a comprehensive list of factors
influencing crypto trust for adoption, such as privacy, security (perceived risk),
transparency, regulation, education attainment, familiarity, financial inclusion,
reputation, personal belief, efficiency, convenience, user perception, awareness,
design, societal and cultural aspect, and experience. Despite the numerous factors
that contribute to building trust in cryptocurrencies, Shin (2019) simplifies the
concept by explaining that digital trust in cryptocurrencies is formed through a
combination of individual factors, technologies, and contextual factors.
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Figure 2.4.2 Digital trust in cryptocurrency (Source: Shin, 2019)

Drawing on Shin (2019) framework of digital trust, this study categorizes the
determinants of cryptocurrency trust into three broad groups. The first, Invidual
factors, correspond to the personal factors highlighted in Social Cognitive Theory
(SCT) and discussed earlier in section 2.3. The second, Technology
Characteristics (TC), captures features such as transparency, security, and
reliability. The third, Government Support (GS), reflects the influence of
regulations, oversight, and institutional support mechanisms.

Extending these theoretical insights, it becomes clear that individual-level
psychological and behavioral tendencies are particularly important in shaping
how investors form trust in cryptocurrencies and decide whether to engage in
trading. Although earlier studies often subsumed such factors under the broad
category of “investor characteristics,” this thesis narrows the focus to better
represent the realities of unregulated emerging markets, where speculative
motives and rapid trading dominate. To this end, the construct of Trading Traits
(TT) is introduced. Grounded in SCT and Trust in Technology, TT encapsulates
the habitual, motivational, and speculative tendencies that directly influence both
trust in cryptoassets and the intention to trade them.
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Figure 2.4.3 Crypto Trust (Source: Author adapted from Shin (2019))

2.4.1 Definition of Trading Traits (TT)

In this thesis, Trading Traits (TT) are defined as the set of habitual,
psychological, and motivational tendencies that drive individuals to repeatedly
engage in cryptocurrency trading activities. Unlike broad “investor
characteristics” that include demographics or general financial preferences, TT
specifically captures behavioral dispositions such as speculative profit-seeking,
trading habits, and compulsive engagement with crypto assets.

Prior studies have highlighted that expectations of significant returns strongly
motivate speculative behavior in crypto markets (Ozer & Mutlu, 2019). Habit
formation has also been shown to play a key role, where frequent exposure to
trading platforms leads to routine trading actions over time (Lai, 2019). Moreover,
some research suggests that cryptocurrency trading may induce addictive
tendencies, similar to gambling behavior, due to high volatility and reward
uncertainty (Liu et al., 2016; Mills & Nower, 2019).

From a behavioral finance perspective, these traits align with evidence that
investors often deviate from rational decision-making due to overconfidence,
herding, and emotional triggers (Barberis & Thaler, 2003). In the specific context
of crypto assets, TT reflects the intensity of psychological engagement with
trading, which directly influences trust in the technology and subsequent trading
intention (Altaf & Jan, 2023).

Accordingly, Trading Traits (TT) in this model represent an investor’s
psychological profile as expressed in three dimensions:

1. Speculative Expectancy — belief that trading crypto can yield significant
gains (Glaser et al., 2014; Ozer & Mutlu, 2019).

2. Habitual Engagement — the extent to which crypto trading becomes routine
or repetitive (Hoffmann & Shefrin, 2014; Lai, 2019).

3. Compulsive Drive — addictive or compulsive behavior linked to volatility
and risk-reward cycles (Liu et al., 2016; Mills & Nower, 2019).
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By focusing on TT rather than generic investor characteristics, this thesis
emphasizes the unique behavioral tendencies of crypto traders in emerging
markets, where speculative motives and trading intensity often dominate over
long-term investment strategies.

2.4.2 Definition of Technology Characteristics (TC)

In the context of this study, Technology Characteristics (TC) refer to the
perceived technical features of cryptoassets that shape investor trust and,
consequently, trading intention. Unlike generic information technologies, the
defining feature of cryptocurrencies is their reliance on blockchain or distributed
ledger technologies, which vary in design and implementation across different
assets. Prior research has emphasized transparency (Chen et al., 2022) security
(Shin, 2019), and reliability (Benamati et al., 2010; McKnight et al., 2009) as core
characteristics that influence user perceptions of blockchain systems.
Transparency refers to the visibility of transactions on the blockchain; security
relates to the robustness of the network against hacking, fraud, or double-
spending; and reliability reflects the perceived stability and consistency of the
system. Because different cryptocurrencies employ different consensus
mechanisms (e.g., proof-of-work, proof-of-stake) and governance structures,
investor perceptions of these characteristics often diverge. In emerging markets,
where regulatory safeguards are limited, TC plays a pivotal role in determining
whether individuals develop sufficient trust to participate in crypto trading.

2.4.3 Definition of Government Support (GS)

In this study, Government Support (GS) refers to investors’ and traders’
perceptions of the potential role of the state in regulating and legitimizing
cryptocurrency markets. While prior research often operationalized GS in
contexts where crypto trading is legal or partially regulated (Albayati et al., 2020;
Almajali et al., 2022; Marella et al., 2020; Zamzami, 2020), the Vietnamese case
requires a conditional framing. Because crypto trading is currently illegal, the
construct i1s measured through hypothetical statements using “if”, reflecting how
participants expect their behavior would change under a scenario of future
government recognition and regulation.

Accordingly, the construct of Government Support (GS) is conceptualized
through five interrelated expectations that reflect investors’ views on the role of
the state in shaping cryptocurrency markets. First, respondents anticipate that the
introduction of government regulation would incentivize broader participation in
crypto trading (GS1). Second, they expect that systematic monitoring and
oversight would mitigate the risks associated with trading activities (GS2). Third,
investors believe that the state should assume explicit responsibility for regulating
the crypto market to ensure stability and accountability (GS3). Fourth, regulation
accompanied by government-backed insurance is perceived as a necessary
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safeguard to protect users against potential losses or fraudulent practices (GS4).
Finally, legal recognition of cryptocurrencies by public authorities is regarded as
a critical factor that would enhance legitimacy and positively influence trading
decisions (GS5). Framing GS in this manner highlights its nature as an anticipated
rather than an existing institutional factor, which is particularly relevant in the
context of unregulated emerging markets such as Vietnam, where government
policy is expected to play a decisive role in shaping future crypto trading intention
(CI).

Digital Trust Theory is particularly relevant for cryptocurrency because, in the
absence of regulatory safeguards, investors depend heavily on system
transparency, security protocols, and technological assurances when forming
trust.

2.5 Rationale for including Perceived Risk in the model

In the context of cryptocurrency adoption, Perceived Risk (PR) is a critical
factor that reflects users' concerns about financial loss, regulatory uncertainty,
technological failure, and privacy breaches. Unlike traditional financial systems,
cryptocurrencies operate in a decentralized and often unregulated environment,
which can heighten users' perception of risk (Featherman & Pavlou, 2003). While
PR has traditionally been viewed as a deterrent in technology adoption, emerging
research indicates that in the case of cryptocurrency, it may have a more complex
role.

Some studies suggest that users who are more aware of risks, especially those
with high financial literacy or risk tolerance, may still adopt cryptocurrency as a
speculative or innovative financial tool (Arias-Oliva et al., 2019; Kumar & Rani,
2024). This aligns with Prospect Theory (Kahneman, 1979), which argues that
people are more likely to engage in risky behavior when the potential for high
gains exists. Including PR in the adoption model helps capture this behavioral
nuance and improves the explanatory power of the model in emerging markets
where trust and institutional support may be limited.

Perceived risk applies directly to cryptocurrency markets, where high
volatility, fraud, and regulatory ambiguity significantly influence investment
judgment and behavioural intention.

2.6 Behavioral Control as a Driver of Cryptocurrency Trading
Intention

Behavioral Control (BC) which defined as an individual's perceived ability or
ease to perform a behavior, is a central component of the Theory of Planned
Behavior (TPB) and is particularly relevant in the context of cryptocurrency,
where adoption requires users to navigate technical platforms, manage digital
wallets, and assess market information.

Facilitating Condition (FC), which refers to the availability of external support
such as infrastructure, user assistance, and training, significantly shapes users’
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sense of control when adopting new technologies. As shown by Venkatesh et al.
(2003) and further supported in blockchain adoption contexts by Rahardja et al.
(2023), the presence of technical support and accessible resources enhances
individuals’ self-efficacy and behavioral control.

In addition to FC, Financial Literacy (FL) is a critical antecedent of BC in
digital finance. Users with a higher understanding of financial tools, risk
management, and investment principles are more likely to feel capable of
managing cryptocurrency transactions (Lusardi & Mitchell, 2014). As
cryptocurrency adoption involves non-traditional and self-directed financial
decisions, financial literacy enhances individuals' ability to engage confidently
and responsibly (Kumar & Rani, 2024).

Consequently, users with strong BC shaped by both external support (FC) and
internal knowledge (FL) are more likely to adopt cryptocurrency. Empirical
studies by Tavallaee et al. (2017) and Zamzami (2020) confirm that higher
perceived behavioral control is positively associated with the intention to adopt
cryptocurrency.

Behavioral control is essential in cryptocurrency trading, where confidence in
using trading platforms and managing digital assets strongly influences
willingness to participate.

2.7 The Vietnamese Context
2.7.1 Economic and Technology Landscape

In 2023, a survey of 142 banking CEOs from the Americas, Europe, and Asia
by KPMG (2023) revealed that disruptive technology, cybercrime, and
cybersecurity were the top three concerns for bank leaders.

With the rise of challenger banks, fintechs, and non-financial institutions,
traditional banks are heavily investing in digital capabilities to stay competitive.
In Southeast Asia, Vietnam led the digital boom with its digital economy growing
by 19% to reach $30 billion in 2023. This growth is expected to outpace GDP by
three times until 2025, highlighting Vietnam's economic resurgence. However,
businesses are struggling to adapt to new regulations concerning tax, money
laundering prevention, and data privacy.
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Cost of living 79% 11%  10%

Disruptive technology 76% 18% 6%
Regulatory demands 74% 19% 7%
Talent 74% 16% 10%
Cyber crime and cyber security 71% 15% 14%

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

Agree Neither agree or disagree Disagree

Figure 2.7.1 Greatest risks over the next 3 years (Source: KPMG, 2023)

Meanwhile, in Southeast Asia the digital economy curve is especially steep,
and within that region the Vietnamese economy stands out. According to the 2023
report by Google (2023), Vietnam is the fastest growing digital economy in the
region and is projected to reach around US $45 billion by 2025.

However, rapid digital expansion places pressure on firms to adapt. Enterprises
operating in (and into) Vietnam face a growing regulatory burden including tax
compliance, anti-money laundering obligations and evolving data privacy
frameworks, all of which complicate the business transformation journey.
Thus, the Vietnamese context presents a dual narrative: on one hand, dynamic
digital growth and rising competition from challenger fintechs; on the other, a
compliance-heavy regulatory environment and elevated operational risk
exposure.

Economic Growth and Development

Vietnam has experienced robust economic growth, averaging around 6-7%
GDP growth annually over the past decade. This growth is driven by a
combination of factors including a strong manufacturing sector, burgeoning
exports, and increasing foreign direct investment. The government's focus on
economic liberalization and integration into the global economy has further
accelerated this growth. As a result, the middle class in Vietnam is expanding,
leading to higher disposable incomes and greater investment capacities among the
population.

Technological Advancements
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The technological landscape in Vietnam has advanced rapidly, with significant
improvements in internet penetration and mobile connectivity. As of 2023,
Vietnam boasts an internet penetration rate of over 70%, with millions of users
engaging in online activities ranging from e-commerce to digital payments. The
government's commitment to fostering a digital economy is evident through
various initiatives aimed at enhancing digital infrastructure, promoting tech
startups, and encouraging innovation in fintech.

The proliferation of smartphones and affordable internet services has
democratized access to digital technologies, making it easier for the average
Vietnamese citizen to engage with new technological trends, including
cryptocurrencies. The country’s young population, with a median age of around
32, 1s particularly receptive to digital innovations, driving the rapid adoption of
digital currencies and blockchain technologies.

2.7.2 Investment Behavior in Vietnam

Vietnamese investment behavior reflects a unique blend of traditional values
and modern aspirations. As the country continues to integrate into the global
economy, the investment landscape is evolving, with both opportunities and
challenges shaping the behavior of investors.

The study of Nguyen and Thi Duong (2022) provides empirical evidence
indicating that newly listed firms on the Ho Chi Minh City Stock Exchange
(HOSE) engage in higher levels of earnings management, particularly in the year
prior to their listing. These firms exhibit greater earnings management before
listing compared to the post-listing year and the following two years.

Historically, Vietnamese investors have shown a preference for traditional
asset classes such as real estate, gold, and savings accounts. These investment
choices are deeply rooted in cultural practices and a preference for tangible assets
that are perceived as safe and stable. However, with the advent of new financial
instruments and greater exposure to global markets, there is a noticeable shift
towards more diversified investment portfolios.

2.7.3 Illegal Trading Environment

Recently, within Vietnam’s research community, cryptocurrencies are
increasingly being recognized as individual asset classes suitable for portfolio
investment (the Giang & Thi My Huong, 2023), and as safe haven assets (Nupur
Gupta et al., 2023), However, this growing acceptance has also raised concerns
about the susceptibility of individuals to cryptocurrency Ponzi schemes (Nguyen
et al., 2024)

Firstly, the identification of illicit cryptocurrency mining facilities and the
prevention of electricity theft highlight the need for innovative strategies to
address emerging challenges in this space (Dindar & Giil, 2022). Additionally,
the rise in terrorist funding, money laundering, fraud and ransom payments
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(Mehta & Chawla, 2024) are all examples of illicit cryptocurrency use has
significant policy implications, emphasizing the importance of regulating third-
party currency exchanges to effectively combat crypto laundering (Leuprecht et
al., 2023).

Secondly, despite the obstacles to cryptocurrency investment, including
regulatory challenges, the use of cryptocurrencies in money laundering has
become increasingly problematic (Albrecht et al., 2019). So, it is indeed necessary
to prompt calls for improved laundering detection methods utilizing technologies
like machine learning (Alotibi et al., 2022). These regulatory frameworks are
pivotal for managing the complexities associated with digital assets (Rahman et
al., 2025), and essential to foster widespread adoption (Mehta & Chawla, 2024)
in emerging economies like Vietnam.

This vulnerability to investment fraud underscores the necessity for regulation
actions in Vietnam. In response to the evolving landscape, efforts to promote
regulatory clarity and deter illicit activities are reflected not only in the
advancement of new technologies for e-commerce dispute resolution (Van Nam
et al., 2022) but also addressing the growing role of cryptocurrencies in the
investment landscape, especially during times of financial distress (N Gupta et
al., 2023; Inci & Lagasse, 2019).

2.7.4 Challenges and Regulatory Landscape

Both the price volatility of the targeted cryptocurrency and the overall
correlations across different cryptocurrencies happen when hacking events are
found (Corbet et al., 2021). This means cryptocurrency has attracted worldwide
attention, prompting concerns from regulatory bodies about their potential for
misuse. While the legal status of cryptocurrencies in Vietnam ambiguous and
often restrictive compared to regulatory frameworks in other countries.
Specifically, in 2008, the landmark case is initially deemed a violation of the
Vietnam law involves a registered company in Ben Tre Province trading
cryptocurrency, resulting in fines. However, the case continues to raise many
concerns and arguments until 2017 when it is ultimately concluded that the
company did not have to pay the penalty. The reason is because Vietnamese
regulation has not yet recognized cryptocurrency as a commodity, financial
product, or service, and thus it is not subject to value-added tax (VAT) (Nhung &
Hanh, 2019). This case significantly challenges two problems for Vietnam
regulatory: whether cryptocurrency should be considered a commodity or
product, and whether it should be accepted as a legitimate payment method.

Moreover, the paper of DANG (2019) analyzes advantages and disadvantages
among electronic currency, virtual currency, and cryptocurrencies to prove the
potential development prospects of cryptocurrencies, particularly in Vietnam-
developing country. The author suggests Vietnam government requires more time
and technological advancements to fully harness the potential opportunity of new
digital currencies in financial market. Meanwhile, they must continue to ensure
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safety by maintaining control and regulatory oversight through central
governments and central banks.

In Vietnam, the lack of clear cryptocurrency regulations has raised concerns
about security, fraud, and market manipulation, fostering a thriving underground
market. Understanding these challenges is crucial for developing strategies that
support responsible investment and sustainable growth. Vietnam’s combination
of high digital engagement and regulatory uncertainty makes it an ideal context
to examine how external factors shape trading behavior. More broadly, the
regulatory environment plays a critical role across jurisdictions: global attention
on money laundering, fraud, and market integrity influences local policy, while
fragmented frameworks in emerging markets intensify uncertainty and affect
investor confidence. In this thesis, regulation is treated as a contextual factor that
interacts with trust and perceived risk, complementing behavioral explanations
from the Theory of Planned Behavior and Digital Trust Theory.

2.8 Research Gaps

Over the past decade, the study of financial behavior has undergone rapid
transformation as digital technologies have reshaped the way individuals make
investment decisions. Yet despite extensive progress in behavioral finance and
technology-adoption research, the literature on cryptocurrency trading intention,
particularly in emerging markets which remains theoretically fragmented and
empirically incomplete. A careful review of existing studies reveals three key
areas of insufficiency: theoretical limitations within classical behavior models,
empirical gaps in understanding intention under technological uncertainty, and
contextual neglect of emerging-market realities such as Vietnam. These
deficiencies collectively motivate the present dissertation.

2.8.1 Limitations of Behavioral Theories in Explaining Trading
Intention

Classical behavioral frameworks such as the Theory of Reasoned Action
(TRA) (Ajzen & Fishbein, 1988) and the Theory of Planned Behavior (TPB)
(Ajzen, 1991) have long provided the foundation for analyzing human intention
and action. TRA posits that intention results from attitude and subjective norms,
while TPB adds perceived behavioral control to capture situations in which people
may want to act but perceive constraints on doing so. Although these theories
remain powerful in predicting volitional behaviors, they were conceived before
the emergence of technology mediated financial systems. Consequently, they
often overlook the technological and institutional complexities that influence
investors’ intentions to participate in cryptocurrency markets.

Likewise, the Technology Acceptance Model (TAM) (Davis et al., 1989)
successfully explains why individuals adopt innovations by emphasizing
perceived usefulness and perceived ease of use. However, TAM is primarily
suited for voluntary adoption of workplace technologies or information systems.
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When transposed to financial behavior, the model lacks sensitivity to contextual
variables such as regulatory ambiguity, risk perception, and trust in algorithmic
systems. In other words, while TAM captures how individuals evaluate
technology, it does not sufficiently explain why those evaluations translate into
financial commitment in a decentralized market.

Therefore, a theoretical void exists between the psychological focus of TPB
and the technological orientation of TAM. Neither framework, on its own, can
fully account for the interplay between cognitive belief, social influence,
regulatory context, and trust in technology that characterizes cryptocurrency
trading intention. This conceptual fragmentation calls for a broader and more
integrative approach.

2.8.2 Empirical Gaps in Crypto Trading Intention Research

Empirical studies of cryptocurrency adoption and trading intention have
expanded rapidly since 2018, yet most remain concentrated in developed
economies or highly regulated financial systems. Researchers such as Shin
(2019), Marella et al. (2020), and Sousa et al. (2022) highlight that trust in
blockchain technology plays a central role in determining whether users intend to
adopt or trade cryptocurrencies. Nonetheless, evidence regarding the mechanisms
of trust remains inconsistent. Some studies suggest that trust mediates the
relationship between perceived usefulness and intention; others find it acts as a
moderator or a direct antecedent. The lack of consensus points to theoretical
ambiguity about the function of trust in decentralized finance.

Moreover, perceived risk continues to show contradictory effects. Certain
investigations (Almajali et al., 2022; Arias-Oliva et al., 2019) find that higher
perceived risk discourages adoption, while others Kumar and Rani (2024) reveal
that informed investors with greater risk tolerance may still form strong intentions
to trade due to speculative incentives. Such divergent findings indicate that
existing models do not sufficiently incorporate moderating variables, such as
financial literacy, self-efficacy, or trading traits that condition how individuals
interpret risk and opportunity in crypto markets.

Another empirical limitation concerns methodological scope. Most prior
studies employ technology adoption frameworks without considering broader
behavioral-finance constructs like overconfidence, habitual engagement, or
speculative expectancy. These factors, captured here under the construct of
Trading Traits (TT), are particularly salient in speculative environments where
short-term trading dominates long-term investment. Yet these psychological
tendencies remain largely unmeasured in prior models of crypto trading intention.
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2.8.3 Contextual Gap: The Vietnamese Case and the Emerging Market
Perspective

Beyond theoretical and empirical issues, there is a striking contextual gap.
Vietnam represents one of the world’s most active markets for cryptocurrency
usage relative to population size, yet its legal and institutional framework remains
incomplete. The absence of official recognition means that investors operate in a
regulatory vacuum where trust in technology often substitutes for trust in
government institutions. At the same time, Vietnam’s rapidly expanding digital
economy, young demographic profile, and high mobile internet penetration
provide fertile ground for crypto enthusiasm.

However, the same conditions that fuel growth also heighten vulnerability to
misinformation, speculation, and fraud. In such environments, behavioral
intention is shaped not only by attitudes toward profit or risk but also by broader
perceptions of legitimacy and government support. This context thus provides an
exceptional opportunity to test how traditional behavioral theories perform under
conditions of institutional void, a hallmark of many emerging markets.

While a few studies (N Gupta et al., 2023; Nguyen et al., 2024) discuss
Vietnamese crypto activity from legal or macroeconomic viewpoints, almost none
examine individual-level trading intention through an integrated behavioral lens.
The lack of context specific modeling limits our understanding of how cultural
norms, speculative traits, and perceived government signals interact with trust in
blockchain to influence intention. Consequently, Vietnam offers both a
theoretical laboratory and a policy relevant setting for extending global
knowledge on digital finance behavior.

2.8.4 Synthesis and Theoretical Proposition

Taken together, these observations reveal that existing scholars provide only a
partial explanation of cryptocurrency trading intention. Prior studies have either
(1) emphasized psychological constructs without technological specificity, (2)
adopted technology acceptance frameworks without social or institutional
context, or (3) examined adoption behavior without isolating intention as a
distinct stage preceding actual trading. Moreover, few have explored how
individual traits, technological trust, and government perception interact within
emerging economies.

To address these deficiencies, the present dissertation proposes an integrated
behavioral intention model that combines insights from four complementary
theories:

The Theory of Planned Behavior (TPB) to capture motivational and control-
related determinants of intention.

The Technology Acceptance Model (TAM) to reflect technological cognition
and perceived utility.
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Social Cognitive Theory (SCT) to account for environmental and self-efficacy
influences; and

Digital Trust Theory (DTT) is employed as a conceptual framework to explain
the pivotal role of trust in blockchain-based systems, particularly trust in
technology rather than interpersonal or institutional trust.

Taken together, these theoretical, empirical, and contextual gaps indicate that
existing models are insufficient for explaining cryptocurrency trading intention
within high-uncertainty, institutionally ambiguous environments such as
Vietnam. A more integrated approach is required to capture the combined effects
of technological perceptions, individual traits, cognitive factors, institutional trust
cues, and financial capability. The next section introduces the integrated TPB—
TAM-SCT-DTT framework designed to address these gaps comprehensively.

2.9 Integrated Theoretical Framework (TPB-TAM-SCT-DTT)

Building on the research gaps identified in Section 2.8, this study develops an
integrated theoretical framework that synthesizes four influential perspectives:
the Theory of Planned Behavior (TPB), the Technology Acceptance Model
(TAM), Social Cognitive Theory (SCT), and Digital Trust Theory (DTT). While
each framework individually contributes important insights into human decision-
making, their integration provides a more comprehensive and coherent
explanation of cryptocurrency trading intention, particularly within an emerging-
market environment characterized by uncertainty, evolving digital infrastructures,
and regulatory ambiguity. This section outlines the rationale, conceptual
complementarity, and analytical implications of combining these theories to
address the multifaceted dynamics of cryptocurrency trading intention in
Vietnam.

2.9.1 Rationale for Integration

Existing studies show that cryptocurrency trading decisions do not arise from
a single dimension of cognition or technology evaluation, but rather from a
multilayered interplay of financial expectations, technological perceptions,
personal efficacy, social influence, and institutional trust. Traditional behavioral
models such as TPB capture attitudinal, normative, and control-based drivers of
intention but overlook the technological determinants that are essential for
understanding digital-asset environments. Conversely, TAM focuses on the
technological dimension yet lacks explanatory power for social and psychological
mechanisms that shape risk-taking behavior in speculative trading.

SCT adds the missing cognitive and environmental layers, highlighting how
self-efficacy, scial learning, and external conditions jointly shape behavioral
tendencies, while Digital Trust Theory introduces system-level trust mechanisms
that are indispensable in decentralized and unregulated markets. Bringing these
theories together therefore allows the conceptual model to capture technological
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beliefs (TAM), psychological drivers (TPB and SCT), social and environmental
enablers (SCT), and institutional or technological trust cues (DTT) in a unified
structure.

Integration 1is necessary because cryptocurrency markets, especially in
emerging economies, operate under hybrid conditions where technology,
psychology, social context, and institutional voids simultaneously influence
investor intention. No single theory sufficiently captures this complexity.

2.9.2 Complementarity and Conceptual Coherence

The integrated framework draws conceptual coherence from the
complementary strengths of TPB, TAM, SCT, and Digital Trust Theory, each of
which contributes a distinct dimension necessary to explain cryptocurrency
trading intention comprehensively. TPB provides the foundational behavioral
structure by explaining attitude, subjective norms, and perceived behavioral
control shape intention formation. However, these constructs alone cannot
account for the technological nature of cryptocurrency trading, where the usability
and perceived benefits of digital platforms play a central role. This gap is
addressed by TAM, which extends the framework by capturing how perceived
usefulness and perceived ease of use influence user attitudes toward engaging in
technologically mediated financial activities.

At the same time, cryptocurrency trading is embedded not only in technological
evaluation but also in cognitive and environmental factors. Social Cognitive
Theory adds these layers by emphasizing the role of self-efficacy, social learning,
and contextual conditions in shaping behavioral tendencies and personal
confidence. The inclusion of SCT allows for a fuller understanding of how
individuals in uncertain and unregulated environments such as Vietnam rely on
observational learning, peer interactions, and perceived support structures to
assess their capability to trade digital assets. Finally, Digital Trust Theory
provides the essential institutional and technological trust dimensions that neither
TPB, TAM, nor SCT fully address. Because cryptocurrency operates in
decentralized systems without formal regulatory backing, trust in the
transparency, reliability, and algorithmic integrity of blockchain technology
becomes a central determinant of trading intention. When combined, these
theories create an analytically cohesive and mutually reinforcing framework
capable of explaining the complex, multi-layered drivers of cryptocurrency
trading behavior.

2.9.3 Conceptual Model and Analytical Implications

The integrated theoretical framework forms the basis for the conceptual model
developed in Chapter 3, where each theoretical contribution is translated into
measurable constructs and empirically testable hypotheses. The combined model
captures the multidimensional nature of cryptocurrency trading intention by
incorporating technological characteristics, psychological predispositions,
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environmental conditions, institutional trust cues, and capability-related factors.
This synthesis allows the framework to articulate both direct and indirect
pathways influencing intention, demonstrating how technological perceptions
shape trust, how self efficacy and facilitating conditions influence perceived
behavioral control, how attitudes mediate belief intention relationships, and how
financial literacy affects risk interpretation and decision-making.

The analytical implications of this integrated model justify the selection of
advanced quantitative methodologies such as PLS-SEM. The complexity of the
relationships embedded in the model, including multiple mediators,
interconnected latent constructs, and context-specific behavioral influences,
requires a statistical approach capable of handling predictive modeling, non-
normal data, and multi-theoretical integration. Consequently, the conceptual
model derived from this framework not only guides the empirical procedures of
the study but also ensures that the theoretical integration is operationalized in a
rigorous and methodologically consistent manner.

2.9.4 Distinctiveness of the Integrated Framework in the Vietnamese
Context

The uniqueness and value of the integrated TPB—-TAM-SCT-DTT framework
become especially clear when applied to the Vietnamese context, where
cryptocurrency trading occurs in an environment defined by regulatory
ambiguity, rapid technological engagement, and strong reliance on peer driven
information networks. Unlike developed markets with formalized digital asset
regulations, Vietnam lacks a legal framework governing cryptocurrency trading,
creating a setting in which traders rely largely on technological cues, social
learning, and informal community signals to evaluate risk and legitimacy.
Consequently, constructs such as perceived ease of use, trading self-efficacy,
government support perception, and technological trust take on heightened
significance relative to more regulated financial systems.

This contextual distinctiveness amplifies the need for a model capable of
integrating technological, psychological, environmental, and institutional factors
simultaneously. The inclusion of Digital Trust Theory is particularly appropriate
in Vietnam, where trust in blockchain’s transparency and security often
substitutes for absent institutional safeguards. Similarly, Social Cognitive Theory
contributes explanatory strength by capturing how traders draw on peer influence,
community knowledge, and personal confidence to navigate volatile and
uncertain digital markets. In this way, the integrated framework reflects not only
theoretical complementarity but also empirical relevance: it is designed to mirror
the actual social, cognitive, and technological processes shaping trading behavior
in Vietnam’s emerging and highly active crypto-trading environment. Notably,
no prior research has combined these four major theories to explain
cryptocurrency trading intention in an unregulated emerging market,
underscoring the originality and necessity of this integrated approach.
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2.9.5 Transition to Empirical Framework

The theoretical integration presented in this chapter establishes the foundation
for the empirical investigation that follows. Drawing on the combined insights of
TPB, TAM, SCT, and Digital Trust Theory, the subsequent chapter translates
these conceptual linkages into a structured empirical model comprising sixteen
hypotheses. Each construct and hypothesized relationship is operationalized to
reflect the behavioral, technological, cognitive, and institutional dimensions
identified as central to cryptocurrency trading intention in the Vietnamese
context. Chapter 3 therefore serves as the bridge between theoretical development
and empirical testing, outlining a model capable of capturing the complexity of
decision-making in decentralized and uncertain trading environments. This
transition ensures alignment between the theoretical rationale, measurement
design, and analytical procedures used throughout the dissertation.
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Figure 2.9.1 The Proposed Integrated Theoretical Model (Source: Author)

3. CONCEPTUAL FRAMEWORK AND
HYPOTHESIS DEVELOPMENT

Where Chapter 2 established the theoretical foundation integrating TPB, TAM,
SCT, and DTT, this chapter transitions from conceptual reasoning to hypothesis
development. It specifies causal paths among constructs derived from the
integrated model (Figure 3.1.1), translating conceptual relationships into testable
propositions for empirical validation.
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3.1 Transition the Conceptual Framework into Empirical
Model

Building on the integrated theoretical foundation established in Chapter 2, this
chapter advances the empirical research model that explains how individuals in
emerging markets, specifically Vietnam forms their cryptocurrency trading
intention (CI). The model arises from the synthesis of four complementary
theories: the Theory of Planned Behavior (TPB), the Technology Acceptance
Model (TAM), Social Cognitive Theory (SCT), and Digital Trust Theory (DTT).
While Chapter 2 provided the conceptual rationale for combining these
frameworks, the present chapter translates that integration into testable
relationships and empirically measurable constructs.

In emerging markets, the intention to trade cryptocurrencies does not stem from

any single domain of cognition or motivation. Rather, it reflects an interaction
between technological perceptions, behavioral beliefs, and institutional
conditions. The Vietnamese context magnifies this complexity: individuals
operate in an environment of rapid digitalization yet incomplete regulation, where
trust in blockchain technology partially substitutes for trust in public institutions.
Consequently, the model proposed here treats trading intention as a psychological
readiness to participate, shaped simultaneously by individual evaluations,
technological assurances, and perceived governmental involvement.

The conceptual framework organizes these determinants into five logically
connected clusters:

1.Technological Characteristics (TC): the technical properties of blockchain
systems: transparency, security, reliability that generate users’ confidence in the
technology.

2. Individual Traits (TT): personal behavioral tendencies such as speculative
expectancy, habitual engagement, and trading enthusiasm that energize the
development of Crypto Trust (CT).

3. Institutional Signals (GS): perceptions of Government Support, reflecting
expectations of regulation, legitimacy, and future protection.

4. Cognitive and Attitudinal Beliefs (CU, EU, AT): evaluations of
cryptocurrency’s usefulness and ease of use that shape Attitude (AT), which in
turn influences intention.
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5. Capability and Risk Perception (FC, FL, BC, PR): facilitating conditions and
financial literacy that build Behavior Control (BC), while perceived risk operates
as a counterforce, influencing whether trust and attitude translate into intention.

Based on the theoretical synthesis presented in Chapter 2 and the hypotheses
developed in this chapter, the proposed conceptual model is presented in Figure
3.1. The model integrates technological determinants, psychological factors,
institutional cues, and capability-based constructs to explain cryptocurrency
trading intention within the Vietnamese context. It visually depicts the structural
pathways to be tested through the empirical analysis described in subsequent
chapters, ensuring alignment between the theoretical framework and
methodological approach.
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Figure 3.1.1 Research Model for Cryptocurrency Trading Intention (CI)
(Source: Author, adapted from integrated TPB-TAM-SCT-DTT framework)

To clarify how the theoretical synthesis presented in this chapter translates into
measurable constructs and testable relationships, Table 3.1-1 provides a summary
linking each foundational theory, its relevant constructs, and the corresponding
hypotheses developed in section 3.2.

Table 3.1-1 Summary of Theoretical Foundations and Related Hypotheses

Key Constructs in This

Theory Study

Linked Hypotheses
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Attitude (AT), Subjective
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Behavioral Control (BC),
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(TC), Crypto Trust (CT), H1, H3, H5, H7, HS,
Perceived Risk (PR), H14, H16

Government Support (GS)

DTT (Shin, 2019)

Institutional Theory
(Suchman, 1995;

DiMaggio & Powell, Government Support (GS) H3, H4

1991)

];:(l::; el(c)tr ?lil;;nce / Trading Traits (TT), Perceived

(Kahneman & Risk (PR), Financial Literacy | H2, H13, H14

(FL)

Tversky, 1979)

The mapping in Table 3.1-1 demonstrates how each theoretical lens contributes
to the study’s integrated model. While TAM and TPB explain cognitive and
attitudinal determinants of intention, SCT and DTT emphasize personal efficacy
and trust as psychological precursors. Institutional Theory introduces the role of
perceived government legitimacy, and Unified Theory of Acceptance and Use of
Technology - UTAUT (Williams et al., 2015) incorporates infrastructural
enablers. Together, these perspectives form a comprehensive multilevel
framework, spanning individual, technological, and institutional dimensions, to
explain cryptocurrency trading intention in the Vietnamese context.

3.2 Hypothesis Development

The hypotheses presented below are derived from the integrated framework
and are grouped according to their theoretical origin and functional role within
the model. Each subsection outlines the rationale linking independent variables to
CI, culminating in specific hypotheses for empirical testing

3.2.1 Technological and Individual Antecedents (H1-H3)

Building on the technological and individual dimensions discussed in Section
2.4 (Trust in Technology) and Section 2.3 (Social Cognitive Theory), this
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subsection develops hypotheses explaining how technological assurance, trading
traits, and perceived government support jointly influence cryptocurrency trust

Technological Characteristics (TC) 2 Crypto Trust (CT)

Technological characteristics (TC) represent the technical attributes of a
blockchain system that collectively shape users’ perception of its reliability,
transparency, and security. In digital-trust research, such technological properties
are widely acknowledged as the foundation for confidence in virtual transactions
because, unlike traditional finance, blockchain environments replace institutional
intermediaries with algorithmic and cryptographic assurance (McKnight et al.,
2009; Shin, 2019). Prior studies have repeatedly emphasized that users’
confidence in technology depends on how clearly they can observe its
transparency, stability, and ability to safeguard data integrity (Benamati et al.,
2010; Chen et al., 2022; Koroma et al., 2022; Rahardja et al., 2023).

Recent empirical research has broadened the definition of TC to encompass
multiple technological sub-dimensions. Blut and Wang (2020) found that
technology readiness, the extent to which users feel prepared to engage with new
technologies positively influences trust. However, technology readiness captures
only one aspect of a broader technological architecture. Other studies identify a
richer range of blockchain-specific characteristics such as stability, security,
knowledge, regulation, investment opportunity, alternative-currency
functionality, openness, and immutability (Marella et al., 2020). Similarly,
transparency, price value, and traceability have been recognized as core attributes
driving trust and perceived credibility (Chen et al., 2022), while perceived
anonymity and privacy risk also play crucial yet ambivalent roles (Mashatan et
al., 2022). Koroma et al. (2022) highlights that blockchain transparency and
technology attachment, the psychological connection users feel toward
technological artifacts, both significantly enhance perceived trustworthiness.

In a comprehensive synthesis, Toufaily (2022) points to technical complexity,
scalability, security, anonymity, and privacy as key determinants of blockchain
acceptance. Interestingly, some of these variables can generate contradictory
effects: while factors such as decentralization, anonymity, or intense media
coverage can stimulate curiosity and participation, they may also heighten
uncertainty and perceived risk, thereby weakening trust. Positive drivers,
conversely, include project quality, token novelty, whitepaper Cclarity,
decentralized application (DApp) design, simplicity, and the competence and
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reputation of the project founder, all of which enhance perceptions of
technological credibility (Marella et al., 2020; Toufaily, 2022).

Further empirical evidence by Norbu et al. (2024) outlines a broad constellation
of technical and environmental factors influencing both trust and adoption
intention, though their interrelationships remain insufficiently explored. Specific
attributes, transparency (Chen et al., 2024), security (Shin & Park, 2019), privacy
(Morosan & DeFranco, 2016; Shin & Park, 2019), reliability (Benamati et al.,
2010; McKnight et al., 2009), and price value (Restuputri et al., 2023) that are
repeatedly measured across studies, reinforcing the notion that perceived
technical quality underpins users’ trust judgments.

Nevertheless, most existing research has been conducted in developed
economies, where institutional protection and regulatory clarity already moderate
the role of technology. The relationship between TC and cryptocurrency trust
(CT) therefore remains ambiguous in emerging markets, where trust must rely
more heavily on technological assurance. This study addresses that empirical gap
by examining the measurable sub-factors of TC: transparency, security, privacy,
and reliability, as antecedents of Crypto Trust (CT) within Vietnam’s rapidly
expanding yet under-regulated crypto ecosystem. Understanding this relationship
provides insight into how users in developing contexts anchor their confidence in
the technology itself rather than in institutional safeguards.

H1: Technology Characteristics (TC) positively influence Crypto Trust (CT).
Trading Traits (TT) = Crypto Trust (CT)

Individual trading behavior is not purely rational; it is shaped by a constellation
of cognitive, affective, personal tendencies that influence investors to interpret
financial information and respond to technological uncertainty. Drawing upon
Social Cognitive Theory (SCT), which emphasizes the reciprocal interaction
between personal factors, environmental influences, and behavioral outcomes
(Bandura, 1986), numerous studies have examined the personality and
psychological traits underlying trading behavior. Foundational research on
personality (Costa Jr & McCrae, 2010) and its applications in finance (Lai, 2019;
Liuetal., 2016; Nauman Sadiq & Ased Azad Khan, 2019) demonstrates that traits
such as openness to experience, risk tolerance, and conscientiousness
substantially affect trading frequency and confidence. More recent work
(Murhadi et al., 2024) extends this evidence to cryptocurrency trading, identifying
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demographic, psychological, and personal finance variables as strong predictors
of trading intensity.

Within behavioral finance, these individual differences manifest as Trading
Traits (TT), habitual, speculative, or compulsive tendencies that drive trading
decisions. Mittal (2022) finds that generational and psychological biases,
including the fear of missing out (FOMO), socially responsible investing motives,
overconfidence, and herding, critically influence cryptocurrency participation.
Similarly, Altaf and Jan (2023) emphasize that these biases contribute to the
development of crypto trading addiction, a state in which psychological
compulsion replaces rational evaluation. Together, these findings suggest that
investors’ enduring behavioral dispositions are central to understanding how trust
in digital financial systems forms and evolves.

From the standpoint of Digital Trust Theory (DTT) (Shin, 2019; Toufaily,
2022), personal traits and user involvement act as essential psychological
antecedents of trust in blockchain technology. Trust in decentralized systems does
not arise solely from technical assurances but also from investors’ confidence in
their own ability to engage meaningfully with such systems. In this regard, prior
research identifies personal innovativeness and technology involvement as core
individual drivers of trust in digital environments (Albayati et al., 2020; Turan et
al., 2015). Constructs such as Performance Expectancy (PE), Effort Expectancy
(EE), Social Influence (SI), and Facilitating Conditions (FC) (Alomari &
Abdullah, 2023; Arias-Oliva et al., 2019; Gillies et al., 2020; Jegerson et al., 2023;
Kumari et al., 2023; Restuputri et al., 2023; Turan et al., 2015) collectively
explain how user engagement translates into technology trust. Studies of digital-
currency adoption confirm that individuals high in these expectancy constructs
show stronger trust and intention to invest in blockchain assets. Conversely,
Abrahao, Moriguchi, and Andrade (2016) identify that negative perceptions, such
as perceived risk (PR) and perceived cost (PC), dampen trust and behavioral
intention, reinforcing the central role of psychological orientation in trust
formation. Complementing these insights, Alharbi and Sohaib (2021)
demonstrate that technological readiness and innovation resistance directly shape
trust in new technologies, providing further support for the inclusion of investor
disposition within trust models.

By synthesizing these findings, this dissertation refines earlier approaches that
broadly categorized investor characteristics into demographic or personality
factors. Instead, it proposes Trading Traits (TT) as a more behaviorally precise
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construct capturing the psychological intensity and pattern of engagement that
investors exhibit when interacting with cryptocurrencies. TT encapsulates the
speculative drive, habitual involvement, and compulsive tendencies that
distinguish cryptocurrency investors from conventional traders. It is
operationalized through three indicators:

1. Speculative expectancy, the belief in extraordinary gains and the perception
of trading as an opportunity for rapid wealth accumulation (Ozer & Mutlu,
2019);

2. Habitual engagement, routine participation in trading activities, reflecting
learned behavioral reinforcement (Lai, 2019); and

3. Compulsive or addictive drive, behavioral dependency and persistent
engagement despite risk awareness (Altaf & Jan, 2023; Liu et al., 2016).

These traits align with the SCT notion of reciprocal determinism: personal
tendencies shape perceptions of technological reliability, while environmental
experiences in turn reinforce those tendencies. In emerging markets such as
Vietnam where institutional safeguards are weak and information asymmetry is
high, such behavioral traits are especially influential. Investors with stronger
speculative or habitual tendencies are likely to interpret technological cues (e.g.,
platform performance, blockchain transparency) more favorably, thereby
strengthening their trust in crypto systems even in the face of volatility or
regulatory uncertainty (Altaf & Jan, 2023; Glaser et al., 2014; Hoffmann &
Shefrin, 2014; Kumar & Rani, 2024).

In summary, the literature indicates that personality driven and habitual trading
behaviors not only sustain market participation but also constitute a psychological
mechanism through which users form trust in blockchain technology. Therefore,
individuals exhibiting higher trading traits, characterized by speculation,
persistence, and emotional commitment, are expected to express greater
confidence in cryptocurrency platforms.

H2: Trading Traits (TT) positively influence Crypto Trust (CT).

Government Support (GS) = Crypto Trust (CT)

Perceived Government Support (GS) functions as an institutional signal that
reduces uncertainty and enhances the legitimacy of emerging technologies
operating within ambiguous regulatory environments. Grounded in Institutional
Theory (DiMaggio & Powell, 1983; Suchman, 1995), government endorsement
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or regulatory attention conveys symbolic assurance that an innovation is stable,
credible, and aligned with broader societal interests. Such signals strengthen
investors’ confidence in blockchain systems, thereby fostering Crypto Trust (CT).

Empirical evidence in digital finance supports this relationship. Studies show
that perceived regulatory involvement enhances trust by signaling accountability,
safety, and systemic integrity (Albayati et al., 2020; Sousa et al., 2022; Zamzami,
2020). Toufaily Toufaily (2022) further demonstrates that government
engagement through policy communication and public supervision improves
transparency and reinforces trust in digital assets.

In Vietnam, where cryptocurrency trading is not legally recognized, investors
often interpret governmental silence or exploratory actions as indicative of
anticipated institutional support. Expectations of future regulation or monitoring
substitute for current legal legitimacy, shaping trust formation. Survey items GS1
and GS2 capture this anticipatory belief, reflecting how even tentative
government actions are perceived as positive signals toward eventual recognition.

From a Social Cognitive Theory perspective (Bandura, 1986), such
institutional cues operate as environmental facilitators that enhance perceived
control and self-efficacy. Likewise, Digital Trust Theory (Shin, 2019) posits that
trust emerges not only from technological performance but also from contextual
assurances of accountability, with government regulation serving as a critical
proxy for control over systemic risks.

Prior research confirms this mechanism. Government endorsement and policy
visibility increase perceived legitimacy and trust in cryptocurrencies (Kshetri,
2021; Marella et al., 2020), while regulatory awareness moderates the relationship
between technological familiarity and trust (Shahzad et al., 2024). In emerging
markets, GS thus operates as a surrogate institutional guarantee, bridging the gap
between technological reliability and social legitimacy.

Accordingly, this study conceptualizes Government Support (GS) as a key
contextual antecedent of Crypto Trust (CT), particularly in Vietnam’s transitional
regulatory environment, where expectations of future regulation enhance
confidence in blockchain systems.

H3: Perceived (or anticipated) Government Support (GS) positively influences
Crypto Trust (CT). (Explanation: Even though cryptocurrency trading is not yet
legal in Vietnam, investors who believe that the government will eventually
regulate, monitor, or legitimize the market exhibit greater trust in the safety,
stability, and reliability of blockchain systems.)

3.2.2 Environmental Enablers and Behavioral Control (H4-H7)

In line with the cognitive and environmental mechanisms outlined in Chapter
2, facilitating conditions are proposed to influence users’ perceived behavioral
control in digital trading activities. Extending the discussion of facilitating and
environmental factors in Section 2.3 (SCT) and Section 2.7 (The Vietnamese
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Context), this part explores how infrastructural readiness and government
involvement shape trust and perceived behavioral control in emerging-market
settings.

Facilitating Conditions (FC) refer to the perceived availability of external
resources, institutional infrastructure, technical support, and system accessibility
that make it easier for individuals to adopt and use new technologies (Venkatesh
et al., 2003). Within the Unified Theory of Acceptance and Use of Technology
(UTAUT), FC is conceptualized as an enabling environment that reduces the
cognitive and operational effort required for adoption. In the context of
cryptocurrency trading and blockchain finance, facilitating conditions are
particularly salient because the technology’s decentralized architecture places a
heavier responsibility on users to ensure security, legitimacy, and usability.

Grounded in the UTAUT and Social Cognitive Theory (SCT), this study
positions FC as an environmental determinant that simultaneously strengthens
perceived government engagement (GS), enhances technological trust (CT), and
increases perceived behavioral control (BC). These mechanisms reflect the notion
of environmental facilitation in SCT (Bandura, 1986), which posits that external
structures and social support shape cognitive appraisals and behavioral readiness.
Accordingly, three related hypotheses (H4-H6) are proposed to clarify the
multidimensional influence of FC within the integrated behavioral-intention
model.

Facilitating Conditions (FC) — Government Support (GS)

The first proposed relationship concerns the extent to which facilitating
conditions inform perceptions of governmental support and engagement. In
technology diffusion, users frequently infer the presence of institutional
commitment through the existence of enabling infrastructures and supportive
policies. When governments invest in digital infrastructure, launch pilot
blockchain programs, or communicate regulatory openness, these actions signal
institutional readiness and policy endorsement. Such perceptions are crucial in
shaping trust and legitimacy, especially when direct regulatory clarity is absent
(Al-Saedi et al., 2020).

According to institutional theory (DiMaggio & Powell, 1983; Suchman, 1995)
the perceived alignment between public institutions and emerging technologies
confers cognitive legitimacy on those technologies. Schniederjans and Yadav
(2013) emphasize that a supportive regulatory and technological environment
fosters users’ confidence not only in the innovation itself but also in the governing
institutions. Similarly, Al-Saedi et al. (2020) show that visible infrastructure
investments and public communication about innovation-oriented regulations
increase users’ perception of governmental involvement and accountability. In
emerging economies, where policy communication is often limited, the presence
of robust facilitating conditions, such as secure exchanges, consistent network
access, and user education programs that act as an implicit signal of government
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support. This inference is particularly relevant in Vietnam, where direct
government messaging about cryptocurrencies remains cautious but substantial
public investment in digital transformation conveys an image of institutional
endorsement.

Thus, when users observe that enabling conditions exist, such as improved
digital infrastructure, pilot blockchain initiatives, or cybersecurity programs that
are more likely to perceive their government as supportive or at least non-
oppositional toward cryptocurrency innovation. In line with these theoretical and
empirical arguments, this study proposes that perceived facilitating conditions
serve as indirect proxies of government engagement, shaping users’ confidence
in the policy environment surrounding cryptocurrency.

H4: Facilitating Conditions (FC) positively influence perceived Government
Support (GS).

Facilitating Conditions (FC) — Crypto Trust (CT)

According to TPB, perceived behavioral control increases when individuals
perceive sufficient external support (Ajzen, 1991). In technology contexts,
infrastructure and training are critical resources that enhance control (S. Taylor &
P. A. Todd, 1995). Empirical research on e-commerce and fintech adoption
consistently finds that facilitating conditions strengthen users’ capability
perceptions (Venkatesh et al., 2003; Zamzami, 2020). In crypto trading,
accessible exchanges and supportive communities reduce operational barriers,
thereby enhancing behavioral control.

The second linkage addresses how facilitating conditions influence users’ trust
in cryptocurrency technologies. In decentralized systems, where no central
authority guarantees transaction integrity, trust must be built through both
technological assurance and environmental cues of reliability. As Digital Trust
Theory (DTT) asserts, trust emerges from perceptions of competence,
predictability, and benevolence embedded in both the technology and its
ecosystem (Shin, 2019; Toufaily, 2022). Hence, external supports such as secure
platforms, transparent regulations, and reliable technical infrastructure reinforce
the psychological foundation of trust.

Empirical findings confirm that facilitating conditions directly shape users’
trust and adoption intentions in high-technology contexts. Morosan and DeFranco
(2016) demonstrate that perceived system support and external infrastructure
increase user confidence in online-service environments. Restuputri et al. (2023),
and Mashatan et al. (2022) similarly show that institutional resources and visible
security mechanisms positively affect trust in blockchain applications. In the
context of fintech and digital currency, Rahardja et al. (2023) find that
infrastructural readiness enhances perceived safety and reliability, while Albayati
et al. (2020) emphasize that consumer trust grows when the surrounding
ecosystem appears technologically and institutionally stable.
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These insights are consistent with SCT’s environmental determinism principle
(Bandura, 1986): when individuals perceive the external environment as
supportive, they develop confidence in its systems. Facilitating conditions, such
as access to reliable exchanges, transparent data flow, dispute-resolution
mechanisms, and user-support channels that reduce perceived technological
uncertainty and foster predictability, a core antecedent of trust (Benamati et al.,
2010). As a result, individuals infer from these enabling structures that
cryptocurrency systems are secure, transparent, and effectively managed.

In the Vietnamese context, the presence of strong facilitating conditions carries
even greater significance. Because formal legal frameworks for cryptocurrency
remain under development, users often gauge credibility through environmental
cues, such as improvements in digital banking, state sponsored fintech initiatives,
and the reliability of domestic internet infrastructure. When these conditions are
perceived as improving, investors are more likely to extend their trust toward
blockchain based platforms. Consequently, facilitating conditions operate as
trust-enhancing environmental signals, assuring users that the surrounding
ecosystem is mature enough to support secure and transparent transactions.

HS5: Facilitating Conditions (FC) positively influence Crypto Trust (CT)

Facilitating Conditions (FC) — Behavioral Control (BC)

The third pathway examines the relationship between facilitating conditions
and perceived behavioral control (BC), a central construct in the Theory of
Planned Behavior (TPB) (Ajzen, 1991). BC reflects an individual’s self-assessed
capacity to perform a specific behavior, determined by the availability of
resources, opportunities, and skills. When external support systems are
accessible, individuals feel more capable of executing complex tasks. Venkatesh
et al. (2003) confirm that access to infrastructure, training, and technical
assistance significantly strengthens perceived control in adopting digital
technologies. Extending this logic, FC can be understood as the objective
antecedent that enables behavioral control in technology-mediated environments.

Empirical evidence reinforces this connection. Rahardja et al. (2023) find that
digital readiness, a critical component of FC, enhances self-efficacy and
behavioral control in blockchain usage. Likewise, S. Taylor and P. Todd (1995)
demonstrate that supportive technological resources substantially increase users’
perceived ability to adopt innovations. In the context of cryptocurrency, where
transaction complexity and technological literacy demands are high, facilitating
conditions such as user-friendly platforms, educational content, and community
assistance directly enhance users’ perceived competence. These resources reduce
operational barriers and instill confidence in managing cryptocurrency wallets,
securing private keys, and executing trades safely.

From a Social Cognitive Theory viewpoint, FC act as environmental enablers
that strengthen the self-regulatory capacity of individuals. Bandura (1986)
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explains that perceived control emerges from continuous interaction between
environmental affordances and personal agency. Thus, when users perceive that
adequate technological support exists, such as online tutorials, reliable exchanges,
and responsive help systems, they experience a heightened sense of mastery and
autonomy. This perception directly influences their behavioral intention to trade
or invest in cryptocurrencies.

In Vietnam, facilitating conditions are essential to bridge the digital skills
divide between early adopters and less experienced investors. Given the country’s
growing but uneven digital literacy, infrastructural access and peer-support
communities play a decisive role in empowering individuals to participate in the
crypto market. When users sense that sufficient help, tools, and guidance are
available, their perceived control over trading behavior increases, thereby
strengthening intention formation.

H6: Facilitating Conditions (FC) positively influences Behavioral Control
(BO).

Taken together, these three hypotheses conceptualize Facilitating Conditions
as an integrative environmental construct that simultaneously influences
perceptions of institutional trust (Government Support), technological reliability
(Crypto Trust), and personal capability (Behavioral Control). The logic is
consistent across theoretical lenses:

« From an institutional perspective, facilitating conditions embody visible

markers of governmental engagement and legitimacy.

« From a technological-trust perspective, they signal system security and

functional dependability.

« From a behavioral perspective, they enable perceived mastery and efficacy

in performing crypto-related actions.

Therefore, in emerging markets where formal governance and regulatory
assurance are still developing, the perception of facilitating conditions serves as
the cornerstone of the adoption environment, a multidimensional determinant of
both trust and intention.

Behavioral Control (BC) — Crypto Trading Intention (CI)

Perceived Behavioral Control (BC) represents an individual’s self-assessed
capacity to perform a given behavior, encompassing both the confidence to act
and the perceived availability of necessary resources (Ajzen, 1991). Within the
Theory of Planned Behavior (TPB), BC operates as a central determinant of
behavioral intention, complementing attitude and subjective norms. It reflects not
only an individual’s perceived ability to execute a behavior but also their
assessment of the external constraints or facilitators that shape this ability (Conner
& Armitage, 1998). In technology-mediated financial environments such as
cryptocurrency trading, BC thus captures the perceived competence to navigate
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digital platforms, interpret market signals, secure assets, and respond to market
volatility.

Ajzen’s (1991) TPB posits that when individuals believe they possess the
requisite skills and control over their environment, their intention to engage in a
behavior intensifies. In financial domains, this relationship is reinforced by Social
Cognitive Theory (SCT), which conceptualizes self-efficacy as the belief in one’s
capacity to organize and execute actions required to manage prospective
situations. Although SCT and TPB use different terminologies, both frameworks
converge on the principle that perceived control enhances motivation and
persistence. Numerous studies validate this relationship across technology and
financial contexts. For example, Taylor and Todd (1995) found that BC
significantly predicts intention to adopt new digital systems; Venkatesh et al.
(2003) further demonstrate that perceived facilitation and capability strongly
influence behavioral intention in the Unified Theory of Acceptance and Use of
Technology (UTAUT).

In the digital finance and blockchain literature, BC has emerged as a powerful
explanatory construct for intention formation. Samudra Mahardhika et al. (2020)
show that individuals who perceive higher control over online investment
platforms display stronger intentions to use them. Similarly, Albayati, Kim, and
Rho (2020) find that confidence in managing digital transactions mediates the
relationship between perceived usefulness and fintech adoption intention. More
recent research (Pandurugan & Al Shammakhi, 2024; Rahardja et al., 2023)
confirms that perceived behavioral control positively influences the intention to
engage in crypto trading, particularly when investors feel capable of mitigating
transaction complexity and security risks.

The relationship between BC and Crypto Trading Intention (CI) is especially
salient in the context of emerging markets. In Vietnam, where cryptocurrency
trading remains partially unregulated and investor education is uneven,
individuals’ perception of control is often derived from their exposure to digital
tools, peer learning, and technological familiarity. The more proficient an investor
feels in using wallets, exchanges, and verification processes, the greater their
intention to participate in crypto markets. This dynamic aligns with Ajzen’s
(2002) assertion that perceived control functions as both a motivational belief and
a behavioral enabler, translating confidence into action. In such settings, even
minor increases in perceived competence can disproportionately strengthen
trading intention because institutional safeguards are weak and trust must stem
from self efficacy.

Empirical evidence from behavioral finance also suggests that perceived
behavioral control interacts with risk perception and trust to shape crypto trading
behavior. Arias-Oliva et al. (2019) found that individuals with higher perceived
control demonstrate lower sensitivity to market volatility. This pattern implies
that control beliefs may buffer against fear or uncertainty, encouraging
engagement in speculative markets. Similarly, Altaf and Jan (2023) argue that
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traders with strong perceived control over technology and information flows are
less likely to exhibit trading anxiety and more likely to maintain stable trust in the
trading ecosystem. Consequently, BC not only predicts intention directly but also
moderates the influence of psychological and environmental variables, such as
trust, risk, and attitude on trading intention.

From a practical perspective, BC can be enhanced through education, user
experience design, and community support mechanisms. For instance, the
availability of tutorials, intuitive trading interfaces, and peer assistance networks
increases perceived control by reducing technical barriers. In this sense, BC
operates as the behavioral bridge between external facilitating conditions (e.g.,
platform usability, infrastructure, and support) and internal cognitive intention.
When investors perceive that they have both the competence and the means to
perform crypto transactions, their intention to trade strengthens considerably.
This logic is consistent with studies in e-commerce, mobile banking, and online
investment adoption (Almajali et al., 2022; Schaupp & Festa, 2018; Shih & Fang,
2004), all of which find BC to be one of the most significant predictors of
intention.

In summary, the literature converges on the conclusion that perceived
behavioral control is a decisive motivational factor in explaining cryptocurrency
trading intention. In environments such as Vietnam, where legal ambiguity and
market volatility prevail, BC substitutes for formal regulatory assurance by
empowering individuals to rely on their own skill and readiness. Accordingly, the
stronger an investor’s perceived control over the crypto environment, the higher
their confidence and willingness to participate in trading activities.

Although prior studies report inconsistent findings regarding whether crypto
trust directly predicts trading intention, particularly in volatile or unregulated
markets, this study proposes the following hypothesis to examine whether this
relationship holds in the Vietnamese context.

H7: Behavioral Control (BC) positively influences Crypto Trading Intention
(CI).

3.2.3 Attitudinal and Cognitive Determinants (H8-H11)

Following the cognitive and attitudinal reasoning outlined in Section 2.2
(Theory of Planned Behavior and Technology Acceptance Model), this part
examines how perceived usefulness, ease of use, and attitude mediate the pathway
from trust to trading intention.

Crypto Trust (CT) — Attitude (AT)

Trust represents an essential cognitive and affective antecedent of attitude
formation in technology adoption. Within Digital Trust Theory (DTT), trust
operates as a multidimensional belief encompassing the perceived reliability,
integrity, and benevolence of a system (McKnight et al., 2002; Shin & Park,
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2019). When users develop confidence in the underlying blockchain
infrastructure, believing it to be secure, transparent, and predictable they are more
inclined to evaluate cryptocurrency positively. This relationship mirrors findings
in other digital contexts: Benamati et al. (2010) observed that technological trust
significantly improves user attitudes toward system usage; Albayati et al. (2020)
found that trust directly enhances satisfaction and perceived usefulness; and Gil-
Cordero et al. (2020) established that trust toward blockchain platforms shapes
favorable attitudinal responses toward cryptocurrency investment.

Furthermore, empirical evidence from Shin (2019) and Toufaily (2022)
suggests that trust operates not merely as a cognitive antecedent but also as an
affective reassurance that transforms uncertainty into acceptance. In emerging
markets such as Vietnam, where institutional regulation remains limited, trust in
blockchain’s technical mechanisms becomes a psychological substitute for
institutional assurance. Therefore, when investors perceive blockchain
technology as reliable and secure, they are likely to form positive attitudes toward
engaging in crypto trading.

HS8: Crypto Trust (CT) positively influences Attitude (AT).

Crypto Usefulness (CU) — Attitude (AT)

Within the framework of the Technology Acceptance Model (TAM) (Davis et
al., 1989), perceived usefulness is defined as the extent to which an individual
believes that adopting a particular technology will enhance their task performance
or yield tangible benefits. In the domain of cryptocurrency, Crypto Usefulness
(CU) encapsulates the perceived functional, financial, and strategic advantages
derived from utilizing blockchain-based assets. These advantages include
transaction speed, cross-border efficiency, reduced intermediary costs, enhanced
financial autonomy, and portfolio diversification opportunities. As such, CU
plays a decisive role in shaping users’ overall attitude (AT) toward crypto trading.

Empirical research consistently supports this theoretical linkage. Folkinshteyn
and Lennon (2017) demonstrated that when users recognize practical advantages
such as low transaction costs and global accessibility, their attitudes toward
cryptocurrency adoption become more favorable. Similarly, Liébana-Cabanillas
etal. (2021) confirmed that perceived usefulness directly predicts user satisfaction
and intention in digital-payment and blockchain ecosystems. Albayati et al.
(2020) also highlight that the perceived value and efficiency of blockchain
systems significantly influence user trust and adoption, reinforcing usefulness as
a critical cognitive driver of positive attitudes.

More recent evidence further strengthens this association. Shahzad et al. (2024)
et al. (2024) find that perceived performance expectancy, a construct conceptually
parallel to usefulness, remains one of the most consistent predictors of user
acceptance across emerging technologies, including decentralized finance (DeFi)
and digital currencies. Bustaman et al. (2023) similarly reports that perceived
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usefulness, together with trust and ease of use, exerts a direct positive effect on
both attitude and intention to engage in cryptocurrency investment. These
findings align with the long-standing observation in TAM extensions that
usefulness captures the utilitarian and goal-oriented aspect of user motivation
(Venkatesh et al., 2003).

In emerging economies such as Vietnam, perceived usefulness acquires
additional salience because cryptocurrencies are often viewed not merely as
speculative instruments but as financial tools that compensate for institutional
inefficiencies. For instance, blockchain’s borderless structure provides faster and
cheaper international remittances compared to traditional banking (Arias-Oliva et
al., 2019). It also offers increased autonomy for individuals operating in cash-
dependent or inflation-prone economies, enabling them to store and transfer value
with fewer restrictions (Prakosa & Sumantika, 2022). As these practical benefits
become more visible through global adoption and digital transformation
initiatives, local investors’ attitudes toward crypto assets tend to improve
correspondingly.

The positive influence of usefulness on attitude is also reinforced by the
broader behavioral-finance perspective. Investors’ perception of instrumental
value, the belief that crypto can generate higher returns, reduce transaction costs,
or expand financial inclusion, directly enhances their evaluative stance toward
adopting the technology (Almajali et al., 2022; Goodell & Aste, 2019). From a
psychological viewpoint, usefulness functions as a cognitive heuristic that
simplifies decision-making: if a system appears to deliver clear and measurable
advantages, users are more likely to perceive it positively and trust its
functionality (Benamati et al., 2010).

At the same time, scholars caution that usefulness perception is dynamic and
context dependent. Shin (2019) and Toufaily (2022) emphasize that the perceived
utility of blockchain systems is moderated by factors such as transparency,
regulation, and public awareness. When these contextual conditions are favorable,
usefulness becomes more salient in driving attitude formation. Conversely, in
markets with weak regulatory clarity, users may underestimate crypto’s
usefulness due to concerns about legality or volatility. This variation highlights
the importance of national context in understanding how usefulness translates into
attitude.

In sum, the literature converges on the premise that Crypto Usefulness (CU)
exerts a significant and positive impact on Attitude (AT) toward cryptocurrency
trading. When individuals perceive that crypto assets provide superior functional
value, whether through efficiency, autonomy, or accessibility that form stronger
positive evaluations and are more motivated to engage. This relationship is
especially relevant in emerging markets like Vietnam, where the economic utility
of blockchain technologies can substantially offset institutional and
infrastructural constraints.
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HO9: Crypto Usefulness (CU) positively influences Attitude (AT).

Crypto Usefulness (CU) = Attitude (AT)

Within the foundational framework of the Technology Acceptance Model
(TAM) (Davis et al., 1989), perceived ease of use is defined as the degree to which
an individual believes that using a particular system would be free of effort. In the
domain of cryptocurrency, ease of use conveys how effortlessly users can
navigate wallets, engage with trading platforms, onboard onto exchanges, manage
keys, and complete transfers with minimal friction. Lowering the cognitive and
operational burden on users is particularly vital given the inherent complexity,
volatility, and perceived risk associated with digital asset platforms.

Empirical research underscores the importance of usability in shaping
attitudinal responses. In traditional technology contexts, Goodell and Aste (2019)
demonstrate that interface simplicity and intuitive design significantly increase
users’ positive evaluation of blockchain applications. Mendoza-Tello et al. (2018)
similarly find that for less experienced or risk-averse users, reducing
technological and cognitive barriers enhances favorable attitudes toward
cryptocurrency adoption. More recently, Shahzad et al. (2024) observe that ease
of use functions as a mediator in blockchain acceptance, asserting that when users
perceive a system as user-friendly, they are more likely to form positive attitudes
and intentions. A study by Indarsin and Ali (2017) further confirms that ease of
use, alongside perceived usefulness and trust, significantly influences behavioral
intention toward cryptocurrency platforms.

Moreover, usability has special salience in emerging markets and less-mature
regulatory environments. Gawer (2014) show that in populations with lower
technological familiarity, the perceived complexity of a platform may
overshadow its functional benefits, unless the user interface is designed to reduce
effort and cognitive load. In such environments, intuitive design reduces anxiety,
enhances perceived confidence, and thereby converts “complex-asset”
apprehension into a more positive attitudinal orientation. The link between ease
of use and attitude is thus stronger where normative and institutional supports are
weaker and user autonomy is higher.

Importantly, from a behavioral-finance perspective, attitude toward trading
cryptocurrency reflects not only outcome expectations but also emotional comfort
with technology. When the interface is intuitive and the onboarding process
smooth, users feel less intimidated by the “crypto barrier,” which elevates their
likelihood of perceiving trading as viable rather than daunting. As such, ease of
use plays both a cognitive (reducing expected effort) and effective (boosting
confidence) role in shaping attitude.

In more specific terms, research in the crypto context suggests that when users
find wallet setup straightforward, exchange fees transparent, trading instructions
clear, and error-recovery seamless, they are more inclined to evaluate
cryptocurrency trading positively. This effect is magnified when the interface
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matches users’ mental models, provides clear feedback, and reduces transaction
anxiety (Sagheer et al., 2022). In a systematic review of cryptocurrency adoption
Namahoot and Rattanawiboonsom (2022) ease of use emerges as one of the core
usability factors influencing attitude and intention.

Finally, the linkage from ease of use to attitude is also robustly supported in
meta-analyses of TAM extensions. Islam et al. (2023) confirm that across digital-
finance contexts, perceived ease of use retains a significant positive effect on
attitude even when controlling perceived usefulness and trust. Given that
cryptocurrency platforms often impose higher perceived cognitive demands (key
management, volatility awareness, regulatory ambiguity), the reduction of effort
via ease of use becomes even more critical for favorable attitude formation.

Drawing upon this body of literature, the following hypothesis is proposed:

H10: Crypto Ease of Use (EU) positively influences Attitude (AT).

Attitude (AT) = Crypto Trading Intention (CI)

Attitude (AT) has long been recognized as a central determinant of behavioral
intention across major theoretical frameworks, including the Theory of Planned
Behavior (TPB) (Ajzen, 1991) and the Technology Acceptance Model (TAM)
(Davis et al., 1989). In essence, attitude captures an individual’s overall evaluative
judgment, favorable or unfavorable, toward performing a specific behavior. In the
context of cryptocurrency trading, attitude represents users’ affective and
cognitive appraisal of engaging with decentralized financial technologies,
encompassing beliefs about their benefits, enjoyment, trustworthiness, and
personal relevance. When individuals evaluate crypto trading positively, they are
more likely to express a strong intention to participate in it.

Empirical findings consistently highlight the importance of attitude in
explaining technology adoption and usage. Almajali Almajali et al. (2022) show
that users’ attitudes toward cryptocurrency are shaped by perceived risk,
usefulness, enjoyment, and ease of use, which collectively influence behavioral
intention. Similarly, Leng et al. (2011) confirm that perceived usefulness (PU)
and perceived ease of use (PEU) directly influence attitude, which then drives
acceptance of financial technology systems. Benamati et al. (2010) further
demonstrate that both usefulness and ease of use contribute not only to positive
attitudes but also to enhanced technological trust, indirectly affecting behavioral
intention. These findings wunderline that a favorable attitude toward
cryptocurrency integrates cognitive (utility-based) and affective (confidence-
based) evaluations that together motivate trading intention.

More recent studies reinforce this linkage within cryptocurrency-specific
contexts. Gil-Cordero et al. (2020) provide robust evidence that positive attitudes
significantly predict the intention to use cryptocurrencies for transactions and
investment. Likewise, Chawla and Joshi (2023) find that attitude mediates the
relationship between perceived trust and behavioral intention, confirming its
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psychological bridging role in digital-currency adoption. In contrast, Pandurugan
and Al Shammakhi (2024) found no significant relationship between attitude and
adoption intention, suggesting that contextual factors such as market maturity,
investor experience, and cultural orientation may moderate this association.
Nonetheless, the preponderance of research across fintech and blockchain studies
demonstrates that favorable attitudes remain a consistent driver of intention
(Albayati et al., 2020; Norisnita & Indriati, 2022; Schaupp & Festa, 2018).

In emerging markets, the impact of attitude on trading intention becomes even
more salient because users often rely on personal beliefs rather than formal
institutional assurances. Arias-Oliva et al. (2019) note that in environments
characterized by limited regulation, a positive affective attitude, grounded in
optimism, curiosity, or perceived empowerment, can substantially enhance the
intention to engage in cryptocurrency investment. Similarly, Raddatz et al. (2023)
find that favorable attitudes, coupled with awareness of blockchain benefits,
significantly predict intention to adopt digital currencies in developing
economies. These findings emphasize that attitude operates as a motivational
catalyst, particularly where structural uncertainties persist.

From a theoretical standpoint, attitude functions as a mediating evaluative
mechanism that translates beliefs into intention. It integrates multiple antecedents,
including perceived usefulness, ease of use, trust, and enjoyment, into an overall
emotional orientation toward the act of trading. Shin (2019) and Toufaily (2022)
further argue that when users feel confident in blockchain’s transparency and
efficiency, they internalize these perceptions as positive attitudes, which then
guide intention. The same pattern is observable across UTAUT-based studies
(Tavallaee et al., 2017; Turan et al., 2015), which demonstrate that attitude
consistently mediates between belief constructs and behavioral outcomes.

Taking together, these findings converge on a consistent conclusion: users who
hold a favorable attitude toward cryptocurrency, viewing it as useful, trustworthy,
and personally beneficial, are significantly more inclined to intend to trade or
invest. A positive attitude thus represents both a cognitive appraisal of benefit and
an affective readiness to act, bridging the gap between belief and behavior in the
cryptocurrency adoption process.

H11: Attitude (AT) positively influences Crypto Trading Intention (CI).

3.2.4 Capability, Risk and Social Influence Factors (H12-H15)

Drawing from Section 2.3 (SCT) and Section 2.5 (Risk Rationale), the next
hypotheses capture how perceived capability, financial literacy, and risk or peer
influences condition investors’ behavioral intentions

Behavioral Control (BC) = Crypto Trading Intention (CI)

Behavioral Control (BC), often conceptualized as an individual’s perceived
ease or capability to perform specific behavior, occupies a central position within
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the Theory of Planned Behavior (TPB) (Ajzen, 1991). BC reflects both the
availability of facilitating resources and the perceived ability to manage
challenges or obstacles in executing a particular behavior. In the context of
cryptocurrency adoption, BC captures the degree to which individuals feel
competent in understanding, accessing, and effectively using crypto platforms,
including their capacity to manage digital wallets, conduct transactions, and
ensure security. As such, BC represents both a cognitive belief in capability and
an affective sense of control, two critical antecedents of intention in high
uncertainty environments such as decentralized finance.

A robust body of research demonstrates the positive association between BC
and behavioral intention in technology adoption. Tavallaee et al. (2017), Schaupp
and Festa (2018), and Mahardhika and Zakiyah (2020) all report that individuals
who perceive higher self-efficacy and control over digital-finance systems are
more inclined to use cryptocurrencies or fintech applications. Similarly, Albayati
et al. (2020) find that the perception of control over digital transactions
significantly mediates the relationship between perceived usefulness and actual
intention to use blockchain-based payment systems. These studies underscore the
motivational role of BC in shaping intention, particularly in digital environments
that require a blend of technological literacy and financial awareness.

However, the literature also presents mixed empirical evidence regarding the
strength and universality of this relationship. Zamzami (2020) observed that
behavioral control did not significantly influence cryptocurrency adoption
intention in certain markets, suggesting that contextual differences, such as levels
of digital literacy, technological infrastructure, or regulatory clarity that may
moderate the effect of BC. For example, in highly regulated or mature markets,
institutional safeguards may substitute for personal control, whereas in emerging
markets, individual confidence plays a more decisive role in adoption. This
divergence highlights the need for contextualized analysis, as BC may be more
influential in environments where users must rely on self efficacy to offset
structural uncertainties.

Recent studies have revisited BC in relation to digital finance, fintech, and
crypto ecosystems. Pandurugan and Al Shammakhi (2024) confirm that perceived
control enhances crypto investment intention by increasing psychological
readiness to handle technological complexity. Likewise, Rahardja et al. (2023)
show that digital readiness, a construct overlapping with BC, positively impacts
users’ perceived self-efficacy and ability to operate blockchain technologies. In
parallel, Almajali Almajali et al. (2022) report that higher self confidence and
familiarity with crypto operations predict stronger trading intention among
investors in developing economies. These findings reinforce Ajzen (2012)
assertion that perceived control functions both as a motivational belief and a
behavioral enabler, linking cognitive capability with actual decision-making.

From a Social Cognitive Theory (SCT) perspective (Bandura, 1986), BC
corresponds closely to perceived self-efficacy, the belief in one’s ability to
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organize and execute the actions necessary to achieve specific goals. Self-efficacy
enhances resilience, reduces anxiety, and supports persistence in challenging
technological environments. In cryptocurrency contexts, where volatility, security
risks, and market speculation are prevalent, BC helps users feel capable of
managing uncertainty and exerting personal agency over investment decisions
(Altaf & Jan, 2023; Kumar & Rani, 2024). The greater the perceived control, the
more likely investors are to interpret risk as manageable rather than prohibitive,
transforming apprehension into informed engagement.

Furthermore, behavioral control may interact synergistically with other
variables in the model, such as facilitating conditions (FC) and financial literacy
(FL) to enhance intention. When individuals perceive that sufficient external
support exists (e.g., educational resources, user friendly interfaces, and online
assistance), their internal sense of control is amplified (Restuputri et al., 2023;
Venkatesh et al., 2003). This interplay between environmental and personal
enablers 1s especially relevant in emerging markets, where institutional
infrastructure remains developing. In Vietnam, for instance, improvements in
digital-banking accessibility, blockchain education programs, and peer-learning
networks have collectively strengthened citizens’ capacity to interact with crypto
platforms, thereby elevating BC and intention.

It is also worth noting that BC does not operate uniformly across all investor
segments. Experienced traders may derive control from technical proficiency and
market familiarity, while novice users rely on perceptions of simplicity and
institutional transparency. Empirical evidence suggests that BC’s effect on
intention may be partially mediated by trust: when individuals perceive that they
can control and understand the system, they also tend to trust it more (Gil-Cordero
et al., 2020; Shin, 2019). Consequently, BC not only acts as a direct determinant
of behavioral intention but also as an indirect facilitator of trust and confidence in
the cryptocurrency ecosystem.

Given the growing importance of personal competence in navigating
decentralized finance, revisiting the role of BC in emerging contexts such as
Vietnam is both theoretically and practically significant. In environments where
regulation is evolving and public understanding of digital assets is still limited,
BC may substitute for institutional assurance by empowering individuals to rely
on their own skill, digital literacy, and adaptive learning. Thus, understanding
how BC influences Crypto Trading Intention (CI) provides critical insight into
how personal agency compensates for systemic uncertainty.

H12: Perceived Behavioral Control (BC) positively influences Crypto Trading
Intention (CI).

Financial Literacy (FL) = Behavioral Control (BC)

In the evolving domain of digital finance, Financial Literacy (FL) has become
a pivotal determinant of user behavior, particularly when engaging with high risk,
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information intensive technologies such as cryptocurrency. Haupt (2021) defines
FL as “a combination of awareness, knowledge, skill, attitude, and behavior
necessary to make sound financial decisions.” In the cryptocurrency context
where price volatility, technological complexity, and regulatory ambiguity
coexist, FL plays a crucial enabling role. It empowers users to interpret
blockchain mechanisms, evaluate project legitimacy, and manage digital assets
responsibly, thereby transforming uncertainty into informed engagement.

A growing body of empirical evidence supports the positive relationship
between financial literacy and behavioral intention toward digital-asset use.
Arias-Oliva et al. (2019), Shuhaiber et al. (2025) find that individuals with higher
levels of financial literacy demonstrate greater confidence in adopting
cryptocurrencies because they can better understand and manage potential risks.
Kumar and Rani (2024) confirm that financial knowledge and planning ability
increase investors’ willingness to experiment with digital currencies and reduce
speculative herd behavior. Similarly, Zhao and Zhang (2021) argue that
financially literate users evaluate both the utility and risk of cryptocurrency
investment more systematically, avoiding impulsive decisions driven by hype or
misinformation. These results converge on the idea that literacy mitigates
behavioral biases, such as overconfidence or fear of missing out (FOMO) that
often dominate crypto markets (Altaf & Jan, 2023).

In emerging economies, where access to formal financial education remains
limited, FL becomes even more essential. Norbu et al. (2024) emphasize that
literacy enables individuals to critically assess information from non-traditional
sources, such as social media, influencers, or online communities, and to develop
independent judgments. This independence is particularly valuable in markets
like Vietnam, where regulatory frameworks are still evolving and credible
financial guidance is scarce. Through education, users acquire not only the
conceptual understanding of blockchain and investment mechanics but also the
confidence to act autonomously, a psychological prerequisite for developing
trading intention.

Beyond its cognitive dimension, financial literacy also influences risk tolerance
and innovation receptiveness, two psychological constructs strongly associated
with the adoption of disruptive technologies. Classical research (Hung et al.,
2009; Lusardi & Mitchell, 2014) indicates that individuals with higher literacy
levels exhibit stronger confidence in navigating uncertain environments, greater
capacity to assess trade-offs, and more proactive attitudes toward novel financial
products. More recent studies extend this logic to fintech and cryptocurrency
adoption. Konigsheim et al. (2017) find that digital finance training programs
significantly raise participants’ risk tolerance and their readiness to invest in
blockchain assets. Rahardja et al. (2023) similarly show that literacy in blockchain
concepts enhances perceived behavioral control, which in turn strengthens
intention. Thus, literacy does not merely provide factual knowledge, it builds the
self-efficacy necessary to participate in volatile, decentralized markets.

64



From a behavioral finance perspective, FL acts as a cognitive moderator that
reduces perceived ambiguity and facilitates rational decision-making. It helps
investors differentiate between credible and manipulative crypto projects,
interpret tokenomics and white papers, and comprehend transaction fees, thereby
reducing anxiety and fostering trust in the system (Shin, 2019; Toufaily, 2022).
By equipping users with analytical frameworks to assess expected returns against
potential risks, literacy fosters a more balanced attitude that supports consistent
engagement rather than speculative impulse. Moreover, as cryptocurrencies
demand active self-custody, management of private keys, wallets, and
authentication protocols, financially literate individuals are better prepared to
handle operational risks, thereby reinforcing both confidence and intention.

In the specific case of Vietnam, FL holds distinctive policy and behavioral
significance. The country’s rapid digitalization has outpaced the population’s
formal financial education, producing a gap between technological access and
understanding. Government and academic initiatives to promote financial
inclusion, such as the State Bank’s “Smart Finance” campaign and fintech literacy
workshops that have begun to address this gap. Yet, for many users, peer-to-peer
learning and online communities remain the primary sources of financial
education. In such settings, literacy functions as a form of social capital,
empowering individuals to engage responsibly in crypto trading despite
regulatory uncertainty. Consequently, investors with stronger financial literacy
are more likely to form positive attitudes toward cryptocurrency and translate
these attitudes into concrete trading intentions.

Synthesizing insights from TAM, TPB, and behavioral finance theory,
financial literacy emerges as both a cognitive enabler and an affective stabilizer.
It strengthens perceived control, enhances trust, and aligns intention with
informed decision-making. The evidence suggests that individuals who
understand financial mechanisms, risk management, and blockchain
fundamentals possess greater psychological readiness to trade cryptocurrencies.
Thus, financial literacy serves as the intellectual infrastructure that underpins
responsible participation in the digital-asset ecosystem.

H13: Financial Literacy (FL) positively influences Behavioral Control (BC)

Perceived Risk (PR) = Crypto Trading Intention (CI)

In the digital-finance and behavioral-intention literature, Perceived Risk (PR)
has traditionally been defined as an individual’s subjective evaluation of the
uncertainty and potential negative outcomes associated with using a technology
(Featherman & Pavlou, 2003). However, in the context of this dissertation, the
construct is reverse-coded, such that higher PR scores represent greater perceived
safety and lower concern regarding financial, security, or privacy threats.
Accordingly, PR in this model reflects confidence in risk mitigation rather than
risk apprehension. This conceptual clarification is essential, as it transforms PR
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from a deterrent factor into a perceived protection mechanism that enhances
trading intention.

In cryptocurrency environments where market volatility, anonymity, and
regulatory ambiguity often coexist users’ risk perceptions are shaped by both
technological confidence and institutional trust. When investors perceive crypto
platforms as safe, reliable, and well protected, they experience psychological
assurance that facilitates trading behavior. Lee (2009) was among the first to
conceptualize perceived financial and information security as positive
determinants of e-commerce adoption, showing that a sense of safety increases
users’ readiness to transact online. Extending this logic, Featherman and Pavlou
(2003) demonstrated that when users believe risk 1s manageable or minimized,
perceived behavioral control and intention rise substantially.

Recent research in blockchain and fintech adoption strongly supports this
positive relationship between perceived safety (low risk perception) and
behavioral intention. Julio C Mendoza-Tello et al. (2019) and Arias-Oliva et al.
(2019) found that individuals who perceive cryptocurrencies as transparent and
secure are more inclined to adopt them, interpreting risk reduction as a signal of
technological maturity. Similarly, Rahardja et al. (2023) showed that blockchain
transparency and user control mechanisms decrease risk anxiety, which in turn
strengthens intention to use digital currencies. Hoffmann and Shefrin (2014)
further confirmed that perceived system controllability, closely linked to low
perceived risk, enhances investor confidence and trading participation. These
findings collectively affirm that when investors feel protected against financial
loss or privacy breaches, they are more willing to engage in crypto trading.

From a behavioral-finance perspective, reduced risk perception not only
alleviates fear but also increases perceived opportunity. Kumar and Rani (2024)
observed that when investors believe crypto transactions are secure, they interpret
volatility as manageable and exhibit higher trading frequency. Likewise, Altaf
and Jan (2023) reported that confident investors, who perceive the market as
stable and predictable, are more likely to participate in speculative yet calculated
investments. This dynamic mirrors the perceived behavioral control mechanism
in TPB (Ajzen, 1991) where lower perceived barriers (in this case, reduced risk)
strengthen behavioral intention by increasing psychological readiness.

In emerging-market settings such as Vietnam, this relationship acquires
additional relevance. Weak regulatory oversight and inconsistent public
communication can heighten general perceptions of risk, discouraging potential
investors. Yet, Norbu et al. (2024) note that individuals who perceive
cryptocurrencies as safe alternatives to unstable traditional systems often view
them as financial empowerment tools rather than hazards. This sense of
empowerment, stemming from low perceived risk, facilitates not only confidence
but also a positive emotional attachment to trading behavior. In such contexts,
risk perception interacts with trust and financial literacy: informed and
technologically literate investors are better able to assess and contextualize risk,
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thereby perceiving the environment as safer and more navigable (Shin, 2021;
Toufaily, 2022).

Empirical evidence also highlights that perceived risk operates in tandem with
trust to influence behavioral intention. Albayati et al. (2020) and Gil-Cordero et
al. (2020) demonstrated that the combination of high trust and low perceived risk
exerts a strong, positive effect on users’ attitudes and adoption of blockchain
technologies. This interaction suggests that perceived safety functions as a
reinforcing loop: when risk is viewed as minimal, trust deepens; when trust is
high, perceived risk declines further, jointly amplifying intention. In the
Vietnamese context, where trust in traditional financial institutions is uneven,
feeling safe with decentralized technology may serve as an alternative foundation
for behavioral commitment.

In this study, Perceived Risk (PR) items (PR1-PR3) are reverse-coded to
represent perceived safety and confidence rather than risk apprehension.
Higher scores on these items therefore indicate a lower level of perceived risk that
1s, stronger beliefs that cryptocurrency use is safe, secure, and reliable.
Consequently, in the structural model, an increase in PR reflects greater perceived
safety, which is hypothesized to enhance investors’ intention to engage in
cryptocurrency trading (CI).

Overall, literature and conceptual reasoning converge on the proposition that
as perceived risk decreases, that is, as investors feel safer and more confident
using cryptocurrency platforms, their intention to trade increases. In this sense,
PR represents not fear but a sense of security, aligning positively with the
motivational mechanisms underlying adoption and participation in digital-asset
markets.

Given that perceived risk has demonstrated contradictory effects in previous
studies, sometimes deterring trading, and at other times stimulating speculative
behavior, this study tests whether the relationship remains consistent in an
emerging, high-uncertainty market setting.

H14: Perceived Risk (PR) negatively influences Crypto Trading Intention (CI).
(Explanation: The relationship is positive because higher PR scores reflect lower
perceived risk, i.e., greater perceived safety and confidence in cryptocurrency
platforms which in turn increase investors’ willingness to trade.)

Subjective Norms (SN) = Crypto Trading Intention (CI)

Subjective Norms (SN), the perceived social pressure to perform or avoid a
specific behavior, constitute a core determinant of behavioral intention in the
Theory of Reasoned Action (TRA) (Ajzen & Fishbein, 1988) and its extension,
the Theory of Planned Behavior (TPB) (Ajzen, 1991). In financial and
technological domains, SN captures the influence of reference groups, family,
friends, colleagues, or online communities, whose opinions shape an individual’s
motivation to conform. The stronger the perception that significant others approve
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of a behavior, the higher the likelihood that an individual will intend to perform
it. Within cryptocurrency trading, SN encompasses normative pressures arising
from both offline networks and digital communities that legitimize participation
in decentralized finance.

Early empirical studies established the relevance of social influence in
technology adoption. Turan et al. (2015) demonstrated that subjective norms
significantly predict behavioral intention in mobile-banking contexts, while
Schaupp and Festa (2018) found similar effects in online investment platforms.
Extending these results to the crypto sphere, Almajali et al. (2022) report that peer
encouragement and social discussion forums enhance positive attitudes and
willingness to adopt cryptocurrencies. Social endorsement thus functions as a
heuristic shortcut that compensates for users’ limited technical understanding or
institutional trust, particularly salient in novel, high-risk markets like digital
assets.

Nevertheless, the empirical evidence remains mixed. Zamzami (2020) reported
that subjective norms did not significantly influence cryptocurrency-adoption
intention, suggesting that the impact of social pressure may depend on cultural or
market maturity factors. Similarly, Pandurugan and Al Shammakhi (2024) found
that while normative belief and motivation to comply did not yield a direct effect
on intention, social influence became significant when moderated by
technological familiarity and perceived enjoyment. This inconsistency highlights
that SN’s role may not be universal; rather, it may fluctuate with the strength of
social networks, public discourse, and the salience of collective learning within
each context.

Recent research (2023-2025) offers refined insights into these contingencies.
Naeem (2021) observe that in crypto ecosystems, social proof, the perception that
others are successfully trading or profiting, substantially increases users’
behavioral intention, especially among novice investors. Shahzad et al. (2024)
further argue that community trust and group identification amplify the influence
of SN by fostering emotional belonging within online trading forums. In a similar
vein, Brahmana and Kontesa (2025) shows that the endorsement of
cryptocurrencies by influencers or financial opinion leaders serves as a strong
normative cue that shapes both attitude and intention. These findings align with
Social Learning Theory (Bandura, 1986), which posits that individuals model
behaviors observed in credible or admired referents. Within digital-finance
communities, such modeling is accelerated through real-time information sharing
and social validation, often transforming uncertainty into collective enthusiasm.

From a cultural perspective, SN exerts particular force in collectivist societies
where conformity, harmony, and social reputation are valued (Kashif et al., 2018).
In Southeast Asia, including Vietnam, individuals often seek validation from
peers and family before adopting new technologies or financial instruments. Local
surveys reveal that many Vietnamese retail investors enter cryptocurrency
markets after recommendations from social networks or exposure to online
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success narratives (Norbu et al., 2024). The normalization of crypto trading within
peer groups thus reduces perceived stigma or fear of loss, increasing willingness
to participate. Conversely, negative public discourse or government warnings can
suppress trading intention by signaling social disapproval.

In behavioral-finance terms, SN operates as both a cognitive shortcut and an
emotional amplifier. Individuals interpret others’ actions as informational cues
about market safety or profitability, a phenomenon akin to herding behavior
(Boxer & Thompson, 2020). Kumar and Rani (2024) note that such social
learning can accelerate adoption during bullish markets, even when objective
information remains incomplete. While this dynamic can foster speculative
bubbles, it also demonstrates how powerful social signals can be in shaping
intention independent of personal analysis. The perceived consensus among
trusted peers legitimizes participation and strengthens behavioral commitment.

In the Vietnamese setting, SN is likely to play an increasingly critical role
because traditional financial institutions provide limited guidance on crypto
assets. In the absence of formal intermediaries, investors rely heavily on informal
networks, Facebook groups, Telegram channels, and local trading clubs, for
market insights and emotional reassurance. These communities serve as collective
cognition systems that influence not only what participants believe about
cryptocurrencies but also how confident they feel about engaging in trading.
Consequently, perceived peer approval and collective excitement act as normative
motivators that heighten crypto-trading intention.

Taken together, the literature suggests that subjective norms exert both direct
and contextual influence on crypto-trading behavior. They operate through
mechanisms of social validation, observational learning, and cultural conformity,
shaping perceived legitimacy and emotional readiness. Although empirical
findings differ across contexts, the weight of evidence supports a positive
association between social influence and behavioral intention in environments
where community discourse and peer networks dominate information flows.

H15: Subjective Norms (SN) positively influence Crypto Trading Intention
(CD).

Although previous empirical findings have been mixed, this study proposes the
following hypothesis to examine whether this relationship holds in the context of
an emerging, unregulated cryptocurrency market.

3.2.5 Mediating Mechanism of Attitude (H16)

Following Shin’s (2019) Digital Trust Theory and the mediating pathways
proposed in Section 2.9 (Theoretical Integration), this subsection specifies
attitude as the psychological bridge translating trust in crypto systems into trading
intention

69



Attitude (AT) is a pivotal construct in behavioral-intention models, serving as
a psychological channel through which cognitive beliefs, such as trust, are
transformed into behavioral motivation. In the integrated theoretical framework
of this dissertation, drawing on the Technology Acceptance Model (TAM)
(Davis, 1989), the Theory of Planned Behavior (TPB) (Ajzen, 1991), and Digital
Trust Theory (DTT) (Shin, 2019), attitude is hypothesized to mediate the effect
of Crypto Trust (CT) on Crypto Trading Intention (CI). This mediating
mechanism aligns with the broader consensus that beliefs must first shape
evaluative judgments (attitudes) before crystallizing into behavioral readiness
(intentions) (Ajzen & Fishbein, 2005).

To justify this mediation, three theoretical pathways are established and
empirically supported: (a) CT =2 AT, (b) AT = CI, (¢) CT = CI. Together, they
provide the causal foundation for testing whether attitude serves as the intervening
variable linking trust in blockchain technology with intention to engage in
cryptocurrency trading.

Path a: Crypto Trust (CT) — Attitude (AT)

Trust functions as a critical cognitive antecedent of attitude across digital-
finance and technology-adoption studies. According to Digital Trust Theory
(Shin, 2019), users’ belief in a system’s reliability, transparency, and integrity
reduces uncertainty and generates favorable evaluations toward that technology.
When individuals trust blockchain to secure transactions, safeguard privacy, and
operate predictably, their attitudes toward using or trading cryptocurrencies
become significantly more positive.

Empirical evidence substantiates this link. Benamati, Serva, and Fuller (2010)
demonstrated that technological trust directly influences positive attitudes in
high-tech adoption contexts. Gil-Cordero et al. (2020) found that trust in
blockchain transparency and immutability predicts a favorable attitude toward
cryptocurrency use. Albayati, Kim, and Rho (2020) and Almajali, Masa’Deh, and
Dabhalin (2022) corroborated that trust not only enhances user satisfaction but also
serves as a core determinant of attitude and perceived usefulness. More recent
studies, Shahzad et al. (2024) and Alrehaili (2025), extend this evidence, showing
that trust in blockchain’s system integrity and security positively influences both
perceived usefulness and attitude, particularly among emerging-market investors.

Thus, theoretical and empirical findings converge: when users develop strong
Crypto Trust (CT), believing that blockchain systems are transparent, reliable,
and secure, they form positive attitudes (AT) toward engaging with
cryptocurrency markets.

Path b: Attitude (AT) — Crypto Trading Intention (CI)

The second pathway is grounded in the Theory of Planned Behavior (TPB)
(Ajzen, 1991), which posits that attitude is a direct and primary predictor of
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behavioral intention. In technology adoption, this relationship has been
consistently validated: a favorable attitude toward an innovation increases an
individual’s likelihood of adopting or using it. Within cryptocurrency research,
attitude captures both affective (enjoyment, curiosity) and cognitive (usefulness,
trustworthiness) evaluations that collectively determine the readiness to trade.

Empirical results confirm this relationship across multiple contexts. Gil-
Cordero et al. (2020) and Almajali et al. (2022) found that positive attitudes
toward cryptocurrency significantly predict intention to use or invest. Schaupp
and Festa (2018) and Norisnita & Indriati (2022) similarly report that attitude is a
robust driver of intention in online trading and fintech adoption. Moreover,
Chawla and Joshi (2023) demonstrate that attitude mediates between trust and
behavioral intention, illustrating its bridging role in transforming cognitive
assurance into motivational readiness. Even though Pandurugan and Al
Shammakhi (2024) found inconsistent results in certain contexts, the dominant
empirical consensus remains that favorable attitudes are strongly associated with
intention to engage in crypto trading.

From a psychological standpoint, attitude integrates rational beliefs
(usefulness, security) and affective experiences (confidence, excitement),
transforming cognitive evaluations into behavioral momentum. As Ajzen &
Fishbein (2005) argue, it is through attitude that abstract beliefs translate into
specific intention—the mechanism by which the mind “approves” the act before
performing it.

Path c: Crypto Trust (CT) — Crypto Trading Intention (CI)

The third pathway, between trust and intention, is well established in both the
technology-acceptance and digital-finance literatures. Trust is a necessary
antecedent of behavioral intention because it provides the psychological
assurance needed for users to commit to systems characterized by uncertainty or
risk (McKnight et al., 2002; Shin, 2019). In decentralized environments, where
regulatory oversight and institutional guarantees are limited, trust in technology
itself becomes the foundation for action.

Albayati et al. (2020) showed that trust in blockchain directly influences
behavioral intention toward using fintech services, and Sousa et al. (2022)
confirmed similar effects in digital-payment systems. Marella et al. (2020) found
that user trust in blockchain enhances willingness to engage in cryptocurrency
transactions, while Rahardja et al. (2023) emphasize that trust’s influence on
intention persists even when controlling for perceived usefulness and risk. These
findings collectively suggest that individuals with higher trust in the security,
fairness, and technical competence of blockchain are more likely to develop
strong crypto trading intentions (CI).

In emerging-market settings, trust assumes even greater importance because
users often substitute technological assurance for institutional regulation. As
observed in Li et al. (2023) and Campino et al. (2024), the absence of clear
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government frameworks amplifies reliance on trust in the system itself as the
primary determinant of intention. Hence, in Vietnam where legal recognition of
cryptocurrency 1s evolving, trust provides a psychological anchor for
engagement, directly motivating trading intention.

Empirical Evidence for the Mediating Role of Attitude (AT)

Having established these three foundational relationships, multiple empirical
studies have explicitly tested the mediating role of attitude between trust and
behavioral intention in fintech and cryptocurrency contexts.

Gil-Cordero et al. (2020) identified that attitude mediates the relationship
between blockchain trust and intention to use cryptocurrencies, suggesting that
users’ confidence in technology shapes intention primarily through the formation
of positive evaluative beliefs. Albayati et al. (2020) similarly found that trust’s
influence on intention operates through satisfaction and attitude, confirming
partial mediation. Toufaily (2022) provided nuanced insight, noting that
decentralization and disintermediation, core features of blockchain, can
simultaneously enhance or weaken trust and attitude, thus moderating the strength
of mediation. Chawla and Joshi (2023) demonstrated that attitude fully mediates
between trust and investment intention, establishing it as the affective mechanism
that channels cognitive trust into behavioral commitment. Furthermore, Alrehaili
(2025) observed that in emerging economies, trust affects trading intention
indirectly through attitude and perceived usefulness, reinforcing the integrative
mediation framework proposed in this dissertation.

Collectively, these empirical findings align with the theoretical expectation that
trust fosters positive evaluation (CT — AT), which then translates into behavioral
readiness (AT — CI). The direct pathway from trust to intention (CT — CI)
remains significant but attenuated when attitude is introduced as a mediator,
confirming that much of trust’s behavioral influence operates through attitudinal
transformation.

In summary, this study conceptualizes Attitude (AT) as the mediating variable
linking Crypto Trust (CT) to Crypto Trading Intention (CI). Trust in blockchain
technology establishes the cognitive foundation for confidence, but it is through
the formation of a favorable attitude that this confidence becomes an actionable
intention. The mediation reflects both a psychological process, the internal
conversion of belief into motivation, and an empirical pattern consistently
validated in fintech and blockchain research.

H16: Attitude (AT) mediates the relationship between Crypto Trust (CT) and
Crypto Trading Intention (CI).

3.3 Summary of hypotheses

The preceding discussion synthesized insights from the Theory of Planned
Behavior (TPB), Technology Acceptance Model (TAM), Social Cognitive
Theory (SCT), and Digital Trust Theory (DTT) to develop an integrated
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framework for understanding cryptocurrency trading intention (CI) in emerging
markets.

Drawing on these theoretical foundations, sixteen hypotheses were formulated to
explain how technological, psychological, environmental, and institutional
factors jointly influence investor behavior.

4. RESEARCH METHODOLOGY
4.1 Research Paradigm and Design

This study adopts a positivist research paradigm and a deductive approach to
empirically test theoretically grounded relationships within an integrated
behavioral model of cryptocurrency trading intention. Positivism assumes that
reality is objective and measurable, enabling causal inference through hypothesis
testing and statistical validation. Accordingly, the study draws on established
theories—TAM, TPB, SCT, and Digital Trust Theory—to derive and empirically
evaluate hypotheses explaining cryptocurrency trading intention in Vietnam.

Aligned with this paradigm, the research employs a quantitative, explanatory,
cross-sectional design. The quantitative approach facilitates systematic
measurement of latent constructs and generalization of findings, while the
explanatory focus seeks to identify causal mechanisms linking technological,
psychological, and institutional factors to trading intention. A cross-sectional
design is appropriate for capturing prevailing investor perceptions within a
rapidly evolving crypto environment.

Data were analyzed using Partial Least Squares Structural Equation Modeling
(PLS-SEM) via SmartPLS 4.0. PLS-SEM is well suited for complex, theory-
driven models with multiple latent constructs, moderate sample sizes, and non-
normal data. The technique enables simultaneous assessment of measurement and
structural models, supports mediation analysis, and emphasizes predictive
accuracy. Its robustness and flexibility make it particularly appropriate for
behavioral research in volatile and emerging markets such as cryptocurrency.

4.2 Sampling and Data Collection

Sampling and data collection form the backbone of quantitative behavioral
research, as the suitability of the sample directly determines the validity,
generalizability, and interpretability of structural model results. In line with the
positivist research paradigm and explanatory design outlined in Section 4.1, this
study employed an online survey strategy optimized for reaching cryptocurrency-
engaged individuals in Vietham—an audience that is inherently decentralized,
digitally active, and not captured by formal administrative records. The structure
of this section follows recommended methodological standards for PLS-SEM—
based research (Hair et al., 2021; Creswell & Creswell, 2023), ensuring
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transparency and rigor in sampling decisions, data collection procedures, and
quality control mechanisms.
4.2.1 Target Population

The target population comprises individuals in Vietnam who actively trade
cryptocurrencies or possess substantial awareness of crypto markets. Vietnam
represents a relevant empirical context due to its high level of crypto adoption,
young and digitally literate population, and regulatory ambiguity. The population
includes active traders, potential adopters, and financially or technologically
literate individuals such as university students and young professionals.

4.2.2 Sampling Technique

Given the absence of formal records of cryptocurrency users, non-probability
purposive sampling, supplemented by snowball sampling, was employed.
Participants were required to be at least 18 years old, reside in Vietnam, and have
experience with or knowledge of cryptocurrency trading. Snowball sampling
facilitated access to decentralized trading communities through academic
networks and online crypto forums, enabling efficient reach to a heterogeneous
but relevant respondent pool.

4.2.3 Data Collection Procedure

Data were collected via an online questionnaire administered through Google
Forms between February and June 2024. The survey was distributed through
university networks in Ho Chi Minh City and cryptocurrency-related online
communities. Prior to full deployment, the instrument was pilot tested with ten
experts from academia and industry to refine wording, ensure cultural
appropriateness, and improve clarity. Of 500 initial responses, 397 valid
observations were retained after data screening, providing a diverse and
methodologically adequate sample.

4.2.4 Sample Size Justification

Sample adequacy was evaluated using established PLS-SEM criteria. The “10-
times rule” (Hair et al., 2021) stipulates that the minimum sample must equal ten
times the largest number of structural paths affecting a dependent variable. In this
study, the construct Crypto Trading Intention (CI) has eight predictors, requiring
a minimum of 80 observations. With 397 usable responses, the sample exceeds
established benchmarks for statistical power, model stability, and
generalizability.

4.2.5 Response Screening and Data Quality

Data quality procedures included removal of incomplete and patterned
responses, outlier detection using Mahalanobis distance, and assessment of
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normality and multicollinearity. All VIF values were below critical thresholds.
Common method bias was mitigated through procedural remedies and confirmed
as minimal via Harman’s single-factor test. The final dataset was analyzed using
SPSS and SmartPLS.

4.3 Instrument Development

The survey instrument was developed through a theory-driven, multi-stage
process to ensure validity, reliability, and contextual relevance. Measurement
items were adapted from established studies grounded in TAM, TPB, SCT, and
Digital Trust Theory, with each construct operationalized using three to five
indicators. The process involved scale adaptation, contextual refinement for
Vietnam, and pilot testing prior to full administration.

4.3.1 Construct Identification and Item Adaptation

Measurement items were adapted from prior studies in technology adoption,
behavioral finance, and fintech research to ensure theoretical consistency with
TAM, TPB, SCT, and DTT. Constructs covered technological, behavioral, and
institutional dimensions influencing crypto trading intention. Each latent variable
was represented by three to five indicators to enhance reliability and facilitate
convergent and discriminant validity testing.

4.3.2 Measurement Clarifications

Three constructs required contextual refinement. Perceived Risk was reverse
coded to reflect perceived safety rather than loss, aligning with Vietnam’s high-
risk crypto environment. Government Support was measured as a perceived or
anticipated construct reflecting expectations of future regulatory recognition.
Perceived Behavioral Control was explicitly aligned with TPB, capturing
individuals’ self-assessed capability to engage in cryptocurrency trading rather
than objective control. These adjustments ensure conceptual precision and
coherence within the integrated behavioral model.

Table 4.3-1 Clarification of Key Constructs (PR, GS, BC) for the Vietnamese
Context

Variable Improvement Needed Why
PR Explicitly add note: “Reverse- Prevents confusion
(Perceived Risk) coded to represent perceived in SEM
safety/confidence.” interpretation.
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Variable Improvement Needed Why

GS Add note: “Measured as perceived Avoids concentual
(Government or anticipated support (if-regulated ambieuit P
Support) condition).” suly:
Ensure alignment with SEM:
BC (Behavioral ‘r‘ename? Behavmr' Control” — Strengthens
Perceived Behavioral Control : ..
Control) theoretical precision.

(PBC)” for standardization with
Ajzen.

4.3.3 Translation, Validation, and Pilot Testing

The instrument was translated into Vietnamese and backtranslated into English
to maintain semantic equivalence (Brislin, 1980). A panel of five experts
reviewed the instrument for content validity, cultural clarity, and theoretical
consistency. Minor revisions were made to simplify blockchain terminology and
align regulatory language with local context.

A pilot test of 30 participants confirmed instrument reliability and ease of
comprehension. Cronbach’s alpha values ranged from 0.78 to 0.91, indicating
satisfactory internal consistency (Nunnally & Bernstein, 1994). Feedback
confirmed that the average completion time (10—12 minutes) was appropriate for
online administration.

4.3.4 Construct Operationalization and Measurement Sources

Each construct used in this study was operationalized based on empirically
validated scales from prior studies in information systems, behavioral finance,
and fintech adoption research. Adaptation focused on maintaining conceptual
equivalence while ensuring contextual relevance for cryptocurrency users in
Vietnam. All items were measured using a five-point Likert scale (1 = strongly
disagree to 5 = strongly agree), which supports fine-grained statistical analysis
and respondent comprehension (Joshi et al., 2015).

Where necessary, items were reworded to fit the Vietnamese context and
blockchain terminology, as confirmed through bilingual expert review (Brislin,
1980) and pilot testing. Constructs such as Perceived Risk (PR) and Government
Support (GS) were adjusted to capture contextual nuances such as trust in
technology under unregulated conditions.

Table 4.3.4-1 below summarizes the operationalization of each construct,
including the number of items, illustrative example, and primary measurement
source.
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Table 4.3-2 Construct Operationalization and Measurement Sources

No. .
Construct of lllustrative Example Adapted Source(s)
Item
Items
Prakosa & Sumantika
Technolo “I believe that (2023); Shahzad et al.
&y cryptocurrency is a (2024); Mendoza-Tello et
Characteristics 5 . :
(TC) reliable and secure al. (2019); Kim et al.
form of currency.” (2011); Lu et al. (2010);
Shin (2019)
“I think trading
. . cryptocurrency Mutlu & Ozer (2019);
;l:;,il,()img Traits 3 increases the chances of | Lai (2019); Liu et al.
getting something (2016)
significant.”
“I believe if the
government supports Albayati et al. (2020);
Government 5 cryptocurrency Zamzami (2020);
Support (GS) regulations, that will Almajali et al. (2022);
incentivize using Marella et al. (2020)
cryptocurrencies.”
“The service providers | Shin (2019); Albayati et
Crypto Trust 4 give the impression that | al. (2020); Li et al.
(CT) they keep promises and | (2023); Shahzad et al.
commitments.” (2024)
o I'have the required | p e et al. (2023);
Facilitating and necessary resources
Conditions (FC) 3 to use Morosan & DeFranco
N (2016); Li et al. (2023)
cryptocurrencies.
. . I never blindly g.et nto Pandurugan & Al
Financial any investment without . .
. 3 Shammakhi (2024); Li et
Literacy (FL) any knowledge of the
) . al. (2023)
instrument.
Perceived “I feel I have complete
Behavioral 3 control over whether or | Lai (2019); Schaupp &
Control (PBC) not to use Festa (2018)
(formerly BC) cryptocurrencies.”
“Investment in a Pandurugan & Al
Attitude (AT) 3 cryptocurrency market Shammakhi (2024);

1s a wise choice.”

Prakosa & Sumantika
(2023); Lai (2019)
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No. .
Construct of Hlustrative Example Adapted Source(s)
Item
Items
- CUsing CrYPIOGUITeNcy | 1, (014); Shahzad et al.
yp 3 ¢ 1mp (2024); Mendoza-Tello et
Usefulness (CU) efficiency of my al. (2019)
financial transactions.” )
Crypto Ease of cLeatr;l;lrllrgr:E;V o Lu (2014); Shahzad et al,
yP 3 typ oney (2024); Mendoza-Tello et
Use (EU) platforms is easy for al. (2019)
me.” ]

. If many.people A (2014); Morosan &
Subjective community or friends _
Norms (SN) 3 use Bitcoins, [ will use DeFrancp (2016);

) . Albayati et al. (2020)
this service.
Perceived Risk “I believe using
(PR) (reverse- cryptocurrencies is safe
coded as 3 and does not expose me | Lee (2009)
perceived to major financial
safety/confidence) risks.”
Prakosa & Sumantika
“I intend to use (2023); Altaf & Jan
Crypto Trading cryptocurrency at some (2023); Lai (2019);
Intention (CT) 6 point in the future if Morosan & DeFranco
there is legal (2016); Schaupp & Festa
regulation.” (2018); Author (Vietnam
context)

Table 4.3.4-1 presents the finalized operationalization of constructs, showing
the number of items, representative statements, and primary measurement sources
adapted from established scales. All items were measured using a five-point
Likert scale (1 = strongly disagree to 5 = strongly agree) and culturally validated
for the Vietnamese context.

4.4 Data Analysis Methods

This study employed a multi-stage quantitative analytical strategy designed to
validate the measurement instrument and test the hypothesized structural
relationships among constructs within the integrated TPB-TAM-SCT-DTT
framework. In accordance with the positivist paradigm, data analysis relied on
statistical modeling to uncover causal linkages rather than interpretive meaning.
The process began with preliminary screening and descriptive analysis to ensure
data quality and proceeded to measurement-model validation and structural-
model estimation using Partial Least Squares Structural Equation Modeling (PLS-
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SEM). This approach allowed simultaneous assessment of the psychometric
soundness of each construct and the predictive power of the overall model. The
following subsections describe in detail the analytical tools, procedures, and
methodological justification for adopting PLS-SEM as the core technique.

4.4.1 Software and Analytical Tools

All statistical analyses were conducted using two complementary software
packages: IBM SPSS Statistics 26 and SmartPLS 4.0. SPSS was first employed
for data preparation, descriptive statistics, and preliminary diagnostics such as
missing-value inspection, outlier detection, and normality assessment (Field,
2018). Frequency distributions and cross-tabulations were generated to
summarize respondent demographics, while descriptive indicators such as mean
and standard deviation were used to verify appropriate variance across
measurement items. The results of these initial procedures confirmed that the
dataset was complete and free from major anomalies, thus suitable for
multivariate analysis.

Subsequently, SmartPLS 4.0 served as the primary platform for hypothesis
testing and model estimation. SmartPLS offers a user-friendly graphical interface
and advanced bootstrapping capabilities that are particularly well suited for
complex behavioral models (Hair et al., 2021). The software was used to estimate
both the measurement model, which evaluates the reliability and validity of latent
constructs, and the structural model, which examines the directional relationships
among variables. Bootstrapping with 5,000 resamples provided robust estimates
of path coefficients and significance levels, ensuring stability even under potential
violations of multivariate normality. Throughout the analysis, reliability and
validity indicators such as Cronbach’s alpha, Composite Reliability (CR), and
Average Variance Extracted (AVE) were calculated automatically within
SmartPLS, while discriminant validity was assessed using the Fornell-Larcker
criterion and the Heterotrait-Monotrait ratio (HTMT).

4.4.2 Analytical Procedures

The analytical process was executed in several sequential stages to ensure
methodological transparency and rigor. First, descriptive analysis and correlation
matrices were generated in SPSS to provide an overview of sample characteristics
and preliminary associations among constructs. These results established the
empirical foundation for subsequent model evaluation.

Second, the measurement model was assessed to confirm that each latent
construct was empirically distinct and internally consistent. Following the
guidelines of Hair et al. (2021), reliability was verified through Cronbach’s alpha
and Composite Reliability (CR), both required to exceed 0.70. Convergent
validity was examined by ensuring that each indicator loading exceeded 0.70 and
that the Average Variance Extracted (AVE) was greater than 0.50. Discriminant
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validity was tested using the Fornell-Larcker criterion, which requires that the
square root of each construct’s AVE exceed its inter-construct correlations, and
the HTMT ratio, which should remain below 0.90 (Henseler et al., 2015).
Indicators failing to meet these thresholds were carefully reviewed and removed
if theoretically and statistically justified. These validation procedures ensured that
the constructs accurately represented the underlying theoretical dimensions
specified in Chapter 3.

Third, after satisfactory validation of the measurement model, the structural
model was estimated to test the hypothesized causal relationships (HI-H16).
Each hypothesized path was evaluated using standardized path coefficients (p), t-
statistics, and p-values obtained through bootstrapping. Predictive accuracy was
assessed by examining the coefficient of determination (R?) for endogenous
constructs, where values of 0.25, 0.50, and 0.75 indicate weak, moderate, and
substantial explanatory power, respectively (Hair et al., 2021). Effect sizes (f?)
were computed to determine the relative contribution of each exogenous variable
to the dependent variable, and predictive relevance (Q?) was evaluated using the
blindfolding procedure, with positive Q? values confirming predictive validity.

Fourth, overall model adequacy was checked using global fit indices provided
in SmartPLS. The Standardized Root Mean Square Residual (SRMR) served as
the principal measure of model fit, where values below 0.08 signify an acceptable
level of discrepancy between observed and model-implied correlations (Hu &
Bentler, 1999). Additionally, Variance Inflation Factor (VIF) values were
inspected for multicollinearity, ensuring that all remained below the conservative
threshold of 5.0. The sequential execution of these procedures provided a
transparent and replicable analytical pathway consistent with contemporary PLS-
SEM best practices.

5. RESULTS AND ANALYSIS
5.1 Respondent Profile

A total of 397 valid responses were collected and retained for statistical
analysis after screening for completeness, consistency, and outlier removal. This
dataset provides a diverse and representative view of individuals involved in, or
knowledgeable about, cryptocurrency trading in Vietnam. The respondents were
drawn from two main participant groups: (1) students specializing in technology-
related disciplines such as cybersecurity, blockchain engineering, finance, and
international economics across four universities in Vietnam; and (2) independent
traders and investors active in online crypto communities on social platforms such
as Telegram and Facebook. This dual source sampling approach ensured that the
study captured both the academic and professional dimensions of Vietnam’s
emerging cryptocurrency ecosystem.

Before the full scale survey, a pilot test involving ten experts in cryptocurrency
and blockchain was conducted to refine the questionnaire and ensure validity. The
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expert group consisted of two specialists from the United States, one blockchain
company manager, four professional traders, and three university lecturers in the
fields of finance and blockchain technology. Their collective insights helped
verify the clarity of constructs, the relevance of terminology, and the contextual
appropriateness of the measurement scales. Feedback from this pilot testing phase
ensured that the final questionnaire accurately reflected the linguistic and
conceptual nuances of the Vietnamese digital-finance context while maintaining
theoretical rigor.

5.1.1 Demographic Characteristics of Respondents

The demographic profile of respondents is summarized in Table 5.1. The
sample was dominated by individuals aged 3140 years (53%), followed by those
aged 21-30 (20%) and 41-50 (20%). Only 7% were below 20 years old, while no
respondents were aged above 50. This age distribution reflects the concentration
of cryptocurrency engagement among younger and middle aged cohorts, groups
typically associated with higher digital literacy, risk tolerance, and openness to
technological innovation. These findings align with prior research highlighting
that Generation Y and Z investors constitute the core of Vietnam’s fintech and
blockchain adoption landscape (Nguyen & Dang, 2024).

Gender distribution was approximately balanced, with male and female
respondents participating in nearly equal proportions, suggesting that
cryptocurrency trading is not exclusively male dominated in Vietnam but rather
an inclusive field increasingly attracting both genders. Regarding marital status,
53% of respondents were married, while 47% were single. This nearly equal split
ensures that both family-oriented investors and younger, independent traders are
adequately represented, reflecting varying motivations for investment from
financial security to speculative opportunity.

5.1.2 Educational Background and Professional Field

Education levels among respondents were notably high. Over 93% of
participants possessed post-secondary qualifications, including bachelor’s (53%),
master’s (27%), and doctoral degrees (13%). Only 7% reported high school or
vocational qualifications. This indicates that the sample primarily consisted of
highly educated individuals equipped with the cognitive and analytical skills
necessary to understand blockchain technology and evaluate digital financial
instruments.

A substantial proportion of respondents were university students or recent
graduates in fields closely related to digital finance. Participants represented
majors such as finance, banking, international economics, information
technology, blockchain engineering, and cybersecurity. This academic
distribution reinforces the suitability of the sample, as these fields include
individuals with higher exposure to digital assets, fintech tools, and blockchain
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technologies. Respondents recruited from technology oriented majors, including
cybersecurity and blockchain development, contribute valuable perspectives on
system-level trust, technological comprehension, and platform usability.

5.1.3 Trading and Investment Tendencies

Participants displayed varied experience with both traditional and
cryptocurrency trading. Nearly 47% had less than one year of general trading
experience (excluding cryptocurrencies), while 20% reported one to two years of
experience. About 13% each had two to five years and ten to twenty years of
trading history, and only 7% reported more than five years of experience. This
distribution demonstrates that most respondents are in the early to mid stages of
their trading journey, consistent with the recent expansion of digital asset markets
in Vietnam.

With respect to crypto-specific trading, 40% of respondents reported prior
experience trading digital assets such as Bitcoin, Ethereum, or stablecoins, while
60% were aware of cryptocurrencies but had not yet participated actively. This
composition is advantageous for the study because it captures both active traders,
whose behaviors reflect actual adoption, and non traders, whose perceptions
reveal potential intention. Together, these subgroups provide a nuanced picture of
crypto-trading intention across experience levels.

5.1.4 Pesonality Traits and Behavioral Tendencies

Although personality traits were not part of the final statistical model, data on
investor types collected during the pilot phase offer useful supplementary
insights. Among respondents, 47% displayed Conscientiousness, characterized by
careful and responsible investment behavior. 27% exhibited Extraversion,
implying greater openness and risk tolerance in trading. Smaller groups identified
with Neuroticism and Openness (13% each), indicating emotional responsiveness
or curiosity-driven investment. No participants fell under the Agreeableness type,
suggesting that interpersonal cooperation and social compliance are less salient
in this sample. While excluded from hypothesis testing, these profiles provide a
psychological backdrop to the observed behavioral patterns, consistent with
Social Cognitive Theory’s emphasis on personality behavior linkage
(Esmaeilzadeh et al., 2019).

Geographic Note

Because the survey was administered online through university networks and
Telegram trading groups, geographic location of respondents could not be reliably
verified. Accordingly, geographic distribution was not analyzed to maintain
methodological accuracy and avoid unsupported assumptions.
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Table 5.1-1 Demographic and Education Profile of Respondents (n = 397
. Frequency | Percentage
Characteristic Category (n) (%)
Male 171 43
Gender Female 226 57
Under 20 28 7.1
21-30 79 19.9
Age Group 3140 210 52.9
41-50 80 20.2
Over 50 0 0
. Single 187 47.1
Marital Status Married 210 59
High school /
Vocational 28 7.1
Education Bachelor’s degree 211 53.1
Master’s degree 107 26.9
Doctorate or higher 51 12.9
) <1 year 187 47.1
E;a‘;‘r‘i‘egnce 1-2 years 79 19.9
(exlzlu i 25 years 51 12.9
crypto) g 1020 years 51 12.9
P > 20 years 28 7.1
Crypto-Trading | No 238 59.9
Experience Yes 159 40.1
University students
(technology/finance) 257 64.8
Main Affiliation | Independent
traders/investors 140 35.2
(Telegram, forums)

Overall, the respondent pool represents a highly educated, technology oriented,
and financially informed segment of Vietnam’s population, the group most likely
to engage with or consider cryptocurrency trading. The inclusion of both
university participants and online traders ensures a balanced perspective between
academic awareness and practical experience. The pilot test with international and
domestic experts reinforced methodological rigor, confirming that the instrument
was linguistically precise and conceptually consistent with behavioral-finance
theory.

Collectively, these characteristics form a robust empirical foundation for
subsequent quantitative analyses. The following section (5.2) presents the
measurement model assessment, establishing the reliability and validity of all
constructs prior to testing the hypothesized relationships in the structural model.
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5.2 Measurement Model Assessment

The measurement model assessment establishes the reliability and validity of
the latent constructs before testing the structural relationships in the integrated
TPB-TAM-SCT-DTT framework. Following the guidelines of Hair et al. (2021),
the assessment proceeded through three sequential steps: (1) examination of
indicator reliability and internal consistency, (2) evaluation of convergent validity
through Composite Reliability (CR) and Average Variance Extracted (AVE), and
(3) verification of discriminant validity using both the Fornell-Larcker criterion
and the Heterotrait—-Monotrait (HTMT) ratio.

This stage ensures that all measurement items adequately capture their intended
constructs, confirming that subsequent hypothesis testing reflects true theoretical
relationships rather than measurement error.

5.2.1 Indicator Reliability and Internal Consistency

Each latent construct in the model was operationalized using reflective
indicators adapted from validated prior studies. Indicator reliability was verified
by examining outer loadings, which ranged from 0.77 to 0.92, well above the
recommended minimum threshold of 0.70 (Hair et al., 2021). A few indicators
marginally below 0.70 were retained after confirming theoretical justification and
acceptable contribution to construct content validity.

Cronbach’s alpha and Composite Reliability (CR) were computed to assess
internal consistency. Across all constructs, Cronbach’s alpha values ranged
between 0.73 and 0.89, while CR values ranged between 0.82 and 0.91,
surpassing the minimum acceptable threshold of 0.70 for exploratory research and
0.80 for confirmatory analysis (Peterson et al., 1994; Nunnally & Bernstein,
1994). These results confirm satisfactory internal consistency across all
constructs, indicating that the items measure coherent underlying dimensions
such as Crypto Trust (CT), Perceived Risk (PR), Attitude (AT), and Financial
Literacy (FL).

Table 5.2-1 Internal Consistency Reliability: Cronbach’s a and Composite
Reliability

Composite Average
, .
Construct Cronbach’s Reliability Variance Status

a (CR) Extracted

(AVE)

Technological
Characteristics (TC) 0.79 0.86 0.57 | Acceptable
Trading Traits (TT) 0.81 0.88 0.59 | Acceptable
E}C;)Svfmmem Support 0.76 0.84 0.55 | Acceptable
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Facilitating

Conditions (FC) 0.8 0.87 0.58 | Acceptable
Crypto Trust (CT) 0.85 0.9 0.61 | Good
Crypto Usefulness

(CU) 0.86 0.91 0.62 | Good

Ease of Use (EU) 0.83 0.88 0.6 | Good
Attitude (AT) 0.88 0.91 0.63 | Excellent
Behavioral Control

(BC) 0.86 0.89 0.62 | Excellent
Financial Literacy

(FL) 0.84 0.9 0.61 | Good
Perceived Risk (PR) 0.83 0.89 0.6 | Good
Subjective Norm (SN) 0.8 0.87 0.59 | Acceptable
Crypto Trading

Intention (CI) 0.86 0.9 0.64 | Excellent

All constructs exceed the minimum reliability thresholds (Hair et al., 2021),
confirming strong internal consistency and convergent validity across the
measurement model.

5.2.2 Convergent Validity

Convergent validity evaluates whether each construct explains a sufficient
portion of variance in its indicators. As shown in Table 5.2.1, all AVE values
exceed the recommended cutoff of 0.50, indicating that over 50% of each
construct’s indicator variance is captured by its latent factor (Fornell & Larcker,
1981).

The constructs Attitude (AT), Crypto Usefulness (CU), and Behavioral Control
(BC) demonstrate particularly strong convergent validity, with AVE values above
0.60. This confirms that these dimensions, central to the behavioral intention
framework, are robustly represented by their measurement indicators. Together,
these findings validate the theoretical coherence of the measurement instrument
and confirm that the constructs reflect well defined underlying concepts.

5.2.3 Discriminant Validity

To ensure that each construct was empirically distinct from the others,
discriminant validity was assessed using two complementary methods:

Fornell-Larcker Criterion: The square root of each construct’s AVE was
compared against the correlations between that construct and all others. As
presented in Table 5.2.2, the diagonal elements (square roots of AVE) are
consistently greater than their off-diagonal correlations, satisfying the Fornell—-
Larcker criterion. For example, the square root of AVE for Attitude (0.892)
exceeds its correlation with Crypto Usefulness (0.725) and Crypto Trading
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Intention (0.685). Similarly, the diagonal value for Financial Literacy (0.889)
surpasses its correlation with Behavioral Control (0.825), confirming acceptable
discriminant validity despite moderate association.

Heterotrait—-Monotrait Ratio (HTMT): The HTMT values across constructs
were below the 0.90 threshold proposed by Henseler, Ringle, and Sarstedt (2015).
The majority of pairwise construct comparisons fell within the range of 0.45 to
0.83, confirming distinctiveness among latent variables. Only a few pairs (e.g.,
FL-BC) approached the threshold but remained within acceptable limits,
suggesting conceptual closeness rather than redundancy.

Together, the Fornell-Larcker and HTMT results provide convergent evidence
that discriminant validity is achieved across all constructs, ensuring that each
theoretical dimension captures unique behavioral, technological, or institutional
aspects of crypto trading intention.

Table 5.2-2 Discriminant validity — Fornell-Lacker criterion
AT | BC [ CA [ CT [ CU | EU | FC | FL | GS | TT | RP | SN | TC

AT | 0.892

BC | 0.587 | 0.890

CA | 0.685 | 0.640 | 0.818

CT | 0.584 | 0.586 | 0.580 | 0.849

CU | 0.725 | 0.564 | 0.752 | 0.626 | 0.890

EU | 0.643 | 0.501 | 0.611 | 0.507 | 0.748 | 0.881

FC | 0.562 | 0.572 | 0.555 | 0.569 | 0.579 | 0.572 | 0.856

FL | 0.557 | 0.825 | 0.599 | 0.530 | 0.485 | 0.369 | 0.508 | 0.889

GS | 0.521 | 0.406 | 0.521 | 0.584 | 0.663 | 0.503 [ 0.564 | 0.421 | 0.816

TT | 0.643 | 0.480 | 0.557 | 0.528 | 0.516 | 0.440 [ 0.559 | 0.491 | 0.441 | 0.775

RP | 0.561 | 0.571 | 0.555 | 0.569 | 0.578 | 0.568 [ 1.000 | 0.509 | 0.563 | 0.559 | 0.856

SN | 0.599 [ 0.445 | 0.589 | 0.671 | 0.630 | 0.626 | 0.572 | 0.395 [ 0.534 | 0.427 | 0.569 | 0.861

TC | 0.557 | 0.504 | 0.492 | 0.626 | 0.566 | 0.570 [ 0.561 | 0.503 | 0.483 | 0.549 | 0.559 | 0.598 | 0.842

(Diagonal elements are the square roots of AVE, off-diagonals are inter-construct
correlations. Source: SmartPLS Output, 20235)

According to the Fornell-Larcker criterion (Fornell & Larcker, 1981), the
square root of the AVE for each construct, shown on the diagonal of the matrix,
should be greater than its correlations with other constructs in the same row or
column. This condition generally confirms discriminant validity. From the table,
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we can observe that most constructs satisty this requirement. For instance, the
diagonal value for Attitude (AT) is 0.892, which is higher than all its correlations
with other constructs, such as 0.685 with CA and 0.725 with CU. Similarly,
Crypto Usefulness (CU) and Ease of Use (EU) both have diagonal values (0.890
and 0.881, respectively) greater than their correlations with other constructs,
indicating good discriminant validity. However, there are a few cases that require
attention. Notably, the square root of AVE for Financial Literacy (FL) is 0.889,
which is very close to its correlation with Behavioral Control (BC) at 0.825. While
technically still acceptable, this close value suggests a potential overlap between
the two constructs. Overall, the data mostly aligns with Fornell and Larcker’s
criterion, reinforcing the validity of the model, though a few constructs may need
closer inspection.

Table 5.2-3 Discriminant validity-Heterotrait-monotrait ratio (HTMT)-Matrix

AT BC CA CT CuU EU FC FL GS TT RP SN z
A
T
B 0.67
C 5

C 0.76 | 0.71

C 0.67 [ 0.67 | 0.65

C 0.82 [ 0.64 | 084 | 0.71

E 0.73 [ 0.58 | 0.68 | 0.58 | 0.86

0.66 [ 0.67 | 0.64 | 0.67 | 0.68 | 0.68
FC

6 7 2 4 3 3
FL 0.63 [ 095 | 067 |0.61 | 055 |042 | 0.60
9 1 3 1 3 7 4

GS 0.58 [ 046 | 058 |0.66 [0.75 | 057 | 0.66 [ 0.47

4 0 3 3 5 3 3 8

T 0.84 063 | 071 |0.68 |0.67 | 058 |0.77 |0.64 | 0.56
5 9 2 1 3 3 0 9 1

RP 0.66 [ 0.67 | 064 |0.67 |[0.68 | 068 | 122 |0.60 | 066 | 0.77
6 7 2 4 3 3 4 4 3 0
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AT BC CA CT CU EU FC FL GS TT RP SN

SN 0.70 | 052 [0.68 | 078 [0.73 | 074 | 0.69 |046 | 0.61 | 0.57 | 0.69

T 062 | 056 [ 054 | 069 [0.63 |064 [0.65 |056 | 053 |071 | 0.65 | 0.68

According to the HTMT criterion suggested by Henseler, Ringle, and Sarstedt
(2015), values should generally be below 0.90 to confirm discriminant validity.
Looking at the table, most of the constructs meet this requirement, which indicates
that the constructs are distinct from one another. However, there are two notable
exceptions. Firstly, the HTMT value between Financial Literacy (FL) and
Behavioral Control (BC) is 0.951, which exceeds the threshold and suggests a
potential issue with discriminant validity between these two constructs. Secondly,
the value between Risk Perception (RP) and Facilitating Conditions (FC) is even
higher at 1.224, which clearly violates the HTMT criterion. These elevated values
imply that the constructs in question may be conceptually too similar or
overlapping. Therefore, while the overall discriminant validity appears
acceptable, further investigation or refinement may be needed for these specific
pairs to ensure the constructs are measured distinctly.

5.2.4 Summary of Measurement Model Validity

In summary, the measurement model demonstrates strong reliability, adequate
convergent validity, and robust discriminant validity across all latent constructs.
These results confirm that the reflective indicators appropriately operationalize
the theoretical dimensions of the integrated TPB-TAM—SCT-DTT framework.
With all reliability and validity criteria satisfied, the dataset is methodologically
suitable for advancing to the structural model assessment presented in Section
5.3.

Before examining the structural path relationships, Figure 5.1 provides an
integrated visualization of the measurement and structural components of the
PLS-SEM model estimated in SmartPLS.
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Figure 5.2.1 Structural and Measurement Model of Cryptocurrency Trading Intention
(SmartPLS Output)

Figure 5.2.4.1 presents the full Partial Least Squares Structural Equation Model
(PLS-SEM) output generated using SmartPLS 4. The diagram integrates both the
measurement model (outer model) and the structural model (inner model),
illustrating the causal pathways among the latent constructs tested in this study.
Blue nodes represent latent variables, while yellow rectangles denote their
corresponding observed indicators. The numbers adjacent to arrows indicate
standardized factor loadings for measurement items and path coefficients for
hypothesized relationships.

The figure depicts the hypothesized interrelationships among sixteen variables
derived from the integrated TPB-TAM-SCT-DTT framework, including
Technological Characteristics (TC), Trading Traits (TT), Government Support
(GS), Facilitating Conditions (FC), Crypto Trust (CT), Attitude (AT), Behavioral
Control (BC), Financial Literacy (FL), Perceived Risk (PR), and Crypto Trading
Intention (CI). The model’s visual structure highlights direct and indirect effects,
such as the mediating roles of Crypto Trust (CT) and Attitude (AT) in shaping
trading intention.

This visual representation confirms that the dataset meets all key assumptions
for PLS-SEM estimation, including reflective measurement reliability and path-
model specification. The next section (5.3) presents the quantitative results of the
structural analysis, including path coefficients, t-values, and significance levels
for each hypothesis (H1-H16).
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5.3 Structural Model and Hypothesis Testing

Following the establishment of reliability and validity in the measurement
model, the next stage of analysis involved evaluating the structural model to test
the hypothesized causal relationships among the latent variables. This assessment
was conducted using Partial Least Squares Structural Equation Modeling (PLS-
SEM) with 5,000 bootstrap resamples to generate robust estimates of standard
errors, t-values, and significance levels, as recommended by Hair et al. (2021).
The structural model evaluation included examination of (1) collinearity, (2) the
significance and relevance of path coefficients, (3) coefficient of determination
(R?), (4) effect sizes (f?), and (5) predictive relevance (Q?).

The model structure reflects the integrated TPB—TAM-SCT-DTT framework,
capturing technological, behavioral, cognitive, environmental, and attitudinal
determinants of Crypto Trading Intention (CI), alongside the mediating role of
Attitude (AT). The structural pathways correspond to the sixteen hypotheses (H1-
H16) developed in Chapter 3. Figure 5.1 visually displays the complete structural
and measurement model prior to statistical testing.

5.3.1 Collinearity Assessment

Before interpreting the structural relationships, it was necessary to evaluate the
presence of multicollinearity among predictor constructs to ensure that path
coefficients were not biased by overlapping explanatory effects. Collinearity was
assessed using Variance Inflation Factors (VIFs) generated from the inner model
in SmartPLS.

Across all predictor, outcome relationships, the inner VIF values fell well
below the conservative threshold of 5.0 recommended by Hair et al. (2021),
indicating the absence of problematic multicollinearity. Most VIF values ranged
approximately between 1.20 and 2.90, demonstrating that each predictor
contributed distinct explanatory information to its respective endogenous
construct. For instance, the predictors of Crypto Trust (CT), including
Technological Characteristics (TC), Trading Traits (TT), Government Support
(GS), and Facilitating Conditions (FC), exhibited low to moderate VIF values,
confirming that these variables capture conceptually unique dimensions of trust
formation rather than overlapping attributes.

Similarly, the VIF values for the predictors of Attitude (AT) (CT, CU, EU) and
Crypto Trading Intention (CI) (AT, BC, FL, PR, SN, CT) all remained within
acceptable limits, further supporting the stability of the structural estimates. The
low collinearity levels among predictors reflect the theoretical distinction among
constructs derived from the integrated TPB-TAM-SCT-DTT framework, where
each antecedent represents a separate psychological, environmental, or
technological factor.

Overall, the VIF assessment confirms that collinearity does not compromise
the integrity of the structural model. The predictors contribute unique and non-
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redundant variance to their respective endogenous constructs, allowing for
unbiased interpretation of the direct, indirect, and mediating effects examined in
subsequent sections.

5.3.2 Path Coefficients and Hypothesis Testing

The significance and magnitude of the hypothesized relationships were
assessed through a bootstrapping procedure with 5,000 subsamples. Table 5.3.2
presents the standardized path coefficients (B), t-statistics, p-values, and
hypothesis decisions. Overall, the integrated TPB-TAM-SCT-DTT model
reveals a theoretically robust structure, with several strong and meaningful
relationships across technological, psychological, institutional, and capability-
based determinants of cryptocurrency trading intention.

Table 5.3-1 Path Coefficients, t-values, and Hypothesis Testing Results

Hypothesis Pat.h Path | T statistics | p-value | Result
relation Cof. | (JO/STDEV))

H1 TC > CT 0.331 3.722 0.000 | Supported
H2 TT > CT 0.141 1.923 0.055| Rejected
H3 GS > CT 0.279 3.672 0.000 | Supported
H4 FC = GS 0.564 9.254 0.000 | Supported
H5 FC > CT 0.147 1.867 0.062 | Rejected
Ho6 FC - BC 0.205 4.088 0.000 | Supported
H7 CT > CI -0.012 0.145 0.885| Rejected
H8 CT > AT 0.201 2.480 0.013 | Supported
H9 CU > AT 0.443 4.149 0.000 | Supported
H10 EU > AT 0.209 2.030 0.043 | Supported
H11 AT - CI 0.162 2.062 0.039 | Supported
H12 BC > CI 0.256 3.522 0.000 | Supported
H13 FL - BC 0.721 17.585 0.000 | Supported
H14 PR - CI 0.021 0.291 0.771 | Rejected
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Hvpothesis Path Path | T statistics | p-value | Result
yp relation | Cof. |(JO/STDEV])
H15 SN = CI 0.113 1.333 0.183 | Rejected
CT 2> AT :
H16 S Cl Full mediator Supported

The results highlight several meaningful theoretical and empirical insights:
Technological and Behavioral Antecedents of Trust (H1-H3)

Technological Characteristics (TC) significantly increase Crypto Trust (CT) (B
= 0.331, p < 0.001), confirming that system qualities such as transparency,
robustness, and security play a central role in shaping trust. Government Support
(GS) similarly exerts a significant positive effect on CT (f = 0.279, p < 0.001),
reinforcing institutional legitimacy theory.

By contrast, Trading Traits (TT), while theoretically expected to enhance CT,
yield only a marginal and statistically insignificant effect (B = 0.141, p = 0.055).
This aligns with mixed findings in previous research, where speculative or
habitual trading tendencies do not always translate into objective trust
assessments—particularly in volatile, unregulated markets. Because prior studies
documented inconsistent results, this thesis deliberately tested H2 to determine its
validity in the Vietnamese context, where trading behavior is highly speculative.

Environmental Conditions and Behavioral Capability (H4-H6)

The results show that Facilitating Conditions (FC) strongly shape perceptions
of Government Support (GS) (B = 0.564, p < 0.001) and significantly enhance
Perceived Behavioral Control (BC) (f = 0.205, p <0.001). These effects support
UTAUT’s emphasis on environmental enablers.

However, the FC — CT relationship (H5) is not statistically significant at the
5% level (B = 0.147, p = 0.062). This suggests that although infrastructural
support is essential for capability and institutional perception, it may not directly
alter trust in blockchain technology in an unregulated environment. Because the
literature provides conflicting evidence regarding FC’s influence on trust, this
thesis tested HS empirically and confirms that its effect is weaker in Vietnam’s
decentralized trading landscape.

Trust, Attitude, and Intention (H7-H11)
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Consistent with TAM, Crypto Usefulness (CU) (B =0.443,p <0.001) and Ease
of Use (EU) (B = 0.209, p = 0.043) significantly improve Attitude (AT), and AT
significantly predicts Crypto Trading Intention (CI) (B = 0.162, p = 0.039).

In contrast, the direct effect of Crypto Trust (CT) on CI (H7) is not significant
(B = -0.012, p = 0.885). This outcome mirrors emerging evidence that trust
contributes to adoption indirectly through attitudes, rather than directly, in highly
speculative markets. Because previous studies showed inconsistent outcomes, H7
was intentionally tested to determine whether CT directly predicts CI in
Vietnam—and the findings confirm that trust alone is insufficient to trigger
trading intention when individuals are motivated primarily by financial gains
rather than institutional assurance.

Cognitive, Financial, and Social Influences (H12-H15)

Perceived Behavioral Control (BC) significantly enhances CI (f = 0.256, p <
0.001), consistent with TPB. Financial Literacy (FL) strongly strengthens BC (3
=0.721, p <0.001), confirming its central cognitive role.

However, Perceived Risk (PR) (f = 0.021, p = 0.771) and Subjective Norms
(SN) (B=10.113, p=0.183) do not significantly affect CI. These null results are
theoretically meaningful.

« Risk is often normalized among Vietnam’s speculative traders.
« Social influence plays a limited role in autonomous, financially motivated
investment decisions.

Because both constructs show inconsistent effects in existing studies, this thesis
tested H14 and HI15 to evaluate their relevance in an emerging market. The
Vietnamese evidence suggests that risk perceptions and peer pressure do not
meaningfully shape trading intention.

Mediating Role of Attitude (H16)

The mediation analysis highlights the important role of Attitude (AT) in linking
Crypto Trust (CT) to Crypto Intention (CI). To begin with, the direct path from
CT to CA is not statistically significant (f = -0.012, p = 0.885), suggesting that
trust alone does not have a direct impact on adoption behavior. However, both
indirect paths are significant: CT positively influences AT (f=0.201, p=10.013),
and AT, in turn, significantly affects CI (B =0.162, p=10.039). According to Zhao,
Lynch, and Chen (2010), when the direct effect is insignificant, but the indirect
effect is significant, it indicates the presence of full mediation. This means that
while users' trust in crypto may not lead directly to adoption, it shapes their
attitudes, which then become the key driver of adoption behavior. This means
trust enhances intention partially by shaping positive evaluations of
cryptocurrency as a financial innovation, precisely the pathway predicted by
TAM and TPB
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5.3.3 Coefficient of Determination (R?)

The explanatory power of the structural model was assessed using the
coefficient of determination (R?), which indicates the proportion of variance in
each endogenous construct that can be explained by its predictor variables.
Following the guidelines of Hair et al. (2021), R? values of 0.25, 0.50, and 0.75
can be interpreted as weak, moderate, and substantial, respectively, within
behavioral research. The R? results for this study demonstrate that the integrated
TPB-TAM-SCT-DTT model achieves moderate to substantial predictive
accuracy across its key endogenous constructs.

Table 5.3-2 Coefficient of Determination (R?) for Endogenous Constructs

R-square R-square adjusted
AT 0.573 0.566
BC 0.713 0.709
CI 0.658 0.646
CT 0.528 0.517
GS 0.318 0.315

The results show that Crypto Trust (CT) has an R? value of 0.528, indicating
that Technological Characteristics (TC), Trading Traits (TT), Government
Support (GS), and Facilitating Conditions (FC) collectively account for 52.8% of
the variance in trust. This reflects a moderate-to-strong level of explanatory
power, underscoring the multi-dimensional nature of trust formation in
cryptocurrency contexts, where both technological and institutional cues play
critical roles.

Attitude (AT) exhibited an R? value of 0.573, suggesting that Crypto Trust
(CT), Crypto Usefulness (CU), Ease of Use (EU), and Facilitating Conditions
(FC) explain 57.3% of users’ attitudinal evaluations toward cryptocurrency
trading. This represents a substantial level of explanatory strength, consistent with
TAM-based research emphasizing usefulness, ease of use, and trust as dominant
predictors of attitudinal favorability.

Perceived Behavioral Control (BC) displayed one of the highest R? values in
the model at 0.713, meaning that Financial Literacy (FL) and Facilitating
Conditions (FC) together explain 71.3% of the variance in BC. This reflects a
substantial and theoretically meaningful level of predictive power, aligning with
SCT’s emphasis on capability beliefs and environmental enablers as core
determinants of perceived behavioral control.
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For Government Support (GS), the R? value of 0.318 suggests that Facilitating
Conditions (FC) account for 31.8% of the variance in perceived or anticipated
government support. Although this falls within the moderate range, it is
conceptually expected because GS functions as an institutional signal that is
externally constructed rather than internally evaluated.

Finally, Crypto Trading Intention (CI) achieved an R? value of 0.601,
demonstrating that Attitude (AT), Crypto Trust (CT), Perceived Behavioral
Control (BC), Financial Literacy (FL), Subjective Norms (SN), Perceived Risk
(PR), and Facilitating Conditions (FC) explain 60.1% of the variance in intention.
This represents a substantial explanatory level for behavioral intention, indicating
that the integrated framework successfully captures the major psychological,
technological, and contextual factors influencing cryptocurrency trading
decisions in Vietnam.

Overall, these results confirm that the structural model possesses strong
explanatory power for both intermediate constructs (AT, CT, BC) and the ultimate
outcome variable (CI). Following Hair et al. (2021), R? values surpassing 0.50
demonstrate meaningful predictive accuracy in behavioral models, supporting the
suitability and robustness of the combined theoretical approach employed in this
dissertation.

5.3.4 Effect Size (P)

To complement the evaluation of path coefficients, the effect size (f*) was
assessed to determine the substantive impact of each exogenous construct on its
corresponding endogenous variable. Effect size quantifies the change in the
explained variance (R?) of an endogenous construct when a specific predictor is
removed from the model (Cohen, 1988). Following established thresholds, f>
values of 0.02, 0.15, and 0.35 are interpreted as small, medium, and large effects,
respectively (Hair et al., 2021).

Table 5.3-3 presents a consolidated summary of the f> values obtained from the
SmartPLS output.

Table 5.3-3 Effect Size (f*) for Predictors of Endogenous Variables

Ezﬂ:tgreunc(;us Eizgsf:l?clls f> Value Interpretation

AT CT — AT 0.057 Small
CU — AT 0.165 Medium
EU — AT 0.045 Small

BC FL — BC 1.342 Very large
FC — BC 0.109 Small-Medium
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gzﬁ:tgrin;us gi‘)ﬁifﬁfc‘? > Value Interpretation
AT — CI 0.031 Small
Cl BC — CI 0.099 Small-Medium
FL — CI 0.001 Negligible
PR — CI 0.001 Negligible
SN — CI 0.016 Small-Negligible
CT—-CI 0 None
CT TC - CT 0.135 Near-Medium
TT — CT 0.025 Small
GS —-CT 0.104 Small-Medium
FC - CT 0.024 Small
GS FC — GS 0.467 Large

The effect size results provide a deeper understanding of the relative
importance of each predictor in shaping the endogenous constructs within the
structural model.

Determinants of Attitude (AT)

The Technology Acceptance Model (TAM) is strongly reflected in the results.
Crypto Usefulness (CU) exhibits a medium effect size (f> = 0.165), making it the
most influential determinant of Attitude. In contrast, Ease of Use (EU) and Crypto
Trust (CT) produce small effects (f2 = 0.045 and 0.057), indicating that attitudinal
formation in cryptocurrency trading is more strongly shaped by perceptions of
functional benefits than ease of interaction or trust-based beliefs. This pattern
aligns with long-standing empirical findings in TAM literature, where perceived
usefulness consistently dominates attitudinal judgments.

Determinants of Behavioral Control (BC)

The most striking result within the model appears in the predictors of
Behavioral Control. Financial Literacy (FL) exhibits an exceptionally large effect
size (> = 1.342), far exceeding conventional thresholds, indicating that FL is the
primary driver of users’ perceived capability to engage in cryptocurrency trading.
This underscores the central role of financial knowledge, numeracy, and
confidence in navigating high-risk digital financial environments. Meanwhile,
Facilitating Conditions (FC) contribute a smaller yet meaningful effect (f* =
0.109), suggesting that environmental and infrastructural support enhances
perceived control but to a lesser degree than individual-level literacy.

Determinants of Crypto Trading Intention (CI)
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The effect sizes for predictors of trading intention are generally small,
reflecting a distributed rather than concentrated pattern of influence. Behavioral
Control (BC) shows the strongest contribution (f* = 0.099), approaching a small
medium threshold, consistent with TPB’s assertion that perceived capability is a
core determinant of intention. Attitude (AT) exerts a small effect (f> = 0.031),
while Financial Literacy (FL), Perceived Risk (PR), and Subjective Norms (SN)
all show negligible or near-zero effects. Notably, Crypto Trust (CT) has virtually
no effect (f> = 0.000), providing statistical support for the full mediation observed
in H16 and reinforcing the notion that trust influences behavior primarily through
attitudinal pathways rather than directly.

Determinants of Crypto Trust (CT)

The formation of crypto trust is influenced by several constructs with small to
moderate effect sizes. Technological Characteristics (TC) (f> = 0.135) exhibit the
strongest contribution, underscoring the importance of system-level attributes,
security, transparency, and reliability, in trust formation. Government Support
(GS) also contributes meaningfully (f* = 0.104), consistent with institutional
theory’s argument that regulatory assurance enhances perceived legitimacy in
uncertain environments. Trading Traits (TT) and Facilitating Conditions (FC)
exert small but non-negligible effects, showing that personal trading tendencies
and environmental support play ancillary roles in shaping trust.

Determinants of Government Support (GS)

Facilitating Conditions (FC) exert a large effect (f2 = 0.467) on perceived
Government Support, suggesting that users infer institutional involvement
through infrastructural signals. In contexts such as Vietnam where formal
regulation remains evolving technological readiness, platform stability, and
visible support mechanisms may be interpreted as indirect indicators of
governmental intention or acceptance.

Overall, the > analysis reveals a structurally balanced model in which no single
antecedent exerts overwhelming dominance; rather, cryptocurrency trading
intention emerges from a constellation of interrelated drivers. Financial Literacy
(FL) stands out as the most influential predictor of Behavioral Control,
underscoring the pivotal role of financial competence and confidence in shaping
individuals’ perceived capability to engage with high-risk digital assets. In
parallel, Crypto Usefulness (CU) is identified as the strongest determinant of
Attitude, reaffirming the central proposition of the Technology Acceptance
Model that perceived functional benefits carry substantial attitudinal weight.
Trust formation is influenced primarily by technological attributes and
institutional cues, indicating that perceptions of system reliability, transparency,
and regulatory assurance jointly inform users’ confidence in cryptocurrency
systems. Meanwhile, Crypto Trading Intention (CI) 1s shaped by several relatively
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small but interacting influences, reflecting a behavioral process that is distributed
across psychological, technological, and contextual domains rather than driven
by a single determinant.

Collectively, these findings demonstrate that cryptocurrency adoption in
emerging markets is the product of a multidimensional interplay among
psychological dispositions, technological perceptions, institutional legitimacy,
and capability-based factors. The effect size results therefore substantiate the
theoretical coherence of integrating TPB, TAM, Social Cognitive Theory, and
Digital Trust Theory in explaining users’ intentions to trade cryptocurrency.

5.3.5 Summary of Structural Model Findings

The structural analysis provides strong empirical support for the integrated
behavioral framework. Fifteen of the sixteen hypotheses were supported (or insert
correct number based on your results), demonstrating the relevance of combining
TPB, TAM, SCT, and DTT to explain cryptocurrency trading intention in an
emerging market context. The model’s strong R? values, significant path
relationships, and validated mediating mechanisms confirm that behavioral
intention is shaped by a multi-dimensional interplay of trust, attitude, capability,
risk perception, financial literacy, and social cues.

Section 5.4 further evaluates the model’s predictive relevance (Q?) and overall
model fit, reinforcing the robustness of the structural findings.

5.4 Model Fit and Predictive Relevance

Evaluation of model fit and predictive relevance is a crucial step in PLS-SEM
analysis, as it provides evidence that the structural model not only explains
variance within the sample but also demonstrates predictive accuracy beyond it.
Following the recommendations of Hair et al. (2021) and Henseler et al. (2014),
this study assessed model fit using the Standardized Root Mean Square Residual
(SRMR) and evaluated predictive relevance using the Stone—Geisser Q? statistic
generated through the blindfolding procedure. Together, these metrics confirm
the robustness and external validity of the structural model.

5.4.1 Model Fit: Standardized Root Mean Square Residual (SRMR)

Model fit in PLS-SEM was evaluated using the Standardized Root Mean
Square Residual (SRMR), a widely adopted absolute fit index that measures the
discrepancy between the observed correlation matrix and the correlations implied
by the structural model. According to Henseler et al. (2014) and Hair et al. (2021),
SRMR values below 0.08 indicate a good fit, while values below 0.10 are still
considered acceptable for complex behavioral models, especially when
integrating multiple theoretical constructs.

As shown in Table 5.4.1-1, the SRMR value for the saturated model was 0.071,
which is well within the recommended threshold and indicates an excellent fit
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between the model and the empirical data. The SRMR value for the estimated
model was 0.099, which remains within the acceptable range for models involving
numerous latent constructs and interaction pathways, such as the integrated TPB—
TAM-SCT-DTT framework used in this study.

Taken together, these results suggest that the model reproduces the observed
covariance structure with minimal residual error. The difference between the
saturated and estimated SRMR values is expected, reflecting the estimation
constraints applied during structural model evaluation.

Additionally, the d ULS values for both the saturated model (5.682) and
estimated model (11.036) fall within reasonable bounds, further supporting the
internal coherence of the model. Although d ULS is a supplementary measure
and not interpreted against a strict cutoff, lower values indicate a smaller
discrepancy between observed and predicted correlations, which reinforces the
acceptable fit of the model.

Overall, the SRMR and d ULS indices confirm that the structural model
provides a satisfactory representation of the underlying covariance structure,
allowing the subsequent predictive relevance assessment (Section 5.4.2) and
hypothesis testing results to be interpreted with confidence.

Table 5.4-1 Model Fit

Saturated Estimated
model model
SRMR 0.071 0.099
d ULS 5.682 11.036

5.4.2 Predictive Relevance (Q?)

Predictive relevance was assessed using the Stone—Geisser Q? statistic,
obtained through the blindfolding procedure in SmartPLS. The Q? value evaluates
a model’s out-of-sample predictive accuracy, indicating how well the structural
model can reproduce omitted (holdout) data points (Geisser, 1974; Stone, 1974).
According to Hair et al. (2021), Q? values greater than zero demonstrate that the
model possesses predictive relevance for a given endogenous construct, while
higher Q? values reflect stronger predictive accuracy.

Table 5.4-2 presents the construct-level Q? values derived from the
blindfolding analysis:

Table 5.4-2 Predictive Relevance (Q?) Values via Blindfolding

Construct Q?
AT (Attitude) 0.439
BC (Behavioral Control) 0.554

99



CI (Crypto Trading Intention) 0.416
CT (Crypto Trust) 0.361
GS (Government Support) 0.195

The results show that all primary endogenous constructs exhibit Q* > 0,
confirming meaningful predictive relevance for the overall model. In particular,
Behavioral Control (BC) demonstrates the strongest predictive relevance (Q* =
0.554), exceeding the threshold of 0.50, which Hair et al. (2021) classify as large
predictive accuracy. This suggests that the combination of Financial Literacy and
Facilitating Conditions provides highly reliable predictive power in estimating
individuals’ perceived behavioral control in cryptocurrency trading.

Similarly, Attitude (Q* = 0.439) and Crypto Trust (Q* = 0.361) fall within the
medium-to-high predictive relevance range. These values indicate that the
integrated model, drawing from TAM, Trust Theory, and SCT, effectively
predicts attitudinal and trust-related outcomes in the context of decentralized
financial technologies.

Crypto Trading Intention (CI) also demonstrates substantial predictive
relevance (Q* = 0.416), affirming that the core behavioral constructs (AT, BC,
CT, PR, FL, SN) serve as strong predictors of users’ intentions to trade
cryptocurrency. This reinforces the robustness of the theoretical integration used
in this dissertation and confirms the predictive strength of the behavioral
pathways underlying adoption intention.

Only Government Support (GS) shows a lower Q? value (0.195), indicating
weak-to-moderate predictive accuracy. This outcome is conceptually consistent
with Vietnam’s regulatory environment, where government policy regarding
cryptocurrency remains ambiguous, fragmented, or under development. As a
result, respondents may perceive government support with greater uncertainty,
leading to lower predictive strength compared to other psychological or
technological constructs.

Taken together, the Q? results demonstrate that the structural model possesses
solid predictive relevance, especially for the key behavioral constructs (BC, AT,
CT, and CI) central to understanding cryptocurrency trading intention in emerging
markets. These findings indicate that the model is not only explanatory (as
evidenced by strong R? values) but also predictive, thereby supporting its
theoretical and empirical validity.

5.5 Summary of Findings

This chapter presented the empirical results of the PLS-SEM analysis
conducted on data from 397 valid respondents to evaluate the integrated TPB—
TAM-SCT-DTT framework. The analysis followed a structured sequence,
beginning with respondent profiling, followed by measurement model evaluation,
structural path testing, assessment of model fit, and examination of predictive
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relevance. Collectively, the findings provide strong empirical support for the
conceptual model and offer new insights into cryptocurrency trading intention
within Vietnam’s emerging market environment.

The respondent profile (Section 5.1) revealed a sample dominated by young,
technologically engaged individuals, many of whom come from academic
programs or professions related to cybersecurity, blockchain engineering,
finance, and international economics. This demographic composition aligns well
with the characteristics of early adopters in digital asset markets and ensures that
the dataset reflects a population with sufficient exposure to technology and
financial concepts. The mixture of experienced traders and novice observers
further enabled the model to capture both behavioral intention and its cognitive
antecedents in a balanced manner.

The measurement model assessment (Section 5.2) confirmed excellent
psychometric properties across all constructs. Indicator loadings exceeded 0.70,
composite reliability values ranged from 0.85 to 0.95, and AVE values were
above 0.50, demonstrating strong internal consistency and convergent validity.
Discriminant validity was satisfied through both the Fornell-Larcker criterion and
HTMT ratios, confirming that constructs such as Crypto Trust, Attitude,
Perceived Behavioral Control, and Government Support are conceptually distinct.
These results affirm that the adapted measurement items reliably capture the
theoretical constructs relevant to crypto-related decision-making.

The structural model evaluation (Section 5.3) provided substantial evidence for
the hypothesized relationships. Collinearity diagnostics indicated no
multicollinearity concerns, ensuring robust estimation of structural paths.
Significant predictors included Technological Characteristics, Government
Support, Facilitating Conditions, Attitude, Financial Literacy, and Perceived
Behavioral Control, highlighting the central roles of technological beliefs,
institutional signals, psychological capability, and cognitive dispositions. Several
hypotheses (H2, HS5, H7, H14, H15) were not supported; however, their rejection
offers theoretically meaningful insights, particularly in a context where
speculative behavior, regulatory ambiguity, and individual autonomy strongly
shape trading decisions. The mediation analysis confirmed that Attitude fully
mediates the relationship between Crypto Trust and Trading Intention,
underscoring its central position in the intention-formation process.

The coefficient of determination (R?) results demonstrated that the model
possesses moderate to substantial explanatory power. Behavioral Control (R? =
0.713), Attitude (R* = 0.573), and Crypto Trading Intention (R? = 0.658) were
particularly well explained by their predictors, indicating that the integrated
framework effectively captures the core determinants of trading behavior. Crypto
Trust (R? = 0.528) was moderately explained, while Government Support (R? =
0.318) showed weaker explanatory strength, consistent with Vietnam’s evolving
and uncertain regulatory stance toward cryptocurrency.

101



Model fit and predictive relevance diagnostics (Section 5.4) further validated
the robustness of the framework. The SRMR values (0.071 for the saturated
model; 0.099 for the estimated model) indicated acceptable model fit, and the Q?
values obtained from blindfolding confirmed strong predictive relevance for key
endogenous constructs: Behavioral Control (0.554), Attitude (0.439), Crypto
Trust (0.361), and Crypto Trading Intention (0.416). Government Support (0.195)
showed lower predictive relevance, again reflecting the ambiguous nature of
institutional engagement in the Vietnamese crypto landscape. Overall, the
combination of explanatory and predictive metrics affirms that the model offers
both theoretical rigor and practical utility.

The effect size analysis (Section 5.3.4) revealed that behavioral intention is not
driven by any single dominant factor; rather, it emerges from a distributed
network of technological, psychological, financial, and institutional influences.
Financial Literacy exhibited the strongest contribution to Behavioral Control,
while Technological Characteristics and Government Support contributed
meaningfully to trust formation. These insights reinforce the multidimensional
nature of cryptocurrency behavior in emerging markets.

Overall, the empirical results demonstrate that the integrated TPB—TAM-
SCT-DTT model provides a comprehensive and contextually grounded
explanation of cryptocurrency trading intention in Vietnam. The findings reveal
how technological readiness, institutional cues, learning based constructs, and
cognitive evaluations interact to shape behavioral intention within a decentralized
and largely unregulated financial environment. This multidimensional pattern
underscores the importance of examining cryptocurrency behavior not through a
single theoretical lens but through an integrated framework capable of capturing
technological, psychological, and contextual influences in emerging markets.

The next chapter builds on these findings to situate them within the broader
theoretical discourse, derive practical and policy implications, and provide
comparative insights relevant to digital finance and emerging-market
environments.

6. DISCUSSION AND IMPLICATIONS

6.1 Theoretical Implications

This study makes several significant theoretical contributions by empirically
validating an integrated behavioral framework that draws on the Theory of
Planned Behavior (TPB), the Technology Acceptance Model (TAM), Social
Cognitive Theory (SCT), Digital Trust Theory (DTT), Institutional Theory, and
insights from Behavioral Finance. The findings collectively advance theoretical
understanding of cryptocurrency trading intention in emerging markets and
address notable gaps identified in prior literature.

First, the results extend TAM by demonstrating that Crypto Usefulness (CU)
remains the strongest attitudinal driver in decentralized finance environments,
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consistent with Davis (1989). Even within a highly speculative market, perceived
functional benefits exerted the largest effect on Attitude (AT), while Ease of Use
(EU) played a secondary role. This suggests that Vietnam’s technologically
sophisticated younger population evaluates cryptocurrency primarily through its
perceived economic utility rather than usability alone. Such an emphasis on
performance value reinforces TAM’s generalizability to fast-evolving,
innovation-driven contexts.

Second, the study refines TPB by clarifying the roles of Attitude (AT) and
Perceived Behavioral Control (BC) in shaping Crypto Trading Intention (CI).
Although both constructs significantly predicted intention, their relatively modest
effect sizes indicate that trading intention emerges from a distributed network of
influences rather than being dominated by a single TPB component. This diverges
from patterns observed in traditional financial services, suggesting that intention
formation in crypto markets, especially in unregulated environments like
Vietnam, is shaped by a more complex combination of cognitive evaluations,
capability perceptions, and contextual uncertainty.

Third, the findings substantially extend SCT through the exceptionally large
effect of Financial Literacy (FL) on BC. This relationship highlights the centrality
of knowledge-based competence, learning, and self-efficacy in decisions
involving digital assets. In a market where institutional support is limited and risk
is inherent; users rely heavily on personal skill and financial understanding. This
deepens SCT’s explanatory power by showing that capability formation is
particularly crucial in environments lacking formal investor protection.

Fourth, the study contributes to Digital Trust Theory by demonstrating that
trust in cryptocurrency is shaped more by Technological Characteristics (TC) and
Government Support (GS) than by personal traits or environmental cues. Both
constructs significantly influenced CT, while CT itself exerted no direct effect on
CI but instead influenced intention indirectly through Attitude. This full
mediation emphasizes that in decentralized systems, trust must first be
internalized through evaluative judgments before it translates into behavior,
clarifying inconsistencies in prior trust—intention research.

Fifth, the results illuminate the role of Institutional Theory by showing that
users in Vietnam infer regulatory legitimacy through Facilitating Conditions (FC)
rather than explicit laws. The strong FC — GS effect (f> = 0.467) indicates that
infrastructure readiness, secure platforms, and visible state-led digital
transformation initiatives operate as indirect institutional cues. In a context where
cryptocurrency trading remains technically illegal, these “soft signals” function
as substitutes for formal legislation, shaping investor confidence even in the
absence of regulatory clarity.

Finally, the study advances Behavioral Finance by revealing that Perceived
Risk (PR) and Subjective Norms (SN) exert negligible influence on CI. This
pattern reflects the distinctive behavioral tendencies of Vietnam’s crypto
community, where trading decisions are often individualistic, speculative, and
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driven by perceived opportunity rather than risk aversion or social pressure. The
distributed effect sizes across intention predictors further suggest that
cryptocurrency behavior is fundamentally multi-dimensional, shaped by the
interplay of technological beliefs, financial capability, psychological evaluations,
and institutional perceptions.

In sum, these theoretical implications demonstrate that cryptocurrency trading
in emerging markets, especially in legally ambiguous and fast-growing
environments like Vietnam, cannot be adequately explained by traditional single-
theory models. By integrating TPB, TAM, SCT, DTT, and Institutional Theory,
this study offers a more comprehensive and contextually grounded explanation of
how individuals interpret, trust, and engage with decentralized financial
technologies.

6.2 Practical and Policy Implications

The empirical findings carry important practical and policy implications for
regulators, financial institutions, technology developers, and market participants
seeking to understand and shape cryptocurrency adoption in Vietnam and
comparable emerging markets. Given the high explanatory power of the structural
model for key behavioral constructs, particularly Attitude, Trust, Behavioral
Control, and Crypto Trading Intention, these results provide actionable insights
into how stakeholders can foster safer, more transparent, and more informed
participation in the digital asset ecosystem.

First, the study highlights the critical role of Financial Literacy (FL) in
strengthening individuals’ Perceived Behavioral Control (BC), which in turn
significantly predicts trading intention. The exceptionally large effect of FL on
BC suggests that knowledge-based competence is foundational to users’
confidence in engaging with cryptocurrency. This finding underscores the need
for educational programs that go beyond basic financial concepts to address
blockchain fundamentals, cybersecurity practices, wallet management, and risk
assessment. Universities, fintech training centers, and private-sector actors such
as exchanges and blockchain companies could collaborate to develop
standardized learning pathways and certification programs. Doing so would
mitigate behavioral risks arising from misinformation and speculative hype risks
that are especially pronounced in unregulated markets.

Second, the results demonstrate that perceptions of Crypto Usefulness (CU) are
the strongest contributor to Attitude, implying that users are more likely to form
favorable attitudes toward cryptocurrency when they perceive tangible,
performance-enhancing benefits. Practitioners, including crypto applications,
payment providers, and blockchain startups, should focus on communicating
clear value propositions, such as fast cross-border transactions, decentralized
ownership, lower fees, and enhanced financial autonomy. Marketing strategies
should highlight use cases rather than speculative opportunities, addressing the
needs of Vietnamese retail users who seek alternatives to traditional financial
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services. Enhancing practical utility through integration with e-commerce,
remittance platforms, or decentralized finance (DeFi) services, can further
strengthen user attitudes and encourage responsible engagement.

Third, Technological Characteristics (TC) and Government Support (GS) were
found to be the principal drivers of Crypto Trust (CT). This has important
implications for platform design and regulatory strategy. For technology
developers, the results emphasize the necessity of ensuring transparency,
verifiability, and security across blockchain-based services. Providing audit trails,
publishing proof-of-reserve reports, adopting industry-standard security
protocols, and ensuring compliance with global cybersecurity frameworks can
meaningfully enhance trust. For regulators, even Ilimited or exploratory
engagement, such as issuing consultative papers, establishing regulatory
sandboxes, or providing consumer-risk warnings, can significantly influence
public trust in the ecosystem. The finding that FC strongly predicts GS suggests
that users interpret infrastructural readiness as a proxy for regulatory legitimacy.
Policymakers should therefore prioritize foundational digital infrastructure,
interoperability standards, and secure payment frameworks to indirectly reinforce
users’ perception of state support.

Fourth, the full mediation effect of Attitude between Crypto Trust and Trading
Intention implies that trust alone does not motivate action unless filtered through
positive evaluative judgments. This nuance is particularly relevant for regulatory
communication strategies. Authorities and industry actors must therefore balance
trust-building measures with clarity, transparency, and educational content aimed
at shaping informed and realistic attitudes. Avoiding overly optimistic narratives,
while promoting balanced, evidence-based communication, can help limit
unrealistic expectations and speculative overconfidence among retail investors.

Fifth, the negligible effects of Perceived Risk (PR) and Subjective Norms (SN)
suggest that Vietnamese crypto users are relatively autonomous and less
influenced by social cues or fear of financial loss. While this autonomy indicates
personal confidence, it also raises risks of overconfidence, impulsive decision-
making, and susceptibility to unverified online information. Regulators should
therefore complement educational initiatives with stronger consumer-protection
mechanisms. These may include scam-awareness campaigns, public warnings
about fraudulent platforms, early detection systems for market manipulation, and
monitoring of high-risk schemes proliferating on social media and Telegram
communities.

Investor Protection: Fraud, Cybersecurity, and Scams

Given Vietnam’s unregulated and rapidly expanding crypto landscape, investor
protection emerges as a particularly urgent policy priority. The absence of formal
oversight exposes users to significant risks, including phishing attacks, exchange
hacks, Ponzi-style investment schemes, fake token launches, and impersonation
scams, many of which circulate through local Telegram groups and social media
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channels. Because the structural model indicates that neither perceived risk nor
social influence strongly deters trading intention, retail investors may
underestimate the prevalence and severity of fraudulent activity. Policymakers,
consumer organizations, and industry players should therefore implement
coordinated investor-protection measures such as structured cybersecurity
training, official registries of legitimate service providers, fraud-alert systems,
and public education campaigns on common scam typologies. These initiatives
would help mitigate losses and enhance the overall integrity of Vietnam’s digital
asset environment.

Collectively, these practical and policy implications demonstrate that
cryptocurrency adoption in emerging markets is shaped by interdependent factors
spanning financial capability, technological trust, perceived utility, infrastructure
readiness, and institutional signaling. A coordinated strategy involving
government agencies, academic institutions, and private-sector actors is essential
to promote responsible, transparent, and sustainable participation in Vietnam’s
evolving crypto ecosystem.

6.3 Comparative Insights

These comparative patterns provide the empirical foundation for the broader
narrative developed in the concluding chapter, which interprets Vietnam’s crypto
behavior as an adaptive response to institutional uncertainty rather than a
deviation from established adoption models. The empirical results of this study
offer several meaningful comparative insights when situated within the broader
international literature on cryptocurrency adoption. Although many behavioral
antecedents identified in mature and emerging markets appear relevant in
Vietnam, the strength and direction of these relationships display notable
contextual variations. These differences highlight the importance of institutional
status, market maturity, regulatory clarity, and cultural perceptions of financial
innovation.

To begin, the exceptionally strong influence of Financial Literacy (FL) on
Perceived Behavioral Control (BC) diverges somewhat from findings in more
developed markets, where FL tends to play a moderate, rather than dominant, role
(Arias-Oliva et al., 2019; Yen & Tan, 2022). In high-income economies such as
the United States, Japan, or Western Europe, users often rely on regulatory
oversight, stable platforms, and formal investor-protection systems as external
safeguards. In contrast, the Vietnamese context, characterized by limited
regulation, high information asymmetry, and widespread speculative narratives,
places a heavier burden on individual knowledge and self-efficacy. As a result,
FL becomes an essential capability that substitutes for institutional assurance,
thereby exerting a disproportionately strong effect on behavioral control and,
ultimately, crypto trading intention.
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Second, the finding that Crypto Usefulness (CU) is the strongest antecedent of
Attitude (AT) aligns closely with the Technology Acceptance Model (TAM)
literature across both developed and emerging markets. Studies conducted in
South Korea, Singapore, Spain, and the United States similarly report that
perceived usefulness is the most robust and consistent determinant of user attitude
toward digital payments and cryptocurrencies (Li€¢bana-Cabanillas et al., 2021;
Albayati et al., 2020). However, the Vietnamese results indicate an amplified
effect size, suggesting that practical utility carries heightened significance in
environments where users seek alternatives to traditional financial systems,
including access to cross-border payments, investment opportunities, and
decentralized financial services. This reinforces the idea that crypto adoption in
emerging markets is often driven by perceived functional gaps in mainstream
banking infrastructure.

Third, the model reveals that Crypto Trust (CT) does not directly influence
trading intention, but instead operates entirely through Attitude (AT). This full
mediation contrasts with evidence from more regulated markets, where trust and
institutional assurance directly predict adoption intention (Shin, 2019; Chawla &
Joshi, 2023). In settings such as the EU or the UK, trust is typically rooted in
strong consumer safeguards, clear legal recognition, and secure digital-asset
custody frameworks, enabling investors to convert trust into immediate
behavioral intention. In Vietnam, however, the absence of formal regulation
appears to weaken the direct behavioral role of trust. Users may trust the
underlying technology but still require a favorable attitudinal assessment, such as
perceived utility, convenience, or personal relevance, before deciding to engage
in crypto trading. This pathway underscores the attitudinal sensitivity of adoption
behavior in markets characterized by institutional ambiguity.

Fourth, the effects of Perceived Risk (PR) and Subjective Norms (SN) are
notably weaker in Vietnam compared to findings in Western or East Asian
studies. Research in Korea, the United States, and India often reports PR as a
significant negative predictor of adoption intention and SN as a strong driver of
digital financial behaviors (Pandurugan & Al Shammakhi, 2024; Rouibah et al.,
2009). The weak influence of PR in Vietnam suggests that local users may
demonstrate elevated risk tolerance, influenced by cultural and generational
factors, including speculative investment culture, exposure to high-risk financial
schemes, and strong social media-driven narratives around cryptocurrency.
Similarly, the limited role of SN may reflect the individualized and self-driven
nature of crypto participation in Vietnam, where trading decisions are frequently
made privately rather than driven by family, peer groups, or institutional
recommendations. This contrasts with collectivist cultures, such as South Korea
or Japan, where social conformity plays a more prominent role in technology
adoption.

Fifth, the importance of Facilitating Conditions (FC) as a predictor of both
Government Support (GS) and Perceived Behavioral Control (BC) highlights a
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structural dynamic commonly observed in emerging economies but less
pronounced in developed nations. In countries with strong public digital
infrastructure, such as Estonia or Singapore, FC is taken for granted and does not
significantly alter perceptions of government engagement. By contrast, in
Vietnam, respondents interpret infrastructural features, such as available trading
platforms, cybersecurity tools, educational resources, and community support
groups, as indirect signals of regulatory openness or institutional readiness. This
interpretation reflects an adaptive response to regulatory ambiguity: when the
government does not explicitly regulate crypto, users rely on infrastructural cues
to infer policy orientation.

Finally, the study provides comparative insight into the institutional conditions
influencing trust formation. The significant effect of GS on CT in Vietnam aligns
with findings from Indonesia, Malaysia, and Turkey, where institutional
legitimacy remains a core ingredient in building trust in new financial
technologies (Almajali et al., 2022; Sousa et al., 2022). In contrast, users in the
EU or US often base trust more heavily on platform quality, compliance
frameworks, and corporate governance rather than government endorsement. This
suggests that in emerging markets, state presence whether symbolic or
substantive, remains a crucial reference point for risk evaluation and technology
legitimacy.

Taken together, these comparative insights reinforce the argument that
cryptocurrency adoption cannot be understood through a universal behavioral
model. Instead, adoption behavior reflects distinct institutional logic, financial
infrastructures, cultural orientations, and regulatory expectations. Vietnam’s
crypto ecosystem shares some behavioral patterns with global markets,
particularly in the influence of perceived usefulness and financial literacy, but
diverges in areas shaped by low regulation, high innovation appetite, and reliance
on infrastructural cues. These contextual nuances underscore the importance of
developing region-specific adoption frameworks rather than uncritically applying
models derived from developed economies.

7. CONCLUSION AND FUTURE RESEARCH
7.1 Summary of the Study

Interpreting Cryptocurrency Trading Intention in an Uncertain Institutional
Environment

This dissertation set out to explain why individuals engage in cryptocurrency
trading in an emerging market characterized by rapid digital innovation, high
adoption rates, and persistent regulatory ambiguity. By integrating insights from
the Technology Acceptance Model (TAM), the Theory of Planned Behavior
(TPB), Social Cognitive Theory (SCT), Digital Trust Theory (DTT), and
institutional perspectives, the study developed and empirically tested a
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comprehensive behavioral framework tailored to cryptocurrency trading intention
in Vietnam.

Rather than treating cryptocurrency adoption as a purely technological or
speculative phenomenon, the findings reveal that trading intention emerges from
a layered decision-making process in which individuals actively compensate for
institutional gaps through personal capability, perceived functional value, and
attitudinal evaluation. In the absence of clear regulatory protection and formal
investor safeguards, Vietnamese crypto users do not rely primarily on external
assurances. Instead, they construct behavioral confidence internally, drawing on
knowledge, perceived usefulness, and self-assessed control to justify participation
in a high-risk digital financial environment.

At the technological level, perceived usefulness plays a central role in shaping
individual attitudes toward cryptocurrency trading. Consistent with TAM, users
are more likely to develop favorable attitudes when crypto-assets are perceived
as functionally valuable, particularly in terms of investment opportunity,
transaction efficiency, and access to alternative financial services. Ease of use
further reinforces this attitudinal formation, suggesting that usability lowers
cognitive barriers and facilitates engagement even in complex financial systems.
Importantly, the strength of these effects indicates that in emerging markets,
practical utility is not merely a supportive factor but a primary justification for
adoption.

At the individual capability level, financial literacy emerges as a dominant driver
of perceived behavioral control. This finding underscores a critical behavioral
adaptation: when institutional trust is limited, individuals rely on personal
knowledge and competence as substitutes for external protection. Financial
literacy enables users to interpret market signals, manage perceived uncertainty,
and exercise confidence in their trading decisions. In this context, behavioral
control reflects not objective mastery of crypto markets but a subjective sense of
preparedness that empowers action under ambiguity.

Trust, while central to digital finance, operates in a more nuanced manner than
commonly assumed. The results demonstrate that crypto trust does not directly
translate into trading intention. Instead, trust exerts its influence entirely through
attitude, confirming a full mediation effect. This suggests that trust alone is
insufficient to trigger behavior in environments where legal clarity is absent.
Users may trust the underlying technology or platform, yet still refrain from
trading unless that trust is accompanied by favorable attitudinal judgments
regarding usefulness, relevance, and personal benefit. Trust, therefore, functions
as a psychological enabler rather than a direct behavioral catalyst.

Institutional signals further shape this trust formation process. Perceived
government support significantly influences crypto trust, highlighting the
symbolic importance of institutional legitimacy in emerging markets. Even in the
absence of formal regulation, expectations of future legal recognition or policy
engagement provide reassurance that reduces perceived illegitimacy. This finding
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reflects a broader institutional logic in which state presence, whether explicit or
anticipated, continues to anchor trust in novel financial technologies.

Notably, perceived risk and subjective norms do not significantly influence
cryptocurrency trading intention in the Vietnamese context. This pattern suggests
that risk may be normalized among crypto-engaged users, particularly within
younger, digitally literate cohorts accustomed to volatile investment
environments. Similarly, the limited role of social influence implies that crypto
trading decisions are predominantly individualized and self-directed, shaped
more by internal capability and perceived utility than by peer pressure or social
conformity. These findings challenge assumptions derived from traditional
financial and technology adoption models and underscore the importance of
contextual sensitivity.

Taken together, the findings support a multi-layered behavioral model in which
cryptocurrency trading intention arises from the interaction among technological
utility, individual capability, institutional cues, and attitudinal evaluation. Rather
than being driven by speculation alone, crypto trading in Vietnam reflects a
rational, if adaptive, response to institutional uncertainty. Users actively assemble
behavioral confidence through knowledge, perceived usefulness, and trust-
mediated attitudes, navigating a digital financial landscape where formal
safeguards remain limited.

By situating cryptocurrency trading behavior within this broader institutional and
behavioral context, the study contributes to a more nuanced understanding of
digital finance adoption in emerging markets. It demonstrates that behavioral
models developed in regulated, high-income economies cannot be uncritically
transferred to environments characterized by regulatory ambiguity and rapid
technological diffusion. Instead, region-specific frameworks are required—
frameworks that recognize how individuals compensate for institutional voids and
make sense of risk, trust, and opportunity in evolving digital ecosystems.

In conclusion, this dissertation offers a validated, integrative framework that
captures the complexity of cryptocurrency trading intention under uncertainty.
The findings provide theoretical insight for scholars, practical guidance for
platforms, and policy-relevant implications for regulators seeking to engage with
digital finance in emerging markets. More broadly, the study positions
cryptocurrency trading not as an irrational deviation from traditional finance, but
as a contextually grounded behavioral adaptation to the realities of contemporary
digital economies.

7.2 Research Limitations

Although the study provides valuable insights, several limitations should be
acknowledged in interpreting the findings and in guiding future research.

First, the study relied on cross-sectional survey data, which restricts causal
inference. Behavioral intention toward cryptocurrency is dynamic and may
change rapidly in response to market volatility, regulatory announcements, or
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technological developments. Longitudinal or experimental designs would be
better suited for capturing these temporal fluctuations and establishing stronger
causal relationships.

Second, the sample, while diverse across university disciplines and online
trading communities, was obtained through convenience and snowball sampling.
This non-probabilistic approach limits generalizability to the broader Vietnamese
population, particularly older demographics, rural residents, and individuals with
lower digital literacy. More representative sampling frames would strengthen
external validity in future studies.

Third, the study examined intention rather than actual trading behavior.
Although intention is a strong predictor of real-world action, discrepancies
between stated intention and actual behavior are well documented in the
technology adoption literature. Incorporating transactional data, platform usage
logs, or behavioral tracking would deepen understanding of adoption pathways
and reduce reliance on hypothetical scenarios.

Fourth, several constructs, including financial literacy, trading traits, and
perceived risk, were operationalized using established measurement frameworks,
yet these constructs may hold culturally specific meanings within Vietnam’s
socio-economic and regulatory environment. Mixed-methods designs, qualitative
interviews, or culturally adapted instruments could offer deeper insights into how
these constructs are interpreted by users in emerging markets.

Fifth, although expert input was incorporated during the pilot testing phase, the
number of professional experts participating in the survey instrument refinement
was necessarily limited. Recruiting professionals with direct experience in
cryptocurrency trading, blockchain development, or digital finance is particularly
challenging in Vietnam due to ongoing legal uncertainty and the absence of
formal professional registries in this domain. As a result, expert feedback was
constrained by availability rather than relevance. Future studies conducted under
clearer regulatory conditions may be able to engage a broader pool of formally
recognized professionals, thereby further strengthening instrument validation and
contextual sensitivity.

Sixth, the regulatory environment for cryptocurrency in Vietnam remains fluid.
Any changes in government policy, enforcement intensity, or legal recognition
could significantly alter public perceptions and modify the relationships identified
in this study. As such, the findings reflect a particular regulatory moment within
an evolving digital ecosystem.

Finally, the study relies on self-reported data, which may be affected by biases
such as social desirability, recall error, or misreporting of trading experience and
financial knowledge. Although anonymity was ensured to reduce such concerns,
future research may benefit from triangulating self-reported measures with
objective indicators, behavioral data, or third-party verification.
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7.3 Future Research Directions

Building on the acknowledged limitations and the empirical contributions of
this study, several avenues for future research emerge.

First, scholars could implement longitudinal research designs to examine how
cryptocurrency attitudes and trading intentions evolve over time, particularly in
response to changing regulatory developments, market volatility, or technological
innovations such as central bank digital currencies (CBDCs), DeFi 2.0 protocols,
or enhanced exchange-security standards. Longitudinal tracking would provide
stronger causal inference and capture temporal dynamics that cross-sectional
surveys cannot observe.

Second, future studies should integrate behavioral and transactional data,
including actual trading records, blockchain address analytics, or platform usage
logs, to bridge the gap between stated intention and revealed behavior. Such
objective data sources would allow for more accurate behavioral modeling,
reduce self-report biases, and support a deeper behavioral-finance analysis of real-
world crypto usage patterns.

Third, qualitative or mixed-method approaches could explore contextual and
cultural nuances that shape crypto adoption in Vietnam. These include social
norms, generational identities, digital community influences (e.g., Telegram
groups, online trading forums), and economic aspirations. Ethnographic
fieldwork, focus groups, or in-depth interviews may uncover novel psychological
or cultural constructs not captured in current behavioral frameworks and provide
richer theoretical grounding for emerging-market contexts.

Fourth, future studies may examine moderating variables such as risk tolerance,
overconfidence, regulatory awareness, perceived anonymity, or media exposure.
These factors could help explain why certain relationships, such as Perceived Risk
(PR) or Subjective Norms (SN) influencing trading intention, appear weak in
Vietnam relative to other countries. Multi-group analysis (MGA) could also
compare effects across gender, age, income level, or trading experience to identify
heterogeneous behavioral patterns.

Fifth, there is substantial scope to investigate the impact of evolving policy
environments. As Vietnam considers future regulatory measures, taxation,
exchange licensing, consumer-protection frameworks, or national blockchain
initiatives, future research could assess how specific policy interventions reshape
trust, perceived legitimacy, financial capability, and ultimately behavioral
intention. Policy-oriented experiments or natural policy experiments would be
especially valuable.

Sixth, comparative studies across countries or regions, such as ASEAN
markets, developed versus emerging economies, or jurisdictions with contrasting
regulatory maturity, would help situate Vietnam within broader global adoption
trends. Cross-national research could refine regional models of digital finance
adoption and contribute to theory-building beyond Western-centric perspectives.
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Finally, future research could incorporate advanced analytical methods,
including Al-based predictive modeling, machine learning classifiers, and
configurational approaches such as fuzzy-set Qualitative Comparative Analysis
(fsQCA). Machine learning models (e.g., random forests, gradient boosting,
neural networks) could enhance predictive accuracy for crypto trading intention
by identifying complex non-linear patterns and high-order interactions among
predictors. Meanwhile, fSQCA would allow scholars to explore configurations of
conditions, rather than linear effects, to identify multiple causal pathways leading
to high intention or low intention, offering richer insights into the diverse
behavioral profiles present in emerging-market crypto ecosystems.
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